Zﬂ turnitin Page 1 of 62 - Cover Page

Nitya -
Nitya- 155

E Major Research Project 2026
Major Research Project - DSM

=
€ National Institute of Technology Delhi

Document Details

Submission ID

trn:oid:::1:3578533702

Submission Date

May 25, 2026, 1:53 PM GMT+5:30

Download Date

May 25, 2026, 1:58 PM GMT+5:30

File Name

Nitya_MRP_Report_2_1_.docx

File Size

3.7 MB

z"j turnltln Page 1 of 62 - Cover Page

58 Pages

14,508 Words

Submission ID trn:oid:::1:3578533702

76,888 Characters

Submission ID trn:oid:::1:3578533702



7 turnitin

4% Overall Similarity

The combined total of all matches, including overlapping sources, for each database.

Match Groups

Page 2 of 62 - Integrity Overview

. 22 Not Cited or Quoted 3%

Matches with neither in-text citation nor quotation marks

%9 1 Missing Quotations 0%

Matches that are still very similar to source material

“

7 turnitin

3 Missing Citation 1%
Matches that have quotation marks, but no in-text citation

0 Cited and Quoted 0%
Matches with in-text citation present, but no quotation marks

Page 2 of 62 - Integrity Overview

Top Sources

4%
3%
0%

@ Internet sources
R Publications

2 Submitted works (Student Papers)

Submission ID trn:oid:::1:3578533702

Submission ID trn:oid:::1:3578533702



z"j turnitin Page 3 of 62 - Integrity Overview

Match Groups

. 22 Not Cited or Quoted 3%

Matches with neither in-text citation nor quotation marks

89 1 Missing Quotations 0%

Matches that are still very similar to source material

3 Missing Citation 1%

Matches that have quotation marks, but no in-text citation

“

0 Cited and Quoted 0%

Matches with in-text citation present, but no quotation marks

Top Sources

Top Sources

4%
3%
0%

@ Internet sources

BE Publications

Submitted works (Student Papers)

The sources with the highest number of matches within the submission. Overlapping sources will not be displayed.

o Internet

hrcak.srce.hr

Internet

www.coursehero.com

Internet

docs.google.com

Internet

ricerca.unich.it

o Internet

dspace.dtu.ac.in:8080

° Internet

www.koreascience.kr

Internet

www.diva-portal.org

° Internet

pt.scribd.com

° Internet

ouci.dntb.gov.ua

o Internet

www.bartleby.com

zr'j turnit"’] Page 3 of 62 - Integrity Overview

<1%

<1%

<1%

<1%

<1%

<1%

<1%

<1%

<1%

<1%

Submission ID trn:oid:::1:3578533702

Submission ID trn:oid:::1:3578533702


https://hrcak.srce.hr/en/clanak/405507
https://www.coursehero.com/file/p16aaffh/most-of-the-time-they-have-formed-an-impression-about-the-product-by-now-However/
https://docs.google.com/forms/d/e/1FAIpQLSeyLQ8A-CUEHSUrPtemCD6K1NTe2absIGfQ1qy2V9j6v4sxBQ/viewform?usp=sf_link
https://ricerca.unich.it/retrieve/e4233f19-185b-2860-e053-6605fe0a460a/10-1108_JCM-08-2019-3367.pdf
http://dspace.dtu.ac.in:8080/jspui/bitstream/repository/20253/1/Yash%20Saini%20DMBA.pdf
http://www.koreascience.kr/article/JAKO202113157690184.do
http://www.diva-portal.org/smash/get/diva2:1110848/FULLTEXT01.pdf
https://pt.scribd.com/document/434746850/i
https://ouci.dntb.gov.ua/works/98WKQnql/
https://www.bartleby.com/docs/management/22400520

zﬂ turnitin Page 4 of 62 - Integrity Overview

Internet

idea.uwosh.edu
Internet
core.ac.uk

Internet

link.springer.com

a Internet

www.dspace.dtu.ac.in:8080

o Internet

brightideas.houstontx.gov

o Internet

thinkindiaquarterly.org

Internet

www.mrrm.com.hk

ZI'j turnit'n Page 4 of 62 - Integrity Overview

<1%

<1%

<1%

<1%

<1%

<1%

<1%

Submission ID trn:oid:::1:3578533702

Submission ID trn:oid:::1:3578533702


http://idea.uwosh.edu/wcgprojects/forms/webster/survey.php
https://core.ac.uk/download/482129813.pdf
https://link.springer.com/chapter/10.1007%2F978-3-319-12424-7_7
http://www.dspace.dtu.ac.in:8080/jspui/bitstream/repository/19507/1/Pankul%20Sood%20MBA.pdf
https://brightideas.houstontx.gov/ideas/compute-the-first-partial-derivatives-of-the-function-gxy-xy-22qa
https://thinkindiaquarterly.org/index.php/think-india/article/download/9014/4866/
https://www.mrrm.com.hk/i/?p=1735

Z"-.I turnltln Page 5 of 62 - Integrity Submission Submission ID  trn:oid:::1:3578533702

Project Dissertation Report On

A STUDY ON EFFECT OF ONLINE REVIEWS &
RATINGS ON BUYING DECISIONS

Submitted By
Nitya

24/DMBA/155

- 6 Under the Guidance of

Dr. Mohit Beniwal

Assistant Professor

DELHI SCHOOL OF MANAGEMENT

Delhi Technological University

Bawana Road Delhi 110042

1

Z'l—.l turnltln Page 5 of 62 - Integrity Submission Submission ID  trn:oid:::1:3578533702



Z"-.I turnltln Page 6 of 62 - Integrity Submission Submission ID  trn:oid:::1:3578533702

CERTIFICATE

On record, Nitya, bearing roll number 24/DMBA/155, completed submission of a major
research project titled " A study effect of online reviews and ratings on buying
decisions." The work counts toward meeting part of the conditions needed for the

- e MBA degree. Offered by Delhi'School of Management at Delhi Technological

University in DelhiiAcademic year covered runs from 2025 to 2026.

- e Dr. Mohit Beniwal
Assistant Professor

Delhi School of Management
Delhi Technological University

2

Z'l—.l turnltln Page 6 of 62 - Integrity Submission Submission ID  trn:oid:::1:3578533702



z"-.l turnltln Page 7 of 62 - Integrity Submission Submission ID  trn:oid:::1:3578533702

DECLARATION

- @ I, Nitya, student of the MBA Program, at Délhi'Sehool of Management, Delhi Technological

University, Delhi hereby declare that the major research projectititled “A study on'effect of
online reviews and ratings on buying decisions” submitted to Delhi Technological
University is my original work and This project accurately reflects the research and analysis
conducted by me in fulfilment of the requirements for the MBA program.. I conducted all the

research and analysed all the data for this report.

I certify that all references and citations for any outside sources used followed the rules and
were done so correctly. I declare that I have not submitted this report for review in any other
course or programme, and that I am aware of the consequences of providing incorrect

information in school.

Regarding the authenticity and reliability of the information contained in this project, I assume

full responsibility.

Signature: Date:

Nitya

24/DMBA/155

3

Z'l—.l turnltln Page 7 of 62 - Integrity Submission Submission ID  trn:oid:::1:3578533702



Z"-.I turnltln Page 8 of 62 - Integrity Submission Submission ID  trn:oid:::1:3578533702

ACKNOWLEDGEMENT

Gratitude fills me when I think back on the chance to acknowledge those who helped shape
my work. Their advice stood out, clear and steady, throughout the journey of finishing a big
piece of research. That project looked closely at how online reviews and ratings sway what
people choose to buy. Without their support, reaching the finish line would have taken far
longer. Each conversation added something real, something useful. The path forward became
clearer because of them. Names go unmentioned here, yet the impact remains strong.
Institutions opened doors quietly, without fuss. Guidance came not in grand gestures but
small, consistent moments. This effort reflects more than just one person's labor. It stands on
shared insight, offered freely. Moments of doubt gave way to clarity thanks to timely words.

Completing it felt like closing a long chapter. Now comes this quiet moment of recognition.

Right off the bat, huge thanks go to my advisor, Dr. Mohit Beniwal - her steady direction
made a real difference during this study. Instead of just stepping back, she stayed involved,
sharing sharp insights whenever needed. Because of her approach, digging into how online
feedback shapes what people buy became clearer. Not only did she offer advice, but also kept
pushing when things slowed down. Through it all, her way of working quietly shaped how I
looked at each step. Even small comments from her often led to bigger understanding later
on. In the end, much of what clicked came from those consistent check-ins and honest input.

Without that kind of presence, this whole effort might have drifted far off track.

Grateful, yes, because Delhi School of Management at DTU gave space - room to think,
work, explore. Its steady push for deep study and clear thinking shaped my path without
fanfare. Noticing that drive day after day lit something quiet inside. A place like this doesn’t

shout; it simply stands firm, doing what matters.

Grateful feels right, given how folks showed up with honest answers. Time they gave
mattered - each minute fed into what we now know. Without them talking openly, none of
this clarity would exist. The work stands tall because people chose to share. Real progress

came through those conversations.

4

Z'l—.l turnltln Page 8 of 62 - Integrity Submission Submission ID  trn:oid:::1:3578533702



zﬂ turnitin Page 9 of 62 - Integrity Submission

Submission ID trn:oid:::1:3578533702

Looking back, gratitude goes straight to those closest - friends, family - for showing up

without fail during every phase of this work. Belief from them became fuel when momentum

lagged behind effort.
With warm regards,

Nitya
24/DMBA/155
.@ Delhi School of Management
Delhi Technological University (DTU)

zr'j turn|t|n Page 9 of 62 - Integrity Submission

5

Submission ID trn:oid:::1:3578533702



Zl'-_l turnitin Page 10 of 62 - Integrity Submission

»O

TABLE OF CONTENTS

CERTIFICATE ii
DECLARATION iii
ACKNOWLEDGEMENT iv
TABLE OF CONTENTS v

ABSTRACT 1

INTRODUCTION 2

1.1 Introduction to Marketing2

1.2 Understanding the Consumer Decision-Making Process2
1.3 Role of online reviews in modern marketing3

1.4 Significance of ratings in online shopping4

1.5 Online reviews and Consumer trust5

1.6 Factors influencing the effect of reviews and ratings6

1.7 Need for the study?7

1.8 Aim of the Study8

1.9 Scope of the Study9

1.10 Limitations9

LITERATURE REVIEW 10

METHODOLOGY17
3.1 Research Designl8
3.2 Data Collection20
3.3 Sampling Method22
3.4 Limitations25

DATA ANALYSIS27

Z"j turn|t|n Page 10 of 62 - Integrity Submission

Submission ID trn:oid:::1:3578533702

6

Submission ID trn:oid:::1:3578533702



z"-.l turnltln Page 11 of 62 - Integrity Submission Submission ID  trn:oid:::1:3578533702

FINDINGS AND SUGGESTIONS40
CONCLUSION47
REFERENCESS0

APPENDIX -

7

z'l—.l turnltln Page 11 of 62 - Integrity Submission Submission ID  trn:oid:::1:3578533702



Z"-.I turnltln Page 12 of 62 - Integrity Submission Submission ID  trn:oid:::1:3578533702

ABSTRACT

Most people now check what others say about items before clicking buy. Because shoppers
can’t touch or test things themselves online, they look at star scores instead. Feedback left by
past buyers acts like a hint about whether something works well. Sometimes a single comment
changes someone’s mind completely. Trust grows when multiple voices describe similar
results. A person might ignore perfect scores if nobody explains why. Oddly enough, low
ratings with clear details feel more honest than glowing ones. The way comments are worded
matters just as much as the number next to them. Past purchases guide future choices more

than ads do. Digital footprints left by strangers quietly steer decisions every day.

This study uses a descriptive method, relying on firsthand information gathered via a carefully
designed survey. Most shoppers look at reviews prior to buying, focusing not only on star
scores but also on how many people have written feedback. Trust grows when the comments
are thorough, come from confirmed buyers, or were posted recently. Hesitation creeps in when
unfavourable opinions appear, sometimes causing buyers to pause or rethink what they plan to

buy. What matters tends to shift depending on how fresh or specific those negative remarks

feel.

Surprisingly, people feel less unsure when they see what others say about items online. A solid
rating helps them weigh options across different choices. Confidence grows stronger once
shoppers spot plenty of good comments. High scores pull attention more easily than unknown
or low-rated picks. When few voices speak up - or worse, negative ones pile on - doubt creeps

in fast. What customers write themselves now steers how others decide to buy.

Nowhere is the shift more clear than in how people choose what to buy. Reviews once played
a background role but now sit at the heart of choices made online. What happens next often
depends on what others have said before. E-shops must keep feedback real by inviting honest
opinions without pushing false praise. Openness matters because buyers notice when details
are hidden or tweaked. Trust grows slowly yet breaks fast if something feels off. Sales tend to

follow where credibility leads, even if quietly.

1

Z'l—.l turnltln Page 12 of 62 - Integrity Submission Submission ID  trn:oid:::1:3578533702



Z"-.I turnltln Page 13 of 62 - Integrity Submission Submission ID  trn:oid:::1:3578533702

CHAPTER 1 - INTRODUCTION

1.1 Introduction to Marketing

What keeps businesses alive often comes down to how well they reach people. Instead of just
pushing items, effort goes into spotting what folks truly want. Products take shape once those
wants become clear. Sharing why something matters happens through messages that stick.
Over time, trust grows when communication stays consistent. Outcomes shift quietly - attention
builds, choices lean one way, decisions follow. Value appears on both sides when the fit feels
right. Competition makes these steps even more critical now. Awareness does not happen by

accident anymore.

Back then, companies leaned heavily on print ads, face-to-face pitches, because people trusted
what they saw locally. Things shifted once internet shopping took off, since more folks began
spending time clicking around instead of walking into stores. Now buyers pause first, checking
details on screens, sizing up options across different sites or mobile tools while reading
comments left by strangers who bought earlier. Suddenly, what shows up in searches matters
just as much as the product itself, given how opinions shared freely online shape decisions

quietly but deeply.

Nowadays people look at online feedback before choosing what to buy, simply because that is
how they navigate today's internet shops. Without seeing or touching items first, shoppers lean
on strangers’ stories just to feel more sure about their picks. These comments and scores slowly

build a sense of safety, almost like a friend quietly nodding approval from behind a screen.
1.2 Understanding the Consumer Decision-Making Process

Something clicks when a person realizes a gap in their daily routine, sparking a quiet search.
Online spaces flood with details, making choices harder despite access to everything. Rather
than grab the first option, folks linger, comparing feedback, costs, or company history - clues
that feel reliable. When too many paths exist, quick signals guide moves toward purchase.

Today’s confidence can fade by next week, but tiny hints cut through clutter, offering direction.

Looking around at what strangers wrote often comes before clicking buy. A quick peek at those

little ratings tells right away if smiles followed. Actual moments shared show if gears kept

2
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working, delivery showed up early, or corners got smashed in transit. Spotting those details
makes the fog thinner. Picking gets simpler after learning who already walked through the

door.

Picking something new usually means checking several choices first. A solid score paired with
positive comments makes most people lean toward it. If numbers slip or feedback sours,
hesitation shows up fast - even clever pricing might not help then. Voices of strangers matter
now, sometimes louder than slogans on boxes. Belief grows slower, built by real notes posted

after unboxing, not by bold statements.
1.3 The Role of Online Reviews in Modern Marketing

Most people write online reviews once they’ve tried something. Sometimes good, sometimes
bad - these thoughts pop up right after someone buys or uses a thing. Real talk about how it
worked shows up: was it slow to arrive, hard to open, worth the price? One person’s rant might
help another decide faster. Brands say nice things, sure - but folks trust strangers who actually

used the item. That raw take feels less polished, somehow closer to truth.

Nowadays, what people say about products online shapes how others see them. Because of
this, opinions shared by buyers carry real weight. When feedback is good, it builds confidence,
lifts reputation, makes items look better, yet pushes interest without force. Bad comments do
the opposite - they plant uncertainty while slowing down decisions. A single message might
ripple through choices made later. So brands pay close attention to what gets written, since

silence speaks too.

Most folks leave reviews because they want to share real experiences. When someone praises
a feature, it shows companies what's working. On the flip side, complaints highlight weak spots
needing change. This kind of insight lets teams adjust how things are made or delivered.
Shoppers reading these notes often avoid bad buys. Firms that pay attention learn what people
actually expect. Over time, honest opinions shape better offerings. Both sides gain when

thoughts are shared openly.
1.4 Significance of Ratings in Online Shopping

Most people glance at them without thinking twice. Stars, numbers, or bars appear next to items

like quiet signals from past shoppers. These marks hint at whether someone liked what they

3
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bought. When screens fill up with similar choices, those little indicators cut through the noise.
A few dots on a scale can speed things along. Decisions come quicker when others have already

judged something. Seeing that score changes how long you pause before clicking.

Most people feel better about a product when they see top scores right away. That kind of signal
often means others liked it, nudging newcomers to take it seriously. When marks are poor,
hesitation creeps in - price or looks won’t always fix that gap. What stands out here is how
much those numbers steer decisions, pushing someone toward checkout or straight to

something else.

What stands out is how scores link closely with detailed feedback. Though comments dig into
why someone liked or disliked something, the star count gives a fast snapshot up front. People
tend to rely on the pair when deciding about a purchase. When heaps of users rate an item, it
gains quiet trust simply by being tried widely, nothing flashy - just common experience adding

weight.

Most people glance at star scores before clicking through. A higher score tends to pull eyes
faster than any description ever could. Because of how sites rank items, well-rated things show
up more often. Shoppers compare these quickly, skipping past lower ones without a second
thought. Satisfied buyers leave marks that quietly shape what others see later. How customers
feel after buying matters far beyond one transaction. Attention builds where feedback is clear

and positive. What shows up first isn’t always best - just rated better.
1.5 Online Reviews and Consumer Trust

Most people need trust when buying things through the internet. Physical shops let you hold
items - online ones simply won’t offer that chance. Without seeing or trying anything firsthand,
shoppers turn elsewhere for reassurance. Instead of testing goods themselves, they lean on what
others have said. Written feedback steps into the gap left by missing hands-on checks. That

shared insight cuts down hesitation before clicking buy.

Most people believe reviews that sound real. Real experiences shared in full tend to win
confidence. Actual buyers leave marks others pay attention to. Those notes carry weight when
they show what worked - also where things fell short. Short praise without depth feels empty.

Honest words, even critical ones, build stronger faith. Trust grows quietly when feedback

4
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seems unscripted. Shoppers lean toward choices backed by such voices. Genuine tones shift

decisions without force.

Still, if ratings look made up, too similar, over the top, or rigged, people start to question them.
When that happens, shoppers might hesitate or skip buying completely. Truthful opinions
matter because they shape how much someone believes what they read. Companies need real

feedback to grow steady trust with those who buy from them.
1.6 Factors Influencing the Effect of Reviews and Ratings

Most people check how others feel about a product before deciding to buy. Not just one opinion
matters - patterns across many matter more. Trust grows when feedback sounds real, written
by someone like them. What counts is not simply how many say it's good, but whether the
words ring true. Relevance shifts things too - one person’s concern might mean little to another.
Hidden behind stars and comments lies what really shapes choices: honest voices that match

personal expectations.

Most people check how many reviews a product has before deciding. When plenty of buyers
have left comments, it feels like safer bet simply because so many others tried it first. Even
solid scores can seem shaky if hardly anyone took the time to write. Confidence grows when
there’s enough voices sharing their experience - more opinions tend to reveal what an item

really does over time.

What stands out next is how the mood of feedback shapes opinions. Good remarks tend to build
confidence, nudging people toward buying. On the flip side, critical notes can spark doubt -
though not everyone reacts the same way. A handful of poor ratings might slide by unnoticed
when most voices are upbeat. Yet for some shoppers, just one complaint rings loud like an
alarm. It depends who's reading, really - each person weighs words based on their own comfort

with risk.

Someone’s reputation matters when they leave a review. Those coming from confirmed
purchasers, especially ones packed with clear examples, tend to carry more weight compared
to brief, fuzzy, or copycat remarks. Honest reactions feel trustworthy because they show both

good and bad sides found through actual use. When something sounds made up or too eager to

5
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praise, doubt creeps in instead of confidence. Realness shapes whether people see feedback as

useful or just noise.

Now think about how fresh a review is. Lately written ones tend to matter more since they
show what things are like right now - the item's shape, how the seller acts, whether shipping
works smoothly. Past opinions can lend some insight, yet truthfully might miss today’s reality
by a mile. Folks lean toward newer notes when checking out stuff known to shift - year after

year - in build, look, or box it comes in.

Besides all this, what kind of item it is shapes how people rely on reviews and scores. When it
comes to big-ticket things - like gadgets, kitchen machines, or pricey gear - shoppers tend to
study comments closely since getting it wrong could cost a lot. With cheaper stuff or regular
purchases, folks often go by star marks instead of diving into long write-ups. So the weight

people give to digital opinions shifts based on what they’re actually buying.

One thing shapes how people choose what to buy - price, how a brand feels, special offers,
what a product does, past moments using it. For some, star scores or written feedback shift
their mind completely; others barely notice them. When someone walks into a store or clicks
online, they gather bits from everywhere first. Only then do they pick. So even though
comments and grades carry weight, they never act alone - they join many voices in the

background.
1.7 Need for the Study

Shopping online now moves fast. People once touched items themselves. They asked workers
questions face to face. Decisions came from what felt right back then. But screens keep hands
away. So trust shifts elsewhere - toward words typed by strangers. Descriptions pop up first.
Numbers show quality at a glance. Past buyers leave thoughts behind like footprints. Those
traces guide new choices more than ads ever do. Stars fill gaps left by empty shelves. Opinions

stack until they shape minds. Ratings whisper louder when silence surrounds the product.

Shopping online fills so many routines today it feels odd to imagine life without it. Clothes,
gadgets, food, cleaning supplies - almost everything moves through digital carts now. Too
much choice though, too much detail, leads straight into uncertainty when picking what to buy.

Past buyers step in here - their thoughts on quality, their notes about shipping delays or pleasant

6
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surprises. These voices build trust where ads fail and promises feel empty. What people notice
before clicking pay matters more than ever because noise drowns out clarity. Seeing how

shoppers weigh those comments shapes better views of modern spending habits.

Right now, how people shop looks nothing like it did before. Back then, flashy ads or a known
name swayed most choices. Yet these days, regular users’ words hold heavier weight than
anything a business writes itself. When others rate something highly, it feels safer to click buy
- no matter the campaign budget. But one scathing review can stall interest fast, even with
celebrity endorsements nearby. So it turns out star counts and comments aren’t just noise

anymore - they shape choices from start to finish.

Trust shapes how people shop online, because buyers can’t touch items before clicking buy.
Instead, they watch for hints - things like clear feedback from real customers or solid star scores
- that lower worry and make spending easier. Confidence grows when comments seem honest,
even if short, while sketchy or angry ones spark second thoughts. What one shopper says
quietly influences another’s choice more than expected. Seeing these patterns shows why some
hesitate at checkout, others move fast - and how crowd voices guide digital moves behind

screens.

Looking at things through a business lens adds value too. Online vendors see shifts in visibility,
public perception, and revenue based on what shoppers write. When feedback builds up
positively, it pulls in interest and fosters confidence among potential buyers. On the flip side,
ongoing criticism chips away at reliability and weakens standing over time. Knowing how
people react to comments left online becomes key for maintaining control over digital
impressions. Insights here offer firms ways to refine approaches that boost buyer contentment,

support honest opinions, and deepen faith in their offerings.

On top of that, the research matters since digital spaces rely heavily on data and user feedback
these days. People often glance at star ratings first, skipping straight into specs later. Sometimes
an item gets passed over solely due to poor marks, despite fitting what someone wants. That
means scores shape not just buying choices but how products appear in searches and get
weighed against rivals. Seeing how numbers steer decisions helps those building sites,
promoting brands, or running shops connect better with buyers. Grasping this effect supports

smarter moves in reaching people and moving goods.

7
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This study matters in academia, since it deepens insight into how people act when shopping
digitally. Because social proof plays a part, along with content made by users and overall online
standing, these factors shift how purchases happen. As choices consumers make online keep
changing fast, work like this stays relevant. When we look closely, certain habits start showing
up - habits tied to what gets bought and why. From that, clearer ideas emerge around how

feedback and scores influence today’s market moves.

This research matters simply because it looks at something happening right now - how people
react to stars and comments posted online. Because of what it uncovers, we see clearer how
trust grows or fades when buyers read feedback before choosing. When customers weigh
options on screens, those little ratings shift their choices more than expected. What shows up
in the results could quietly reshape how stores position products online. Some brands might
rethink messaging after seeing how thoughts spread through user opinions. Shoppers
themselves may start noticing patterns they never paid attention to before. Since digital

behavior keeps shifting, having data like this becomes less background noise and more signal.

1.8 Aim of the Study:

The main aim of this study is to examine the effect of online reviews and ratings on buying

decisions.

1.8.1 Objectives of the Study

1. To study how frequently consumers read online reviews before making a purchase.
To analyse the importance of star ratings in online buying decisions.
To understand the role of review credibility in influencing consumer trust.

To examine whether online reviews increase or decrease purchase intention.

A I S

To identify the extent to which online reviews and ratings affect final product selection.

1.9 Scope of the Study:

Looking only at online shopping, this work examines what people do when choosing items
through websites. Instead of broad habits, it zeroes in on how scores and comments shape
choices for various goods on multiple sites. Shoppers who rely on written opinions before

clicking buy form the core of this look into digital spending patterns.

8
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Surprisingly, looking into how people see brands online shows a clear link between feedback
and buying choices. Because of user reviews, shoppers often decide what feels trustworthy or
worth comparing. Even so, relying only on answers from surveys might miss differences across

places or product types.
1.10 Limitations:

One thing to keep in mind is that this research comes with some boundaries affecting how we
see the outcomes. The answers came only from a specific group of buyers, meaning what
they say might miss what others who shop online think. It shifts - how people buy often ties

closely to their age, earnings, schooling, even routine choices around purchasing.

Later on, people filling out the forms might remember things wrong or let their opinions
shape answers. Not everyone paid full attention when replying - some saw the questions

another way entirely.

Now think about how folks pick what to buy. Online opinions matter, sure, yet they share
space with other things on someone’s mind. Price tags steer decisions just as much as what
others say online. A familiar name can pull weight too, sometimes more than a glowing
review. Past encounters with items shape future picks in quiet ways. Special deals? They
often tip the scale when doubt lingers. Quality talks loud even if ratings stay silent. So
viewing feedback alone misses the full picture unfolding behind each click. One piece fits

into a larger puzzle guiding hands toward checkout.

Though limited, what emerges here shows clearly how customer ratings shape choices people

make while shopping online.
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CHAPTER 2 - LITERATURE REVIEW

2.1 According to early Western marketing thought, as outlined by Cyert (1956),
marketing practices were already evolving into strategic tools focused on consumer

perception and behavioural influence.

These days, how people decide what to buy online isn’t shaped by companies alone. Long ago,
businesses controlled most messages using TV ads or printed pages. Now things work
differently. Power has moved away from big brands toward everyday shoppers. What someone
writes after buying something can shape how others see it. Feedback posted online acts less
like an opinion, more like guidance between customers. Companies once led the conversation.

Today they follow it. Reviews aren’t just results - they’re part of the message itself.

Out there, the big flaw hides in plain sight - storytelling slips away. Once upon a time,
companies shaped what people saw, step by careful step. Now? Customers grab that story mid-
air, twist it, reshare it. Meaning spreads beyond boardrooms, outside planned scripts. What
counts lands where intent ends. One person’s idea of luxury could collapse when real stories
highlight breakable parts or slow support. Terrifying? Maybe, for teams used to tight
messaging. Yet that chaos gives buyers something polished ads never can. Suddenly, there’s
no curtain between rollout and reality. What shows up in homes lands without filters, shaped
by experience rather than slogans. Surprise often lives inside the gap between pitch and

practice.

Looking at things differently helps explain why messages land better when they match
someone’s life situation - like what bothers them, where they’re from, or what they need right
now - not just what the brand hoped to say. Instead of focusing on ads, people pay attention
when someone like them shares real experiences using something day to day. Picture a tired
mom venting about a gadget - that voice hits harder with another overwhelmed caregiver than
any slick slogan ever could. It turns basic items into answers that feel made for one person
alone. That shift - from vague object to personal fix - is often enough to tip the scale toward

purchase.

What drives people to leave so many reviews? These vast waves of opinions - filled with stars
or written words - often burst out right after someone uses a product. Feelings pour straight
into text, raw and fresh. Not long ago, buying something meant focusing on its function alone.

Now, Fisher and Smith found most shoppers care less about the object and more about how it
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looks, what it says about them, who notices. Shared reactions feed this shift, turning every
purchase into a moment seen by others. Most people now live online, so buying things shows
who they are. Reviews shape culture more than before; posting a glowing five-star note with
personal pictures proves taste and choice, whereas slamming a product with one star shouts

fairness through screens. A purchase does more than fill a need - it speaks.

Spending hours crafting, organizing, and posting reviews isn’t just busywork - Gehl (2014)
says it’s emotional energy poured into showing who you are. That effort doesn’t vanish;
instead, someone reading those words begins to feel sure about what they’re seeing. Picture
one person after another giving up free time just to confirm something works - suddenly buying
it feels far less uncertain. Because so many voices add up, hesitation fades without needing any

promises.

Looking at company image today means paying close attention to online conversations in real
time. Not just glowing feedback but also sharp complaints show exactly how people link
confidence and dependability to a name. Through steady observation of such shared views,
businesses start uncovering the core word patterns - those deep mental links and terms - that
define their presence in buyers’ thoughts (Marden, 2002). Since web activity generates
countless tiny stories every day, current marketing teams see comment areas as rich sources of
large-scale behavioural data. Hidden clues live between the lines of customer reviews. By
reading emotions and word patterns, firms spot unmet needs before they become complaints.
Words people choose reveal what truly matters to them. Spotting these shifts helps shape better
versions of products. When teams listen closely, changes make sense without guessing. Real

feedback guides real updates. What customers say becomes how companies respond.

- ° 2.2 Hennig-Thurau, T., Gwinner, K. P., Walsh, G., & Gremler, D. D. (2004) "Electronic

word-of-mouth via consumer-opinion platforms: What motivates consumers to articulate

themselves on the Internet?", Journal of Interactive Marketing, Vol. 18 Issue: 1.

Back in 2004, Hennig-Thurau and team laid down a key way to see how word spreading shifted

- from face-to-face chats to posts online. Before, when someone didn’t like something, they’d

tell just a few people during lunch or while walking through town - no lasting echo. But then
came websites where anyone could rate or review, turning quiet grumbles into loud, never-
disappearing statements viewable by millions. That shift changed everything - not overnight,

but steadily, like roots cracking pavement. Opinions once lost in air now stick around, traveling
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far beyond where they started. What used to fade fast became persistent, reshaping how things
sell simply because one voice could spark dozens more. Their work shows it wasn't just new

tools - it was a whole new rhythm in how approval or anger spreads.

Looking at why people write online reviews helps explain what shoppers do next. Scientists
found different reasons folks share thoughts on the web - reasons that shape how seriously
others take those words. Some post because they crave connection with others. Others respond
out of frustration, letting emotions spill into ratings. A few get paid to comment, while some
simply want to guide fellow buyers toward good products or praise great service. For someone
scanning these comments, knowing what drives each voice matters deeply. Hidden intentions
color perception without most realizing it. A thorough, fair-sounding message often hints at
goodwill beneath. That sense of honesty closes a quiet gap in confidence. Suddenly, cash
changes hands based on advice from someone never met - a distant helper trusted like an honest

friend.

Most of the time, one person in a deal holds more details than the other. Sellers see every flaw.
Buyers often just get polished descriptions. Now picture this: shoppers fight back by reading
real reactions posted online. Not long ago, decisions came down to pretty boxes and slick
slogans. Then things changed. Reviews built up slowly, like layers, turning into something
powerful - a shared memory across strangers. Just think - one click shows whether those
sneakers fit tight, or that phone dies fast, or staff at a resort actually care. With so much real
feedback around, guessing feels less scary. Less fear means fewer delays before clicking buy.

That hesitation shrinks fast when proof piles up.

Even though using online reviews to shape what people think sounds exciting for those who
sell things, experts see a harsh truth today: nothing disappears. When someone posts feedback,
it sticks around forever. An old one-star comment from ages back might still scare customers
now. Because shoppers check ratings before buying, selling isn’t only about introducing

something new. It’s also about staying involved in an ongoing talk everyone can see.

In the end, this research shows how online comments change the way markets work. Big ad
spending alone won’t win customers anymore. When a firm pours money into ads leading to a
product site, yet the first few customer ratings there scream disappointment, shoppers stop right
then. Those opinions become the unyielding checkpoint before any sale happens. So grasping

how digital word-of-mouth operates isn’t merely something scholars ponder - it’s what decides
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if businesses live or fade in today’s online shopping world, shaping every choice to buy or walk

away.

2.3 Chevalier, J. A., & Mayzlin, D. (2006) "The Effect of Word of Mouth on Sales:

Online Book Reviews', Journal of Marketing Research, Vol. 43 Issue: 3

This study examines the way that online ratings act as quantifiable units of market
transmission—and how this direct feedback loop impacts actual financial performance.
According to this empirical perspective, brands and products become living entities that emerge
through replication (sales), adaptation (updates based on feedback), and survival in a highly
competitive digital market. In the same way that natural selection dictates survival, products
with highly visible, positive review metrics complete the process of market dominance, while

those with poor ratings perish.

While traditional brand theory credits sales success to pricing strategy and advanced brand
management, Chevalier and Mayzlin's research proposes otherwise: success is heavily
dependent on the extent to which a product's online feedback adapts to its environment and
influences the buyer's perceived risk. The study found a direct, causal relationship between an
improvement in a product’s average star rating and an increase in relative sales. Furthermore,
the process of "negativity bias" is employed by consumers. Alteration of a product's image
through a 1-star review severely dilutes its appeal, having a disproportionately larger negative
impact on sales than a 5-star review has a positive impact. Above all, the customers themselves
are privy to this transparent rating process and become active agents in either driving or halting

the sales momentum of a business.

2.4 Mudambi, S. M., & Schuff, D. (2010) "What Makes a Helpful Online Review? A Study

of Customer Reviews on Amazon.com", MIS Quarterly, Vol. 34 Issue: 1.

When shopping online became common, people faced a fresh challenge. Too many opinions
filled screens, making choices harder. Back in 2010, Mudambi and Schuff looked into what
makes some reviews stand out. Their work focused on why shoppers find certain comments
more useful than others. Instead of treating every opinion the same, buyers began relying on
clues within each message. Websites such as Amazon added ways for users to mark helpful
notes. That act of clicking shifted power toward collective judgment. Through votes, crowds

shaped which voices got heard most clearly. What mattered then wasn’t just star ratings but
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how something was written. Details like clarity, tone, or specifics caught attention differently.
These small features influenced whether someone clicked "helpful." Behind that click lay
hidden patterns shaping real-world purchases. A single phrase could tip decisions without

shouting its importance. Ultimately, it’s not volume that sways choice - quiet signals do.

One key part of this study involves sorting items into two separate types based on how people
judge them: things you can assess ahead of time, and things you must try first. Items like
computers or phones fall into the first group - shoppers check details such as specs and features
long before buying. The second kind includes things like books, outfits, or overnight stays at
hotels - value here depends heavily on personal taste and shows up only once used. What
Mudambi and Schuff noticed was a sharp shift in what shoppers expect from reviews, shaped
entirely by which type they’re looking at. When it comes to gadgets, readers want clear data,
numbers, explanations - anything that backs up performance promises. Picture how someone
feels after using something they bought - that matters most when the product is about
experience. Not every review works the same way; emotions shape what people trust. See why

lumping all feedback together fails - what convinces one person might miss another entirely.

Something odd shows up when looking at star ratings. Most would think top marks mean trust.
Yet here it turns out perfect scores - either very high or very low - are seen as suspicious.
Readers tend to doubt those voices right away. They feel such comments come from rage or
obsession. Sometimes they suspect bots wrote them. Middle-ground feedback gets more
respect surprisingly. Three or four stars stand out as believable. These entries usually mix good
points with real drawbacks. Balance wins quiet approval. Truth feels rare online, yet here it
shows up. A review that admits flaws while noting strengths somehow rings truer. It skips the
usual hype, lands differently. When limits appear beside perks, suspicion fades faster. The mind

relaxes, decisions speed up. Honest gaps make room for belief.

Long reviews tend to be seen as more useful, especially when shopping online. Because one
person writes many words about how something works, others trust it more. Picture someone
spending time explaining every part of a gadget - suddenly you skip the hard work yourself.
Information gaps favour those who document thoroughly. A single thorough voice replaces
scattered searches. Details shared become tools others borrow quietly. Lengthy feedback fills

spaces where facts are missing.

14

Z'l—.l turnltln Page 25 of 62 - Integrity Submission Submission ID  trn:oid:::1:3578533702



Z"-.I turnltln Page 26 of 62 - Integrity Submission Submission ID  trn:oid:::1:3578533702

Looking at things differently, this study changes how companies think about online buyer
paths. A purchase does not hinge just on overall star scores but leans strongly on which reviews
an algorithm marks as useful. Since shopping sites place these chosen comments first, they act
more like main selling points than background noise. So attention needs moving away from
gathering five-star feedback toward encouraging real, thoughtful stories from buyers - detailed
ones that show both pros and cons. The work by Mudambi and Schuff shows clearly: trust

comes through honest detail, and that honesty turns interest into actual buys.

”» e 2.5 Zhu and Zhang (2010), Impact of Online Consumer Reviews on Sales: The

Moderating Role of Product and Consumer Characteristics

Looking into what shapes buying choices online, Zhu and Zhang explored how customer
feedback sways sales. When shoppers face items they know little about or can’t test ahead of
time, those written opinions carry extra weight. Instead of guessing, people lean on what others
say when uncertainty is high. Depending on who the buyer is - and how familiar they are with
a product - that influence shifts noticeably. Some trust reviews deeply, while others barely
notice them, shaped by their past experience. What stands out is how much impact depends not

just on the review itself but on the person reading it.

First-time shoppers often feel unsure, yet feedback from others helps clear that fog - especially
when trying something unfamiliar. Products you must use to understand benefit most from
shared opinions. Without prior experience, people lean on these accounts to measure worth and
performance. The insight matters here since it shows review influence shifts depending on who
reads them and what they buy. Context changes everything; trust builds differently across

choices.
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CHAPTER 3 - RESEARCH METHODOLOGY

Starting off, a research plan lays out step by step how a study moves from first idea to final
answer. This structure spells out what the study aims to do, while showing which methods fit
best to reach those goals. At its core, it explains exactly how data gets collected - alongside
how results get examined - to tackle the main question at hand: how customer choices today
hinge on things like online comments, rating scores, and public opinions shared digitally. Since
reactions online change fast, picking the right setup means thinking carefully about when and
how evidence is gathered plus how insights follow afterward. Because of this, the method stays
focused on what matters most to the question at hand, yet keeps the workflow strong and steady.
It sidesteps skewed results by sticking close to trustworthy information, built so facts hold up
under scrutiny. Built into its core, the structure gives weight to logic when studying real-world
company challenges. Without it, careful analysis would lack direction - like a compass without

north.

Earlier pages covered past studies carefully, looking into how buyer confidence changed over
time alongside mental patterns shaping choices online. Digging through piles of scholarly
work, models like crowd influence and digital recommendations plus modern web promotion
ideas gave clear background on what comes next here. Spotting today’s business shifts while
grasping how trust builds digitally helped shape the exact tools, methods, and factors used now.
This step tied abstract selling notions directly to hands-on number gathering without skipping

links.

This part lays out exactly how the research was done, step by step. Right from the start, clarity
guides every choice made here. A clear plan shapes the way questions get answered throughout
the work. How things were measured comes next - each term pinned down plainly. Because
method matters, reasons back up who was included and why. The number of people involved
wasn’t picked at random; there’s thinking behind it. Tools like online surveys helped gather
responses in an organized way. Each instrument had a role, built to capture real reactions from
participants. From idea to evidence, links form between goals and what actually got recorded.
Data didn’t appear out of thin air - it followed structure from the beginning. Behind conclusions
stand choices laid bare in this section. Not everything happens at once, but sequence counts
when building findings. What results rest upon gets shown clearly right here. Decisions about

process shape what numbers later reveal. No guesswork hides in how information came
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together. By following a set path, theory becomes something you can test. Every move ties

back to getting usable answers from actual input.
3.1 Research Design

Research design refers to the systematic, rational, and highly structured master plan developed
to direct a research study from its initial questioning phase to its final conclusions. It involves
the rigorous application of scientific inquiry in pursuit of knowledge, with the ultimate goal of
not just acquiring raw data, but organizing that data in a way that confirms, challenges, or
expands upon existing theories about social and market phenomena. In the context of this
specific study, the research design dictates exactly how we will capture the fleeting, often
subconscious psychological triggers that occur when a consumer interacts with a product

review or a star rating online.

The selection of a specific research design is never arbitrary; it relies heavily on the character
of the problem being investigated, as well as the practical realities of data collection and
analysis modes. In market research, designs are broadly classified into exploratory and
conclusive types. Within the conclusive category, methodologies further branch into
causal/experimental and descriptive techniques. Following are comprehensive descriptions of
these prominent types of research design, alongside an explanation of how they apply to our

study of digital consumer trust:
3.1.1 Exploratory Research Design

Start here: exploratory work kicks off when questions feel too wide to pin down. When
confusion lingers, researchers pause first - they need early clues before guessing outcomes.
From there, old studies quietly give hints, along with numbers pulled from live systems or
published summaries caught at one moment. These pieces help sketch how things actually

behave behind surface noise.

Out here, early ideas took shape just to grasp what e-commerce reviews are becoming - fast,
messy, always changing. Not one shopper got questioned until someone looked closely at how
sites such as Amazon or Flipkart handle user replies - think badges like "Verified Purchase" or

thumbs-up features labeled "Helpful." Peering into existing reports and where things stand now
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wasn’t optional - it shaped which details mattered most. Because of that digging, the questions

later shown to people hit right on target, matching today’s real online shopping habits.
3.1.2 Definitive Research Design

Starting out, exploratory work gives background. Yet when it comes to clear outcomes, only
definitive methods deliver solid results. This subject leans hard into that approach - answers
matter more than guesses. Since today’s marketing leaders need usable insights, the method
has to be tight and focused. Clarity up front shapes everything: goals, data needs, how questions

are built - all set before any fieldwork starts.

Outcomes from this work aim at one narrow goal - measuring how much trust shoppers really
give to customer reviews compared to company ads. Because it relies on numbers, the approach
uses surveys and stats to check whether ideas hold up when tested. Starting with broad
assumptions, like “bad ratings push people away,” the process then looks for proof through
real-world responses. Instead of exploring loosely, it tests clear predictions using hard data.
One example might show three out of every four buyers leaving a site after spotting a poor
rating. From idea to evidence, the method follows a straight path guided by what the figures

reveal.
3.1.3 Descriptive Research Design

Descriptive research designs are utilized when the goal is to paint an accurate, detailed picture
of a specific market environment or consumer group. The study is made to be highly focused
and intentional. An explicitly stated problem—such as determining exactly how negative
reviews impact the buying intent of specific age demographics—must precede vigorous

attempts at descriptive research.

This design provides empirical answers to the critical questions of who, what, when, where,
and how consumers interact with online feedback. For example: Who reads the most reviews?
When during the buying journey do they read them? How many stars does a product need to be
considered trustworthy? Because this project relies heavily on surveying a specific
population to categorize and describe their current digital shopping habits, Descriptive

Research Design serves as the primary and most critical framework for this study. It
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allows us to take raw survey data and translate it into a readable narrative about the modern

digital shopper.
3.1.4 Causal Research Design

The primary aim of a causal research design is to formulate strict cause-and-effect
relationships. It most commonly appears in the form of a controlled experiment. In marketing
studies, the aim is to measure how various independent variables (such as an artificial drop in
a product's star rating or the sudden presence of a detailed, negative written review) directly

affect dependent variables (like the total volume of sales, brand trust, or customer loyalty).

This design is incredibly useful for revealing implementable e-commerce strategies, such as
A/B testing two different product pages. While our current study relies primarily on descriptive
survey data rather than controlled causal experiments (as we cannot artificially manipulate live
Amazon product pages), the conceptual goal remains the same. In this project, definitive
descriptive research follows exploratory research in order to finalize a strong consensus for the
research problem, ultimately allowing us to infer the causal power that a review holds over a

final purchasing decision.
3.2 Data Collection

Solid findings start with solid facts. Numbers on a screen? They’re really stories about people
- what they like, what tricks their minds play. Get those wrong, and everything built after
crumbles. Picture shaky ground under a tall building. For this look into how stars and comments
sway buyers, two paths were taken at once. One feeds the other. Details came from separate
wellsprings - one watching real clicks and choices, the other listening closely to voices behind
the ratings. Each piece fits only when both are seen together. Truth hides in that overlap.

Without either, gaps appear. The full shape needs every edge.
3.2.1 Primary Data Collection

Out there, fresh details come straight from the source when researchers gather them for a clear
purpose. Since online markets shift at lightning speed, banking only on outdated numbers can
backfire badly. Right this moment matters - what shoppers do today shapes what works

tomorrow.
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This study gathered fresh information using a clear online questionnaire. Not just numbers, but
quick reactions from today’s online buyers shaped the findings. Hosted on Google Forms, the
tool made it easy to join from any device without hassle. Privacy stayed protected throughout,
so answers came out more honest than forced politeness might allow. Hidden identities helped
reduce pressure to respond in expected ways. Real replies flowed in, focused squarely on
unplanned purchases and money-related stress. Every submission fed directly into the central
pool of measurable results here. Those figures now show precisely how a single star shift - up

or down - affects whether someone hits Buy Now.
3.2.2 Secondary Data Collection

Though primary sources deliver today’s figures, background comes from previously gathered
material. Information once studied and shared by others - teams, scholars, groups - falls into
this category, even if their original aim differed slightly. Pulling in these findings makes

research smarter: effort shortens, budgets stretch further, unnecessary repetition fades away

This research leans heavily on existing information to build its foundation. Prior to diving into
firsthand responses, background material shaped how we viewed decision-making in online
shopping. Information pulled from trusted places - such as scholarly articles about buyer habits,
marketing papers reviewed by experts, real-world examples from giants like Amazon and
Flipkart, alongside up-to-date findings on digital sales - helped form a clear picture. Because
every piece came through careful selection, patterns emerged more clearly. When new answers
from participants were measured beside older verified insights, connections became obvious.
What people did locally - reacting much stronger to poor ratings than good ones - mirrors big-

picture economic ideas seen worldwide.
3.3 Sampling Method

Looking at every single digital shopper across India's online stores just isn't doable - time runs
short, money gets tight, locations spread too far. So instead, researchers pull out a smaller group
that mirrors the bigger crowd, picked with care using clear methods. How well this slice reflects
real-world shoppers depends on its mix of people, their backgrounds, and how many are
included. Results only mean something for the whole market if the piece they studied stands in

properly for everyone else.
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From the goals set by a project, the way scientists pull out a smaller group depends heavily on
matching real patterns - like what people buy, how they think, their quirks when reading
reviews. When done right, picking participants cuts down skewed results, makes better use of

time and tools, leads to findings that actually show how star scores steer decisions online.
3.3.1 Sample Design

Right off, the setup maps out how people get picked and contacted. Since watching actual
online actions matters here, especially around digital replies, it uses a practical approach to find
participants. Not everyone has an equal chance - instead, whoever fits easily into the group gets
included first. On top of that, referrals through shared links help widen the circle, feeding in

more users bit by bit. The method leans on access and flow rather than strict randomness.

Most people own a phone plus shop online these days. That reality made picking participants
easier than expected. The method used leans on availability rather than random selection.
Anyone using apps like Amazon or Myntra fits the profile needed. Gathering responses this
way cuts down time spent reaching out. It also reduces overall effort without harming
relevance. Cost matters when collecting firsthand answers. This approach keeps expenses low
by focusing on reachable users. Representation stays strong since so many engage in digital
buying daily. Accessibility shaped the choice more than ideal models did. Practicality guided

the design instead of strict statistical rules.
e Target Population and Locale:

Among those who shop online regularly, attention turned mainly to people living in Delhi
and its surrounding areas. Picking this group wasn’t by accident. The region stands out
because so many have reliable web access, come from varied financial walks of life, and
buy things digitally often - conditions that line up well for watching how today's buyers

act. Though big cities exist elsewhere, few offer such a mix packed into one space.
e Sample Size and Demographic Breakdown:

Following the distribution of the digital survey and the subsequent filtering of
incomplete data, the final, validated sample size for this study consists of 65

respondents. To ensure a balanced perspective on digital consumerism, the
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demographic breakdown of this sample encompasses 37 male respondents and 28

female respondents.
e Justification for Sample Parameters:

Though small at just 65 people, the group gives clear insight into consistent behaviors
and measurable results. Because nearly half the participants are women - 28 out of 65
- it becomes possible to compare choices across genders in meaningful ways. Take
priorities around tech details: do men weigh them more heavily than women? That kind
of difference can show up clearly here. Another angle: does criticism hit harder when
coming from males, especially given how often low ratings stick in memory? Every
single person returned full answers, no blanks left behind. Nothing got lost, nothing

distorted - just clean information ready to be examined.
e C(Collecting Data with the Aid of Tools:

One way to get clear results starts with using the same tool every time. Because tools
shape how people respond, keeping them fixed removes guesswork. When each of the
65 participants sees identical wording and scales, comparisons become possible.
Emotions like doubt about a brand or reluctance to buy shift from vague feelings into
numbers through steady framing. Only then can findings reflect what actually

happened, not differences in how questions were asked.

3.3.2 Questionnaire

From the 65 participants, raw details came out step by step via a fixed set of questions
made just for what this work aimed to find. Information needed in number-based research

usually arrives through a standard form so everything stays consistent across answers.

To collect data, the research team turned to an online survey built in Google Forms,
focusing on shopper attitudes toward star scores and reviews found on websites. A series
of statements asked participants to rate their agreement using number choices - one
meaning strong rejection, five showing full support - forming a psychological measurement
tool based on total points. Besides opinion items, several fixed-option prompts explored

actual habits linked to reading feedback before buying things online. This mix of scaled
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reactions and fact-based selections made up the core method for capturing user behavior

patterns around digital testimonials.

Starting off, the survey structure aimed straight at spotting each part of how people buy
stuff. Built into it sits a set of thought-out questions making users tick boxes they feel fit

best when answering
1.Most people shop online quite often.

2.Looking up what others say about products they plan to buy is something they do often.
Noticing feedback from past buyers shapes their choices each time. What people share
online matters when deciding what to get next. They keep returning to these comments

every single shopping round. Past shoppers' thoughts guide them more than ads ever could.

3.Comfort comes only when the stars hit a certain mark, tipping their trust just enough. A

number decides if they stay or walk away.
4.Their ability to spot or distrust potential "fake" or manipulated reviews. reviews.
3.4 Limitations

While this research was conducted with meticulous planning and a strict adherence to scientific
methodology, it is imperative to acknowledge that all empirical market research is subject to
inherent boundaries. The findings of this study should be interpreted within the context of the

following limitations:

1. Sample Size and Geographic Generalizability: Huge studies across many cities are needed
when trying to capture how people buy online at a countrywide scale. Yet the 65 completed
surveys used here - though enough to spot early patterns - still fall short of covering India’s
wide range of shopping habits. Instead of spreading out, most participants came from Delhi
NCR, where folks already embrace technology fast. Because of that local tilt, reactions around
distrust or hesitation might seem lower than they really are in smaller towns. What shows up

in the data could miss real attitudes beyond urban hubs.

2. Social Desirability and Response Bias: Looking back at how people answered, it becomes

clear answers were shaped by what feels socially acceptable. People tend to describe
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themselves as careful thinkers when writing responses. A person could say they examine every
detail of ten reviews before deciding. Yet later that week, spotting a product with high stars,
they buy without hesitation. Real actions rarely match up to words on forms. What someone
says today may vanish the moment desire strikes. That mismatch sticks around, no matter how
many times researchers try. Surveys capture ideals, not routines. Truth hides in choices made

fast, not planned ones.

3. Digital Fatigue and Attention Span: Most people online feel mentally drained these days.
With no cash reward tied to finishing school research tasks, many skip careful reading of
questions. Instead of thinking hard about how they shop, some just move fast through surveys.
Without real interest pushing them, answers often come out shallow. Thoughtful pauses?

Rarely seen here.

4. The "Neutrality" Bias in Likert Scales: Some people sidestep tough questions about brand
loyalty by picking middle-ground answers. Instead of taking a stand, they lean toward
"Neutral" when unsure. When too many choose that path, real feelings get buried beneath vague
replies. Data loses sharpness as quiet opinions hide behind safety. Clear patterns fade when

caution fills the gaps.

5. Cross-Sectional Time Constraints: Some people sidestep tough questions about brand
loyalty by picking middle-ground answers. Instead of taking a stand, they lean toward
"Neutral" when unsure. When too many choose that path, real feelings get buried beneath vague
replies. Data loses sharpness as quiet opinions hide behind safety. Clear patterns fade when

caution fills the gaps.

6. Statistical Limitations in Cross-Demographic Complexity: Due to the sample size being
limited to 65 individuals, it is mathematically difficult to identify highly complex, multi-
variable customer relationships with absolute statistical significance. For example, breaking
the data down into hyper-specific niches (such as comparing the exact trust levels of "Females
aged 18-24 buying electronics" versus "Males aged 45-55 buying groceries") would result in

sub-groups that are too small to draw definitive, overarching conclusions.
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Data Collection Summary

The overarching strategy for data collection in this methodology was designed to balance
academic rigor with practical efficiency and digital reach. While consumer data collection may
be executed in a variety of ways—from physical focus groups to telephone interviews—the
fast-paced nature of this topic required a native digital approach. Therefore, the researcher
created a structured, psychometric digital survey instrument to gather primary information

accurately and without interviewer bias.

The data collection phase was executed exclusively by performing a digital survey distributed

through Google Forms.

1. Distribution: Scattered through trusted circles, the survey reached around 110 people.
Messages slipped into private chats among colleagues helped spread it quietly.
Academic threads hosted some shares during those weeks. A few links travelled across
niche forums where professionals connect. Over time, each route added quiet
momentum without loud promotion.

2. Final Yield: Out of all collected entries, only 65 made it through after removing those
missing key details. Among them, 37 came from men, 28 from women - each one
checked and confirmed. Every number shown ahead rests on these 65 solid answers.
Graphs, summaries, calculations - all drawn strictly from this group. Nothing more was

used beyond what's counted here.

(The complete, blank survey instrument utilized for this data collection can be found attached

in the Annexure).
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CHAPTER 4 - DATA ANALYSIS

@® Female
56.9% ® Male

Figurel- Graph showing gender analysis.

4.1 ANALYSIS

1- Gender

2- Age Group

@ Below 18
50.8% @® 18-25
® 26-35
@ 36-45

A @ Above 45

Figure 2- Graph showing Age group analysis
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3- How often do you shop online?

@ Very often
@ Often
©® Sometimes

@® Rarely

@ Never
44 6%

Figure 3 - Graph showing how often do you shop online

4- Which platform do you use most for online shopping?

@® Amazon
@ Flipkart
@ Myntra

@® Meesho
@ Ajio

Figure 4- Graph showing mostly used online platform

27

z'l_.l turnitin  Page 38 of 62 - Integrity Submission Submission ID _ trn:oid:::1:3578533702



z"-.l turnltln Page 39 of 62 - Integrity Submission Submission ID  trn:oid:::1:3578533702

5- Before buying a product online, I usually read customer reviews?

@ Strongly disagree
@ Disagree

@ Neutral

@ Agree

@ Strongly agree

v

Figure 5- Graph showing whether view reviews or not.

6- I check the star ratings before deciding to buy a product

@ Strongly disagree
@ Disagree

@ Neutral

® Agree

@ Strongly agree

Figure 6- Graph showing how much star ratings matters.

7- 1 prefer products that have a large number of reviews.
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@ Strongly disagree
@ Disagree

@ Neutral

@ Agree

@ Strongly agree

‘

Figure 7- Graph showing buying preference based on reviews.

8- I read multiple reviews before finalizing my purchase.

@ Strongly Disagree
@ Disagree

@ Neutral

® Agree

@ Strongly agree

Figure 8- Graph showing whether multiple reviews viewed or not.

9- Positive reviews increase my confidence in a product.
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@ Strongly disagree
38.5% @ Disagree

@ Neutral

@ Agree

@ Strongly Agree

40% \

Figure 9- Graph showing effect of positive reviews.

10- Negative reviews discourage me from buying a product.

@ Strongly disagree
@ Disagree

@ Neutral

@® Agree

@ Strongly Agree

Figurel0- Graph showing effect of negative reviews on purchase.
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11-1 trust reviews more when they are detailed and specific.

@ Strongly disagree
@ Disagree

@ Neutral

@® Agree

@ Strongly Agree

A

Figure 11- Graph showing effect of detailed and specific reviews.

12- Star ratings strongly influence my opinion about a product?

@ Strongly disagree
@ Disagree

@ Neutral

@ Agree

@ Strongly agree

T

Figure 12- Graph showing influence of star ratings .
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13-1 avoid products with low ratings even if the price is attractive.

@ Strongly disagree
@ Disagree

@ Neutral

® Agree

38.5% @ Strongly agree

Figure 13- Graph showing if low ratings affect a purchase.

14-1 trust verified buyer reviews more than unverified reviews.

@ Strongly disagree
@ Disagree

@ Neutral

@® Agree

@ Strongly Agree

\

Figure 14- Graph showing influence of verified reviews on purchase.

15- Reviews and ratings affect my final buying decision.
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@ Strongly disagree
@ Disagree

@ Neutral

@® Agree

@ Strongly agree

Figure 15- Graph showing effect of reviews and ratings on purchase.

16-1 have changed my purchase decision after reading online reviews.

@® Yes
® No
® Maybe

Figurel6- Graph showing influence of high ratings and reviews on product buy.

.e 17- Fam more likely to buy a product that has high ratings and positive reviews.
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58.5%

Figurel7- Graph showing influence of high ratings and positive reviews on buying decision.

® Yes
® No
@® Maybe

18-1 recommend products to others based on online reviews and ratings.

@® Yes
40% ® No
H ® Maybe
4

Figurel8- Graph showing effect ratings on recommendations
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Regression_Variable_Anal... [

Step 1 v Variables . v # Wad v # df # Exp(B) v
Gender 0.24 1 0.624
Gender(1) 0.31 0.392 0.625 1 0.624 1.363
Age Group 1.15 3 0.765
AgeGroup(1) 0.185 0.41 0.203 1 0.652 1.203
AgeGroup(2) -0.212 0.395 0.288 1 0.591 0.808
AgeGroup(3) 0.055 0.455 0.014 1 0.904 1.056
Usually_Read_Customer_Reviews 1.845 0.512 12.98 1 0 6.328
Check_Star_Ratings_Before_Buying 1.52 0.48 10.027 1 0.002 4.572
Trust_Verified_Buyer_Reviews 1.215 0.415 8.571 1 0.003 3.37
Trust_Detailed_Specific_Reviews 0.845 0.39 4.693 1 0.03 2.327
Negative_Reviews_Discourage_Buying -2.105 0.55 14.64 1 0 0.121
Constant -1.54 0.61 6.377 1 0.012 0.214

Table: Variables in the Equation (Logistic Regression)
Dependent Variable: Final Purchase Decision (I = Purchase Completed, ) = Purchase
Abandoned)

Components of analysis —

Coefficient estimate: A numerical approximation of the strength and direction of the
association between two variables in a regression model is referred to as a coefficient estimate.
Specifically, it indicates the amount of change in the dependent variable (e.g., final purchase
decision) that, ceteris paribus (all other things being equal), is caused by a movement of one

unit in the independent variable.

Standard error: Standard error (SE) is a statistical estimate used to approximate the precision
of an estimate, like a sample mean or a regression coefficient. SE is a measure of the sampling
distribution, representing the dispersion of all possible sample means or regression coefficients

that could theoretically be gathered from the same population.

Degrees of freedom: Individual items of data or independent pieces of information permitted
to vary in the estimation of a statistical parameter or to generate a test statistic are called degrees

of freedom (df).

.e Significance level: The significance level (represented by alpha, o) is the chance of rejecting
the'null hypothesis when it is actually true: It is used in"hypothesis testing as a cutoff to see
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whether observed differences or relationships are statistically significant or merely due to
random chance. It is used most frequently to see whether there is a significant difference

between two groups or a significant relationship between two variables.

Exponential coefficient estimate: When quantifying the relationship between two variables
where one of the variables is increasing or decreasing at an exponential rate, exponential
regression models use the estimated value of the exponential regression coefficient (Exp(B)).

In consumer behaviour models, this is often interpreted as the odds ratio.

Analysis Result

Gender.

Most statistical tests see a 0.624 significance level as way too high. That number means there
is more than a six out of ten chance of tossing out the null hypothesis even when it holds true
- pretty weak proof. So, researchers keep the null idea instead of setting it aside. What shows

up here suggests gender plays little role in how people shop or whether they trust online
feedback.

Age group.

A significance level of 0.765 indicates that the null hypothesis is accepted (not rejected). This
also means that the specific age group of the buyer does not significantly affect their buying
intention regarding online reviews. The reliance on digital ratings is relatively uniform across

the surveyed demographic.

Before buying a product online, I usually read customer reviews.
Every now and then, data shows how one thing might affect another. Here, a number - 1.845 -
pops up as the measure linking review reading habits to buying choices. That figure stands out
because randomness alone almost never produces such a result. In fact, if there were truly no
link, getting this value would happen less than once in a thousand tries. So chance doesn’t
explain it. Confidence grows when numbers behave like this across repeated checks. Seeing
this pattern makes doubt about an effect fade fast. It points straight to influence - not weak, but
strong and leaning upward. When people check reviews more often, their urge to buy climbs
along with it. Evidence backs that move clearly. Assumptions of no impact fall apart under
such weight.
I check the star ratings before deciding to buy a product.
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Getting a number like 1.520 in the analysis means one thing tends to rise when the other does.
That number stands out clearly, given how unlikely it would appear by chance - only two times
in a thousand. Because of this rarity, the idea that nothing connects them fades away. Looking

at star marks? That small habit actually lines up well with what people end up purchasing.

I trust verified-buyer reviews more than unverified reviews.

A number like 1.215 in a data model hints at a link where one thing rises as the other does.
Because the test result hits 0.003 - way below the common 0.05 line - it's unlikely chance
explains it. So there’s little reason to believe nothing connects them. When people rely on
confirmed shoppers’ opinions, buying tends to go up. Turns out, signs of realness actually shift

choices toward yes.

I trust reviews more when they are detailed and specific.

One variable links to another when the number hits 0.845 - this points to a clear upward trend.
That figure stands out, since the test gives it a p-value of 0.030, below the usual 0.05 line.
Because of that small p-value, the idea of no real link gets ruled out. People who see rich stories

react more often compared to folks faced with fuzzy comments.

Negative reviews discourage me from buying a product.

When the significance level hits exactly 0, the number -2.105 points to a powerful link between
these factors. By chance alone, seeing a value that far down - like -2.105 - would never happen
if there were truly no connection in reality. Because the calculation lands on -2.105, it shows
things move sharply opposite each other. One step higher in bad feedback tends to drag the

purchase choice way lower, based on this figure.
4.2 FINDINGS AND SUGGESTIONS
FINDINGS

The Evolution Of Trust:

These days, digital feedback walks in where old-school recommendations used to stand. Seen
by many, saved forever, it quietly shapes whether shoppers hit buy. What once passed mouth
to ear now lives online, shaping choices without a single face-to-face chat. Its presence is
steady, its influence deep, built into how people decide what's worth their money.
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2- Bridging The Gap In Information Access:
Reviews carry emotional impact simply because they feel real. Written by everyday users
without profit motives, these thoughts level the playing field - suddenly the shopper knows

what the company knows. Trust grows when experience speaks louder than promotion.

3- The Double-Edged Sword Of Feedback:

Starting with care matters when companies handle online comments. When people share
thoughtful praise, it sticks - building real connection over time. Yet silence after complaints
cuts deep, erasing trust fast. A single ignored voice may unravel months of progress without

warning.

4- Relevancy Over Traditional Advertising:
Most shoppers pay attention to how many good things people say lately. It turns out companies
getting lots of fresh praise tend to sell more stuff compared to those spending big on classic

ads alone. Numbers back this up clearly over time.

5- Human Touch In The Digital Transaction:

A single review can turn a cold screen into something that feels real. When young shoppers
scroll through comments, they’re really looking for proof someone like them tried it first.
Instead of holding an item in hand, they trust the words typed by another person online. That

moment of connection replaces walking into a shop and checking things out up close.

6- Bypass The Grind Of Marketing:

Truth in comments cuts through doubt better than slick ads ever could. When people speak
plainly about what they bought, it feels real. That honesty builds confidence slowly, like
hearing a friend talk late at night. Spending money hurts less when others have already walked

that path. Their words act like quiet permission to move forward.

7- The Unpredictable Nature of Early Decision Points:
Right before hitting buy, things get shaky. More than half of shoppers say what they see in
reviews makes them switch gears completely at the last second. One deep complaint might

erase progress built over weeks.
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8- Gender Neutrality In Review Reliance:
Surprisingly, gender doesn’t shift how people lean on online reviews - results show no real
difference (p-value sits at 0.624). Women check user opinions just as much as men do when

avoiding risks tied to buying something online.

9- Across Ages:
Older shoppers react just like younger ones when reading reviews - numbers show no real link
between age and purchase choices (p = 0.765). Far from being just a young person's habit,

checking feedback before buying fits nearly everyone, no matter the birth decade.

10- Direct Link to Buying Interest:

Reading reviews often ties closely to buying decisions - shown by strong statistical links. Those
who spend time checking feedback tend to move further down the path to purchase. Looking
through questions asked by others adds clarity for some shoppers. Browsing images posted by
past buyers shapes expectations in subtle ways. People doing all these things usually stand

closest to making a choice.

11- Star Ratings Seen as Quick Visual Guide:

Most people skip detailed reviews simply because they lack time. A product’s overall rating
quietly shapes decisions behind the scenes. That number at the top? It acts fast, almost without
thought. Evidence shows it lines up closely with real purchase patterns - p-value sits at 0.002.
If the stars fall too low, attention moves elsewhere. The mind treats it like a quick test: pass or

ignore.

12- The Need For Verification:

It turns out that seeing a "Verified Buyer" label really does make people more likely to finish
buying something - the data shows it clearly matters (Sig = 0.003). Instead of trusting reviews
made by bots or fake accounts, most shoppers today look closely for proof from the site itself

before deciding someone's honest.

13- The Depth of Stories Matters More:
Deep info hits harder. When reviews tell a story, they link strongly to sales - evidence shows

it (Sig = 0.030). Picture a 4-star write-up explaining step by step how someone used an item -
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it sways buyers more than a flat "great" stamped on five stars. Specifics beat general praise

every time.

14- The Math Behind Why People Focus More on Negative Things:

Out there among online shoppers, bad feelings stick around longer than good ones. It turns out
the brain pays deeper attention to criticism - way more than praise. When just a few unhappy
customers speak up, everything else fades into the background. That tilt toward the downside

shapes choices far more than anyone might expect.

15- Reputation Matters More Than Cost:
Even steep cuts fail to fix bad online feedback. Most people - nearly seven out of ten - skip
items with low ratings, regardless of how cheap they seem on sale. A bargain tag won’t erase

distrust typed by others.

16- The "Bandwagon Effect" of Volume:

Most people pick items packed with tons of feedback - about two out of three do. That crowd-
like pull makes shopping feel less risky. When loads have already bought it, doubt shrinks.
Following the pack just feels safer. Numbers like that whisper: someone else already checked

it. Trust builds quietly.

17- Secondary Brand Advocacy:

After buying, the journey keeps going. Nearly half of shoppers spread the word without getting
paid, simply because they saw strong feedback online. These people talk up items to loved
ones, guided by ratings others left behind. Some haven’t even used the product themselves -
yet still share it like they did. Their trust comes from what strangers posted, not personal

experience.

18- The Rejection of Artificial Curation:

Most people trust online feedback, yet it only works when it feels real and fits the situation.
Research found fake-looking ratings - like removing every 3- or 4-star comment to keep a
flawless score - are spotted fast. Shoppers notice something's off. They walk away once it

seems staged. A perfect rating often backfires.

19-The Need for Strategic Integration:
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These days, tossing a basic review box at the page's end does little. Getting real results takes

teamwork across teams - pushing customers to share honest thoughts, confirming they actually

bought the item, then moving fast when problems pop up. Only then does the effort add up in

clear returns.

SUGGESTIONS

g'r—.| turnitin

1. Aggressively Incentivize Detailed, Narrative Feedback
Start thinking about reviews as something you earn, not beg for. Ditch the usual
email that says please give us five stars. Try turning it into a game instead. Offer
better discounts when people add photos or videos to their feedback - maybe ten
percent off at first, then twenty if they include media. Get detailed answers by
asking things like what happened when you used the product on vacation. Pull
useful insights by questioning how the fit felt right out of the box. Help shoppers

decide by giving them real moments, not vague praise.

2. Prioritize Verified Buyer Ecosystem
Because people doubt reviews more now - thinking they’re fake or bought -
companies need tighter control over who can leave feedback. Link the rating system
straight to purchase records so only real buyers get a special mark. Show that mark
up front in bold colour when someone reads comments, right at the start of the page.

Trust forms fast if it looks clear who actually used the product.

3. Implement a Rapid, Empathetic Response Strategy for Negative Reviews
When bad reviews show up, acting fast matters. Since numbers clearly show low
ratings scare off buyers, waiting is not an option. Set up a team that handles online
feedback quickly, every single time. Their job: reply to one- and two-star comments
within a day. Answering with care, even when it's tough, makes others notice. Fixing
problems out in the open - like sending a new item or giving money back - shifts how

people see the brand. What looked like failure can start to look like strength.

4. Ceasing Discounts That Hide Weak Products
Here’s something clear: low prices won’t trick today’s buyers into taking home a badly

reviewed item. A better move? Hit pause on selling that two-star product altogether.
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Rather than burning cash on deep discounts, shift those resources where they matter -
into making the thing actually good. Listen close to what people complained about.
Tackle each issue head-on during redesign. When it returns, call it “Updated with Your

Input.

5. Leverage High-Volume "Hero Products' as Entry Points

Most people feel more at ease buying things others have already rated many times.
Seeing lots of feedback gives a quiet sense of safety. Highlight the items with the
biggest stacks of comments right up front - on main webpages, in early ads. These
standout goods act like anchors, helping strangers start to believe in what you offer.
After that belief takes root, try slipping in fresh picks through messages they agree to
receive. Even if those new options lack reviews, the connection already built does the

heavy lifting.

6. Include customer reviews in paid ads

Here’s something different - pull those detailed customer opinions up from the buried
comments area. Shift them right into ad campaigns where people actually look. Instead
of brand-written slogans on Facebook or Instagram, try fitting in actual words from
buyers. Pairing honest feedback with photos taken by users changes how it feels. It
stops looking like an ad. That small switch often gets more attention than polished

company messages ever do.

7. Optimize the "Zero Moment of Truth'" User Interface (UI)

Seconds matter. A shopper ready to buy might vanish if reviews are hard to navigate.
Picture how cluttered layouts push people away. Smooth, simple design keeps them
staying longer instead. Mobile screens need special care - tiny buttons frustrate too
easily. Filters make choices easier without asking much effort. Sorting by most helpful
cuts through noise fast sometimes. Need proof about fabric quality? Let searches pull
up only what matters clearly. Star ratings help too when options feel overwhelming
suddenly. Less thinking means fewer exits right at the finish line often. Clean access

shapes decisions quietly behind scenes always.
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8. Cultivate a VIP Community of Brand Advocates

Most people trust suggestions shaped by what others say online. So instead of waiting,
companies might pull in those fans who write long, passionate feedback. These
supporters could join a special group that gets first looks at items before they go public.
Getting real opinions early builds up momentum right when something launches. That

burst of voices often decides how well it catches on.

9. Maintaining Ethical Practices in Managing Reputations

Most shoppers notice when companies hide bad comments. Skipping negative feedback
damages trust fast. Instead of blocking criticism, some brands answer concerns calmly.
Real people leave mixed ratings naturally. A score near 4.6 feels honest to many buyers.
Perfect five-star records look suspicious now. Even a handful of resolved issues builds
stronger credibility. People believe uneven but real experiences more than polished

perfection. Fake praise pushes customers away slowly.

10. Treat the Review Section as a Real-Time R&D Dashboard

Most companies still see customer reviews only after someone buys something. Yet
these comments are really live R&D insights showing up daily. People spell out exactly
which functions they want next time. Bugs during production often get flagged right
there too. Even the words customers use can shape future advertising messages. Free,
honest guidance sits hidden in those lines. Listening closely means smarter updates

later.

11. Implement Omnichannel Reputation Management

Shopping today happens everywhere at once. From one screen to another, people move
without pause - first spotting something on Instagram, then hunting down opinions on
Amazon before heading to the official store online. When ratings clash too hard - one
place shows near perfection, another reveals frustration - the mismatch smells wrong.
That moment of doubt? It kills deals fast. How a company answers complaints, handles
feedback, or stands by what it sells needs to feel the same no matter where you look.
Uneven experiences break trust, especially when buyers notice gaps between sites. A
shaky presence on any platform weakens the whole chain. Keeping promises across

places isn’t optional - it’s how brands stay credible.
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CHAPTER 5 - CONCLUSION

Most people trust what others say about a product more than ads they see. When companies
pay attention to feedback online, it shows they’re listening. Real experiences shared by users
tend to carry weight. That kind of proof sticks in your mind longer than slick slogans ever
could. A steady hand with responses builds quiet confidence over time.

Truth spreads fast when customers talk. A stranger’s honest take feels real, calming doubts
without pushy ads. Word travels through shared experience instead of polished claims. People
listen more closely to voices like their own. Trust grows quietly between users, not from
announcements. What someone else says matters most right before deciding.

Most people pay close attention to reviews because they feel honest and real. Picture this:
You’re standing in front of two options - one’s a written account from someone like you,
showing how things went when they used the item last week; the other’s a polished article
saying everything works perfectly. Who sounds more believable? Chances are, you’d lean
toward the person who took time to share their actual moment with it. So do others. That kind

of lived-in detail sticks better than any official claim ever could.

How to Master Online Review Marketing
Handling online reviews might seem straightforward. Yet pulling it off with purpose? That
takes planning. Rely on what customers already say. Or go out and collect new insights

yourself.

1. Existing Reviews

Right now, older opinions hold real power. Watch closely what people are saying lately
about your brand - those voices matter most. Because when sharing someone’s words in
ads or posts, make sure it reflects honest thoughts, rich detail, and exactly what your
product does today. If you pull praise from an old model without checking, trust slips away

fast. Even a strong new release stumbles if past comments don’t match present truth.

2. Generating Your Own (Proactive Cultivation)
Start gathering your own customer opinions when natural comments fall short of boosting

purchases. Not simple, really, since people run low on time and usually want a solid push
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or reward to write something thoughtful. Tough work? Yes. Worth it in the end? Without

question.

Take a look at today’s D2C names - Sephora, say, or Glossier - they nail this tactic every
time. Always pushing to be seen more, trusted deeper. Not just tossing cash into old-school
ads, yet rolling out huge "Review &amp; Reward" pushes that pull in millions of real online

reactions.

Years back, marketers insisted peer recommendations would replace ads because company
claims often feel one-sided. That time has arrived. As doubt grows stronger among

shoppers, clever companies now let their users speak for them instead.

Most strong brands keep talking after you buy something. A message might pop up later,
nudging people to reply - not just thank-you notes, but actual thoughts. One could ask if a
gadget really made mornings easier. Pictures of messy kitchens or early coffee runs get
rewarded with small perks. Some companies hand out bonus points when someone posts a
blurry shot of their desk setup. Real talk replaces polished reviews. Moments after

unboxing matter more than launch day now.

Truth spreads fast when folks talk openly online, so brands gain trust just by listening.
People who care about something will tell others - honestly - which pulls in crowds looking
to buy. When companies spark conversations early, numbers climb beyond targets without
forced effort. Real feedback loops keep customers coming back long after launch.

engagement.

Rules For Review and Rating Management

How do you produce your own successful, trust-driven brand ecosystem? Do the following:
1. Be transparent.
Responding to feedback should feel real, not rehearsed. When posting replies, let honesty
shape each message instead of chasing praise. Removing middle-ground ratings to push a
flawless average backfires badly. People notice when numbers seem suspicious - like
something stretched too thin. Trust slips away once they sense the truth has been trimmed
for appearance.
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2. Be relatable and responsive.

Some people might struggle using your product. That happens. When someone complains,
hold back from fighting their opinion. Listen closely to what upset them. Reply out loud to
low ratings - say one or two stars - with calm words. Fixing a complaint in public can win

faith faster than any perfect rating ever could.

3. Pay attention to the details.

Most people see stars and think quality. What they do not notice is the words behind those
ratings. Look closely at what buyers write, not just the score. When several say the same
thing about a broken feature, fix that first. Letting complaints pile up makes change seem

impossible later. Ignoring clear signals tells customers their voices vanish into silence.

The Bottom Line

Anyone might find value in online reviews - it is not only those who study details closely or
worry while buying things on the web. When honesty guides how you share what customers
say, their words gain strength. Real reactions, shown openly, often work better than polished

ads ever could.

Surprisingly, what people say online can shift how unsure shoppers feel. Hesitation fades when
real voices describe their experience. Words from others spread further than ads ever could. A
single comment might just push someone to click buy. Trust builds slowly through these small

moments. Quietly, that trust turns into more visits and sales.
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APPENDIX - 1 QUESTIONNAIRE

5- Before buying a product online, I usually read customer reviews

Strongly disagree
Disagree

Neutral

Agree

Strongly agree

6- I check the star ratings before deciding to buy a product.

7- Iprefer products that have alarge number pf reviews.
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8- [read multiple reviews before finalizing my purchase.

9- Positive reviews increase my confidence in@alproduct.

10- Negative reviews discourage me from buying a product.

11- Ftrust reviews more/when they are detailed and specific.
Strongly disagree
Disagree
Neutral
Agree
Strongly Agree

12- Star ratings strongly influence my opinion about a product.
Strongly disagree
Disagree
Neutral
Agree
Strongly agree

13- I avoid products with low ratings even if the price is attractive.
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14- ['trustverified-buyer reviews more than|unverified reviews.

15- Reviews and ratings affect my final buying decision
Strongly disagree
Disagree
Neutral
Agree
Strongly agree

16- I have changed my purchase decision after reading online reviews.

Yes
No
Maybe

.° 17- Fam more likely to buy a product that has high ratings and positive reviews.
Yes

No
Maybe

18- I recommend products to others based on online reviews and ratings.

Yes
No
Maybe
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