MRP

by Srajal Mishra

Submission date: 26-May-2026 11:31AM (UTC+0530)
Submission ID: 2969657662

File name: FINAL_MAJOR_REPORT-SRAJAL.docx (1.34M)
Word count: 23282

Character count: 141893



Project Dissertation Report on

IMPACT OF AI VOICE AGENTS ON
CUSTOMER PERCEPTION AND
PURCHASE DECISION

Submitted By
SRAJAL MISHRA
24/DMBA/279

Under the Euidance of
Dr. Yogesh Sharma

Assistant Professor

Delhi School of Management (DSM)

~~
DEL

DELHI SCHOOL OF MANAGEMENT

Delhi Technological University
Bawana Road Delhi 11004




Impact of Al Voice
Agents on Customer
Perception and

Purchase Decision




CERTIFICATION

m‘lis is to certify that the project entitled “Impact of Al Voice Agents on Customer

Perception and Purchase Decisioln" has been successfully completed by Srajal Mishra,
3 1

Enrolment No. 24/DMBA/279, 1n partial fulfilment of the requirements for the award

of the degree.

Dr. Yogesh Sharma
Assistant Professor
Delhi School of Management (DSM)

Delhi Technological University




DECLERATION

I hereby declare that the project report titled “Impact of Al Voice Agents on Customer
Perception and Purchase Decision” submitted to ge Delhi School of Management,
Delhi Technological University.

I further declare that this project has been prepared for academic purposes only and
has not been submitted earlier, either fully or partly, for the award of any degree,
diploma, or certification to any other university or institution. The information and
data presented in this report are true and based on the study conducted by me. All

sources of information used in this project?ave been properly acknowledged.

Date:

Place: Delhi

Signature of Student
Name: Srajal Mishra
Roll No.: 24/DMBA/279

Eelhi School of Management
Delhi Technological University




E?KNOWLEDGEMENT

I would like to express my sincere gratitude to everyone who supported and guided
me during the successful completion of this project titled “Impact of Al Voice Agents

on Customer Perception and Purchase Decision.”

Erst and foremost, I would like to thank my project guide, Dr. Yogesh glarma,
Assistant Professor, Delhi School of Management (DSM), for his valuable guidance,
continuous support, encouragement, and insightful suggestions throughout the course
of this project. His knowledge and guidance helped me in understanding the subject

deeply and completing ﬁis research successfully.

I would also like to express my heartfelt thanksg the faculty members of Delhi School
of Management, Delhi Technological University, for providing the necessary academic

support and learning environment during the study.

I am thankful @all the respondents who participated in the survey and shared their
valuable opinions and experiences, which greatly contributed to the successful

completion of this research.

Enally, I would like to thank my family, friends, and colleagues for their constant
motivation, encouragement, and support throughout the project work. Their support

helped me stay focused and complete this report successfully.

Signature of Student
Name: Srajal Mishra
Roll No.: 24/DMBA/279

Belhi School of Management
Delhi Technological University




EXECUTIVE SUMMARY

Al voice agents are currently emerging as the key drivers of transformation in business
and sales processes. They are widely adopted by companies in order to enhance
communication with their customers, providing them with instant service and
encouraging buying behaviour. Al voice agents are powered by %hnologies such as
natural language processing (NLP), machine learning and speech recognition, aiming
to mimic human interaction and communication styles. The study explores how Al
voice agents affect customer perceptions, buying decisions, company sales

performance and their impact on the various stages of the sales funnel.

The research is done with primary as well as secondary data. Primary data was
gathered through survey on customers’ perceptions, behaviours and opinions on the
usage of Al voice agents during the sales process. Responses gathered were then
employed to calculate different factors, including the level of trust and satisfaction of
customers and their intent to purchase, or adopt, Al enabled communication. The
secondary data was gathered by conducting research using papers, journal articles,
scientific reports and studies, which were available on existing literature related to Al
voice technology, customer behaviour and digital selling strategies. This will enable

the researcher to give practical knowledge a balance with theory.

In particular, various theoretical perspectives such as % Elaboration Likelihood
Model (ELM), the Technology Acceptance Model (TAM), the Heuristic-Systematic
Model (HSM), the Behavioral Reasoning Theory (BRT), the Persuasion Knowledge
Model (PKM), and the CASA paradigm are applied to explain and understand how an
Al voice agent affects consumer purchase decisions in terms of personalization,

emotional cues, trust building, and logical information about a product.

The research shows that Al voice agents impact the effectiveness of the sales process
for all stages. In the awareness stage, they enable businesses to attract potential
customers through instant response, assisted product discovery and always availability.
Customer engagement has been increased and businesses can easily manage their
customer interactions by simultaneously interacting with a vast number of clients. The
degree of impact is even greater in the consideration stage, where Al voice agents help
customers by suggesting personal recommendations, comparing products and
providing detailed information on products to make decisions. This has been the most
effective stage for Al because customers want reassurance when they have to decide

whether to buy or not.




However, the results have shown that Al voice agents have limited impacts on the last
stage of the buying process which is purchasing the final product. The lack of human
interaction before concluding purchases has made the customers doubtful over the
privacy issues and trust concerns and it has also led to the absence of emotional
assurance on the part of Al agents. Al voice agents thus perform moderately well in
the post-purchase phase, maintaining relationships between the firm and its customers

by ensuring follow-up actions and resolving customer service issues.

In this research, Al voice agents are compared with human sales representatives and
text-based chatbots. When compared with chatbots, Al voice agents are more efficient
and productive in performing repetitive, routine tasks at lower costs and managing
larger volumes of sales interactions. However, compared with human sales
representatives, they underperform in contexts requiring high emotional appeal,
service recovery, and negotiating complex business deals where relationship-building
between two parties is critical. On this basis, this study argues that the hybrid approach
that combines Al's efficiency with human service providers' roles offers businesses

both short-term and long-term advantages.

Furthermore, Al voice agents offer numerous advantages to a business, including
Increased customer engagement and customer experience, conversion rates, sales
performance. There are concerns, about data privacy and security, transparency, to
ensure the safe use of Al and avoid its potential misuse, it is crucial to take a
responsible approach to using Al to maintain customer Protect and foster the
sustainable development of enterprises. This means that voice Al the position of the
agents is one of the most powerful that help businesses and sales. processes of the
present day. The system cannot take the place of human touch, Enhances the sales
process with improved customer relationships and Engagements at various points in
the sales cycle. On that note, personalization, trust-building features, and human-Al
integration will further deepen the influence of Al voice agents on customer purchase

decisions and business sales performance
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ﬁTRODUCT[ON
1.1 Background

1.1.1 Artificial Intelligence in Business.

It can be said that artificial intelligence (Al) is one of the most important technological innovations.
Many businesses today are implementing Al solutions in diverse sectors for efficient management,
customer interaction, sales process and marketing initiatives. Due to the increasing usage of digital
platforms, e-commerce, and the constant communication with customers through the internet,
businesses have changed the communication way with their customers. Nowadays, customers expect
quick response, personalized interaction, convenient support and a seamless customer journey. Thus,
the organization are spending a large investment on these Al based systems to improve

communication with customers while providing high quality service.

Al is widely implemented in a broad range of industries such as retail, e-commerce, finance, health,
education, hospitality and telecommunications. Businesses adopt the applications of Al in their
processes for various purposes, including customer service, product recommendation system, predict
analysis, automatic marketing, sales management, etc. Of all these Al applications, Al voice agent is
one of the crucial systems in order to interact and support customers at sales, since it can provide

instantaneous and human-like service. [ 1][6][11] [8][14][15] [2][3][28]

1.1.2 Concept of Al Voice Agent.

Al voice agents are an advanced type of Al that can communicate with customers through voices. It
usually involves several Al technologies such as Natural Language Processing (NLP), Machine
Learning, Speech Recognition and Conversational Al to understand what customers demand, and to
respond to customers in a timely manner. Businesses can utilize Al voice agents to answer their
questions, recommend products to them, assist them in solving technical problems, handling
complaints, booking appointments, guiding customers throughout their buying processes and more.

BIO7)018] [1][6][11]

In contrast with older automated telephone systems, which sounded mechanical, Al voice agents are
designed to have more natural and human-like conversation with customers. While traditional
businesses have to rely on human representatives or text based chatbot for communication, the former
can understand what customers feel and build customer relationships, but their limitation is the time
and money consuming aspect when handling numerous customer services. On the other hand, text
based chatbots are fast and automated, but their conversation lacks of natural feel. Al voice agents
however are able to balance automation and interaction efficiently to enhance communication with

customers. Currently, organizations are widely using Al voice agents for their customer service, sales




assistant, appointment booking, recommendation, handling complaint and support after sale services.

(11[61[11] [8][141[15] [2][3][28]

1.1.3 Evolution ofg Voice Agents in Sales and Customer Service.

The evolution of Al voice technology has greatly transformed how businesses manage their customer
interactions and sales. Early Al systems were very limited due to its poor natural language
understanding and simple rule-based system. Current Al voice agents however have evolved to
become capable of understanding intent, dialogue context and customer behaviour patterns. What
we've seen is that, with Al voice agents, the use has moved from being a mere customer service tool
to forming customer relationships and creating a great customer experience. It's not just about
customer problem solving anymore; businesses are now working to enhance the entire customer
experience and build lasting customer relationships. These systems can also enable more interactive
and conversational communications. The integration of Al voice agents in online sales and e-
commerce is highly valuable, since clients may need real-time assistance at each level of the sales
funnel. Such systems help increase customer engagement and conversion rates from the stage of
awareness to post-purchase. The dependency on Al voice agents for strengthening relationships with
clients and boosting sales is expected to increase further. [3][17][18] [33][34][35] [1][6][11]
[6]1[13][17] [26][45]

1.1.4 Customer Experience growing importance.

It has already been argued that customer experience is becoming increasingly competitive in the
present world. Nowadays, customers not only value the quality and price of products but they are also
expecting the service provided by the company be fast, reliable, personalised and more
communicative. Companies which are able to create a positive experience will always achieve better
customer satisfaction, higher customer loyalty and repeat purchase. The Al voice agents play a big
role to enhance customer experience by providing a 24/7 service, instant response to customers, and
personalized communication. The system is also capable of interacting with many customers at the
same time without the need to hire new staff and therefore helps reducing operation cost. In addition,
it also enable business to collect and analyze data in order to understand their customers, create better
sales strategies, and offer a personalized purchasing experience with better product recommendations.
As a result, various organizations are implementing the technology ol Al voice agents in their

customer engagement and sales strategies. [3][17][18] [1][6][11] [6][13][17] [18][36] [2][3][28]

1.1.5 The Role of Al Voice Agents in the Sales Funnel.

Al voice agents are utilized in multiple stages of the sales funnel, specifically the awareness stage,
consideration, decision-making, and post-purchase support stages. Customers gain attention by the

Al's fast responsiveness, product knowledge, and interactive communication features when the
2




awareness stage comes. At the consideration phase, the Al voice agents will guide the clients by
comparing products, demonstrating functions, and providing suitable recommendations based on
individual requirements. It assists the customers throughout the process of purchase and reduces their
concerns with intelligent dialogue while helping to convince them for final buying. After the purchase
is made, Al voice agents assist customers to handle their issues through complaint handling, post-
purchase support, following up interaction, and building strong relationship. In order to acquire
maximum utilization of Al voice agents, it can assist customers through whole sales funnel, thus
increases sales conversion rate and strengthens long-term customer relationship. Although, the degree
of usage efficiency depends on many factors such as customers trust, emotional interaction, and

communication quality. [4][11][12] [3][17][18] [33][34][35] [1][6][11] [2][3][28]

1.1.6 Business Benefit of Al Voice Agents.

In summary, there are several beneficial effects in utilizing Al voice agents for businesses. First, these
systems can enhance operational efficiency by handling an overwhelming amount of customer
interactions at the same time, without the need to hire new staff members. Second, they have the
potential to significantly increase the work productivity since tasks like answering frequently asked
questions, making appointments and delivering product information are allautomated by Al systems.
Lastly, by making conversations interactive and individualized, Al voice agents can boost customer
engagement, customer satisfaction and sales conversion rates. Last but not least, through collecting
and analyzing customer data from the conversations, businesses will be able to understand their
customers much better, in turn enable them to further develop their sales and customer engagement

strategies. [33][34][35] [1][6][11] [6][13][17] [18][36] [26][45]
1.1.7 Challenges and concerns regarding Al Voice Agents.

However, Al voice agents are facing some challenges and concerns among business and customers.
Firstly, customers may lack of trust over the system because it might cause misinformation, lack of
emotion and quality of conversation. Secondly, data privacy and security have become one of the key
concerns of users since it may involve storing and using their information throughout interaction
process. Customers are always concerned about where is their personal data saved and how can they
be protected. Ethical issue, including manipulation and data abuse, can also affect the trust from the
customers. Thirdly, the Al voice agents are still lacked of emotional intelligence; they are able to
converse like humans, but are still not able to understand customer's emotions and empathy at critical
times. Therefore, in emotionally intensive situations, or when clients have complaints and major
decision-making concerns, they are still looking forward for human help. [4][11][12] [22][29][31]
[22](29] [1]fe][11]




1.2 Problem Statement

Artificial Intelligence (AI) is transforming modern business operations and gnanging the way
companies interact with customers Businesses are increasingly adopting Al-powered technologies to
improve customer communication, marketing strategies, sales performance, and customer service
efficiency. Al voice agents have emerged as one of the most crucial technologies among them. Since
they can deliver human-like dialogues, customised suggestions, and instant customer support. These
systems use fechnologies such as Natural Language Processing (NLP), machine learning, and speech
recognition to communicate with customers in real-time during the processes. At various stages of
the customer buying process. Al voice agents have become commonplace in industries enhance,
among others, retail, banking, health, hospitality, telecom, and e-commerce.Retail, banking, health,
hospitality, telecom and e-commerce are among the sectors that can be improved. Customer

engagement and business performance. [3][17][18] [33][34][35] [1][6][11] [6][13][17] [8][14][15]
(21[3][28]

The surging rise of digital platforms, online shopping, and automated customer service channels has
Rising customer expectations for quick response times, customization, and customer support.
Growing customer demand for rapid response, customization and around-the-clock service.
availability. Therefore, companies are increasingly reliant on Al voice technologies for managing.
customer interactions efficiently. Yet, even as Al voice agents are gaining traction, there are still
several challenges to address. There is a lack of understanding about how they actually affect
customer perception, trust, emotional and physical connection to the brand. Satisfaction, buying
choices, and lengthy client partnerships. Many organizations are Focusing on Al investment, yet still,
there is doubt whether the customers completely embrace these. whether Al voice agents can actually
drive the desired customer behaviour and the technologies involved. Enhance the effectiveness of

business sales. [4][11][12] [3][17][18] [33][341[35] [1][6][11] [26][45]

1.2.1 Increasing Dependence on Al Voice Technology

Al voice agents enable businesses to enhance their communication and engagement skills, making
them more relevant in today's digital era. customer support activities. The advent of ecommerce sites
and digital services have given rise to robust platforms. wants for effective communication systems
that can quickly offer help and personalized interactions. The customer today demands fast resolution
of his problem, continuous support and convenience. while interacting with businesses. Al voice
agents address these expectations by leveraging Al voice agents, organizations can: Providing live
answers and automated customer support. With these benefits, enterprises are increasingly turning to
these choices for their websites. across different industries are integrating Al voice agents into their

sales and customer service operations. [1][6][11]




While Al voice technology is increasingly popular, businesses are uncertain about its application and
the impact it will have. The acceptance and long-term performance of these systems by customers.
Companies need better An awareness of how customers respond to content created by artificial
intelligence and if systems like this exist. Have a positive impact on customer trust and buying.

[4]1011][12]

1.2.2 Lack of Understanding About Customer Perception

% of the major problems associated with Al voice agents is the lack of clear understanding
Concerning customer perception and attitude towards these systems. Customer acceptance is a factor
in the adoption of information technology. A crucial factor in the effectiveness of any Al technology.
Al voice agents offer a range of advantages.Al voice agents have several benefits. Despite
convenience and speed of communication and access, many customers still feel uncomfortable

communicating with non- human systems. [1][6][11]

Consumers tend to have questions about trust, reliability, emotional understanding and safety of their
personal information. Al systems also have the advantage of their fast response time, which is
appreciated by some customers. and convenience support and others prefer human representatives
which would give emotional support. Comfort, understanding and empathy in complex situations.
Customers might also ask Whether Al recommendations are beneficial or primarily geared toward

eaming company profits. [4][11][12] [2][3][28] [26][45]

Further, customers' perceptions are different based on their age, technological know-how,
Communication style, and prior experience with Al technologies. Businesses therefore face
challenges related to comprehending customer expectations and creating Al systems that meet various

needs. Delivers effective performance with different types of customers. [26][45]

1.2.3 Challenges in Influencing Customer Purchase Decisions

The other significant aspect is the impact that Al voice agents have on the buying decision-making
process. decisions. Companies are increasingly employing Al systems for product suggestions,
answering customer inquiries, and providing product details. answer customers' questions, and lead
the customers in the purchasing process. Despite this, the question remains whether or not Some
people are optimistic about Al voice agents and their potential to impact real-world customer
transactions while others are skeptical. [3][17][18] [1][6][11] [2][3][28] [26][45]

If you're looking to boost your sales funnel from the awareness and consideration phase, Al voice
agents might be able to help. They can give instant information, customized tips, and product
comparisons. Yet, there seems to be a lack of confidence in Al systems for the final stage of a

purchase. decisions, particularly in relation to spending money or making important purchases that




may impact a person's emotions. Human Emotions, confidence and trust remain significant factors in
customers' purchase decisions, and unfortunately, Al systems can't accurately mimic these emotional

elements of communication. [4][11][12] [3][17][18] [1][6][11] [26][45]

1.2.4 Problems Related to Trust and Emotional Connection

Trust and emotional connection are among the biggest challenges faced by Al voice agents. Although
Al systems can imitate human conversations, they often fail to provide genuine emotional intelligence
and empathy. Customers may feel that Al systems do not truly understand their emotions, personal

situations, or concerns. [4][11][12] [1][6][11] [26][45]

This issue becomes more serious during complaint handling, customer frustration, or high-value
purchase situations where customers usually expect emotional reassurance and personal
understanding from human representatives. Customers may also doubt the transparency, fairness, and
accuracy of Al-generated recommendations. If customers believe that Al systems are designed mainly
to manipulate buying behavior for company benefit, their trust in the system may decrease

significantly. [4][11][12] [3][17][18] [2][3][28] [26][45]

1.2.5 Privacy and Ethical Concems

Privacy and ethical issues are significant challenges in the realm of Al-driven customer
communication. Al voice agents gather, work with and assess customer information during
conversations, making Worries about privacy of data, security of data, and the misuse of personal
information. Customers are Becoming more conscious of the nature of gathering and processing

business information. [22][29][31] [22][29] [1][6][11]

There is a common concern among customers regarding the recording, storage, and sharing of their
conversations. without their permission. When customers are not made aware of how their data is
used, it can instill a lack of trust in the organization. discourage customers from using Al
communication systems. Ethical Issues also emerge when Al Persuasive communication techniques
and over personalisation to influence in systems customer decisions. While these techniques can make
salespeople more effective, they can also induce them to do so. Induces a sense of manipulation and
diminishes customer trust in Al systems. [4][11][12] [22][29] [33][34][35] [26][45]

1.2.6 Uncertainty about business effectiveness

Al voice technology is a major investment targeted by businesses with hopes that they will be able to
do what they can in terms of enabling them with Al. Optimize operations, increase the customer
experience, enhance conversion rates, and boost sales performance. performance. In practice, though,

the usefulness of Al voice agents is still not clear since they are not necessarily effective at Different




industries and customer segments can have varying business outcomes. [33][34][35] [1][6][11]

[18][36]

For some companies, the benefits can include better customer engagement and lower operating
expenses, and more. Others might experience issues like low communication quality, customer
dissatisfaction, or similar issues, This leads to customer mistrust and reduced customer trust. The
effectiveness of Al voice agents relies on ariety of factors, including industry. The nature of the
communication, the design quality, the personalization of the communication, and customer

expectations.

1.2.7 Need for the Present Study

The increase in application of Al voice agents in sales and customer service contexts paved way for
this research. The number of usage of the Al voice agents is increasing by every day but, the number
of research study has been conducted on how the Al voice agent affect the customers perception and
purchasing decision and also the company sale has been found to be comparatively lesser. This study
helps to cover the gaps by exploring on how Al voice agents can impact throughout the sales funnel
and the factors affecting the customers trust, engagement, and purchase intent. This study primarily
focuses on the shortcomings, business limitations and ethical issues of the use of the Al driven
customer interactions. Various primary and secondary data sources were used in this study in order to
provide theoretical and practical implication of the topic discussed. The results of this study can assist
in managing business to understand the implementation process of the Al voice agents effectively so
that customers do not lose trust on the system and help to grow the business in the long term.

(41012 [3](17][18] [22][(29] [1][6][11]

1.3 Objectives of the Study

Al voice agents have emerged as a crucial component of contemporary business and sales techniques
as businesses have embraced them. Businesses have welcomed Al voice agents as a vital element of
modern business and sales tactics, and these agents are now playing a crucial role in this area. more
and more are being used to streamline customer interactions, provide fast service, and build customer
relationships. customized experiences. Transforming business challenges into opportunities with the
power of advanced technology such as NLP, machine learning and speech recognition. In recognition
systems, these systems communicate with the clients in a natural and human like way. Al voice agents
These are used in many situations including customer service, e-commerce, sales support and digital.
marketing to improve the level of interaction with customers and influence consumer purchasing
behaviour. As the but as there is greater demand for improved customer experience in the digital

world, companies are investing in it. A keen awareness of the strengths and limitations of Al solutions,
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which are supposed to provide real-time responses and constant availability Good organization and

effective handling of client contacts. [3][17][18] [1][6][11] [8][14][15]

With the growing use@u voice agents, it has become imperative to study @impact of these agents
on customer perceptions, buying behaviors and company sales performance. Although these systems
The advantages of using are quite a lot, such as creating more scalable systems, personalizations and
operational efficiency, these systems do not come without some disadvantages, namely related to
trust, privacy, emotional Communication, ethics and so on. Some customers continue to opt for human
interaction As Al agents might lack emotional intelligence, they may not be able to offer emotional
support during critical purchases. Be able to communicate in a way that conveys reassurance or
understanding of clients' feelings. Given the developments, the current,qhe goal of the study is to
investigate how effective Al voice agents are at each step of the sales journey, In addition to grasping
client responses to Al-powered conversations in sales, you need to understand the reactions of these
clients. scenarios. In the section on the potential, %tations and future direction of Al, the research
focuses n the potential of Al, its limitations, and its future direction. voice agents in enhancing
customer engagement and company performance. [4][11][12] [3][17][18] [22][29][31] [22][29]
[33]1(34](35] [1][6][11] [6][13][17]

1. To explore how Al voice agents affect customers' perceptions of the brand.

%e aim of the present study is to find out the perception of customers towards Al voice agents. in
sales and service situations. The research is aimed at forming opinions of customers regarding the
levels of trust, convenience, quality of conversation, and their overall experience with the Al based
systems. Although the goal is for Al voice agents to mimic the nature of human conversation, The
comfort and reliability that such interactions may bring influences the levels of trust that customers
place in their suppliers. The study also sets out to ascertain if these Al driven systems lead to the
development of positive customer Personal experiences and interactions with a business. [4][11][12]

(1][6](11]
2. To determine how Al voice agents affect customer purchases.

Another goal of this study is to determine how customers' decisions to purchase and decision making
is shaped by the process of shopping. influenced by Al voice agents. The study reveals if the use of
such personalized suggestions, prompt reactions and dynamic interactions motivate customers to
finalize transactions. It also covers whether or not these systems enhance client belief and the closing

sale, guiding them successfully towards concluding the purchase process. [3][17][18] [1][6][11]

3. To measure the efficiency of Al voice agents across the sales funnel.




ﬁe aim of the ongoing research is to test the effectiveness of the Al voice agents at what they do.
Capable of accomplishing throughout the entire sales cycle, from first exposure through follow up
and beyond services. The study attempts to discover the best way these can “catch™ client interest,
offer them something, and get them to return. The study aims to understand how these can capture the
interest of the client, offer something and get them back again. Provide details of different products,
help to compare and increase customer engagement. It also recognizes those stages in the sales
process in which Al agents tend to perform well and others which may still need human assistance.

(B1017]018] [1][6]11]
4. To understand what factors will impact customer acceptance and trust of Al voice agents.

The gucly's aim is to identify the key variables which determine customer trust in Al voice technology.
Factors such as the tone of the voice, degree of personalization, perceived usefulness, reliability, The
use of transparency and privacy aspects of data are treated in detail. It aims to learn how in which
such factors affect customer satisfaction, customer confidence, and the customers' willingness to

communicate with In sales conversations, use Al agents. [4][11][12] [22][29][31] [18][36]
5. To differentiate Al voice agents from human sales agents and text-based chatbots.

Another 1 of the study is to contrast the usage of Al voice agents with other available methods of
Interactions with human agents and chatbots powered by text. The study is designed to find out
Variations in levels of customer engagement, scalability, emotional intelligence, trust and efficiency.
This comparison will provide an indication as to whether Al voice agents have the capacity to fully
Replace human workers or if Al and human interaction can be more effective for businesses.

[4]011][12] [1][6][11] [6][13][17]
6. To examine the effect of Al voice agents on company sales performance.

This research will also seek to identify how Al voice agents contribute to overall company and sales
performance. The impact these agents have on issues such as conversion rates, customer satisfaction
levels, productivity, operational cost savings and operational efficiency will be investigated. The
study further seeks to determine how businesses can use Al voice technology effectively to improve
customer relations and achieve improved sales figures in highly competitive environments.

[33][34](35] [1][6][11] [18][36]
7. To research the ethical issues associated with Al voice agents.

One more aim of the current study is to explore some of the ethical issues surrounding the deployment
of Al voice agents in business environments. The research examines concerns related to data security,

privacy issues, the manipulation of clients, information protection and other aspects. It also seeks to




investigate the way these cthical issues may affect long term customer loyalty towards Al based

systems. [22][29][31] [22][29] [1][6][11]
8. To make suggestions for optimal implementation of Al voice agents.

Lastly, the final aim of this study is to develop some tangible suggestions regarding effective
strategies that firms may adopt to improve the performance of their Al voice agents. This will include
ways to enhance customer experience, meet ethical obligations, and effectively combine the benefits

of Al technology with the human touch to ensure long-term business success. [22][29] [1][6][11]

1.4 Scope of Study

Al voice agents have a substantial part to play in current business activities, including customer
service, sales, and marketing management. The use of Al-based voice systems has grown significantly
over recent times to facilitate improved customer communication, personal support and overall
customer experience. Rapid development of technological infrastructure and customer online
activities means that business organizations can identify solutions to cater for fast responses, constant
support and efficient customer transactions. Al voice agents are presently utilized in numerous sectors
such as banking, e-commerce, telecommunications, health services, hospitality, and retail to aid

customer support and business expansion. [1][6][11]

The current research study is geared towards the effect that Al voice agents have on customers and
purchase behavior, as well as overall sales performance of business organizations. Within the range
of this study is how Al voice agents can improve sales funnel activities and customer communication.
Also examined in this study are potential opportunities, limitations, and challenges to Al voice
technology, and the possible application in sales and customer relationship management. [3][17][18]

[331(34](35] [1](e][11]

1.4.1 Customer Perception Area:

The study is about examining customer perception via communication, trust, convenience of using,
personal satisfaction, as well as customer comfort while dealing with Al voice agents. The study
investigates how customer experience of Al systems, human agents, or even text-chatting bots can
determine customer choice of using any sales agent. The voice characteristics such as tone, accent,
speech pace used to interact with customers also effect customer's approach to the Al voice agent.
[4]1][12] [1][e][11] [26][45]

1.4.2 Customer Purchase Decision Area:

10




This part of the study is to figure out how an Al voice agent can influence a customer's purchase
decision. Is it about Al's recommendation to buy the product or it influences selection and final
decision? It's also about the emotional comfort level, utility, and trust in the system; and how the
human agent still has an edge while in certain circumstances before the purchase decision, customer
prefers to get human help. [4][11][12] [3][17][18] [1][6][11] [2][3][28]

1.4.3 Sales Funnel Area:

The study examines the suitability of Al voice agents at different stage of sales funnel including
awareness, consideration, decision making and after sale supporting. The study assess the
effectiveness of Al agents based on immediate response, recommendation ability, complaint handling
skill, customer support, as well as the effectiveness at each stage of sales funnel in contrast to human

agents. [1][6][11] [2](3][28]

1.4.4 Business Performance Area:

The section discusses on the business performance by checking sales conversion rate, retention rate
of customer, operational efficiency and business scalability, the cost reduction and the effectiveness
of Al agents in handling the mass of customers and enhancing their satisfaction as well as sales

performance. [33][34][35]

1.4.5 Comparison Area with Human sales representatives:

The research compares Al voice agents to human sales representatives based on different aspect such
as voice quality, understanding of emotion and trust by the customer, business scalability, and overall
customer satisfaction as well as compares areas where humans agents stand better than Al (especially

on emotionally driven complex situation) or vice versa. [4][11][12] [1][6][11] [18][36]

1.4.7 Future Trends and Development Area:

Also included are the possible future trends in voice agent technologies, the study talks about
increasing intelligence level to understand human emotion, learning capacity of Al systems as well

as the advancement of customization and integration within CRM systems. [1][6][11] [26][45]

The research confirms that future will be heavily invested in Al voice agents as part of the
communication in modern business environments, with an increased need for customer trust and

balance between Al systems and human communication. [4][11][12] [1][6][11] [26][45]

This research study explores all the related factors of Al voice agents, from the customers behavior
toward the system, to their purchase decision-making process, the business gains, and the issues
associated with ethical implications and future prospects of the technology. By providing the

exploration of the practical and theoretical aspects of Al voice agents and the related business

1"




implications, the research provides a comprehensive review of how this emerging technology can
alter current sales and customer service activities. These results will benefit companies to understand
all pros and cons associated with the Al voice agents' implementation and how to incorporate them
effectively into their business processes in order to increase customers engagement, and improve their

sales. [3][17][18] [22][29] [1][6][11]
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Literature Review
2.1 Theoretical Foundations and Conceptual Frameworks of Al Voice Agents

With the wide usage of Al voice agents in sales, customer service, and marketing industries, various
marketing, psychology, consumer behavior, and information system scholars developed different
theoretical models to understand how consumers engage with Al voice agents and how the systems
affect consumers trust, engagement, satisfaction, and intention to buy. These theories assist companies
to understand why customers adopt or reject Al based communication systems and how Al voice

systems impact on present-day buying behavior. [4][11][12] [3][17][18] [1][6][11]
2.1.1 Uses and Gratifications Theory (UGT)

The Users and Gratifications Theory (UGT) posits that customers use certain media for personal
satisfaction and to meet their own purposes and needs. The main reason customers use Al voice agents
is convenience; thus consumers use Al voice assistants to have faster communication, efficient
searches for goods and easier buying procedures during the purchase processes and finally achieve
time-saving and workload reduction to improve decision making for online purchase tasks.

[(B1007](18] [1][6]11]

iEe key benefits of using Al voice agents are: entertainment, convenience, cognitive aids, and
personalization. Researchers are also adopting UGT with technology adoption theories to understand

customer behaviors toward voice commerce and Al supported purchasing environments. [1][6][11]
91.2 Technology Acceptance Models (TAM, UTAUT, ECM)

Technology Acceptance Models (TAM) were some of the most commonly utilized theories in research
concerning Al voice agents. The factors which most impact customer adoption of Al voice assistants

include TAM, UTAUT and ECM model: [1][6][11] [4][40]
- Perceived usefulness

- Ease of use

- Performance expectancy

- Customer satisfaction

- Confirmation of expectations

The main argument of these models is that Al voice assistants are highly to be adopted if they improve
efficiency, offer useful recommendations, and fulfill customer expectations once usage has been

performed. [1][6][11] [2][3][28]
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2.1.3 Resource Scarcity Theory

Resource Scarcity Theory is the model explaining that customers prefer the use of technology that
save time, efforts, and cognitive resources. In current market, customers are under high-pressure due
to information overflow and they are time-constraint to search and make a purchase decision. The Al
voice assistants, however, streamline purchase decision making by providing quick answers and
accurate recommendations based on customer requests, thus reduce consumers' cognitive load and

increase shopping efficiency in online purchasing behavior. [3][17][18] [1][6][11] [2][3][28]
2.1.4 Surrogate Shopping and Al Delegation

The concept of surrogate shopping describe the process where a consumer outsources the purchasing
role to an intermediary, such as salespeople and other agents. The role of the intermediary in
traditional settings has recently been assumed by Al voice agents to play a part as a shopping assistant

to customers. [1][6][11]

Customer ftrust and responsibility are delegated to Al systems through recommendations and
automated processes, making anthropomorphic voice agents important to build trust, authority and

alignment with customer values. [4][11][12] [1][6][11] [2][3][28] [26][45]
2.1.5 Heuristic-Systematic Model (HSM)

The Heuristic-Systematic Model (HSM) offers an account for the consumers processing information
transmitted through an Al voice assistant, with two modes: The heuristic processing (simple and rapid,
and it implies low-involvement buying contexts), and the systematic processing (comprehensive and
requires high-effort, it implies high-involvement buying contexts). Thus, while convenience and brief
recommendations drive low-involvement products, high-involvement product purchase are driven by
deep emotional reassurance, self-confidence, and detailed purchase decision evaluation of an Al voice
agent; the theory explains why customers will react differently to the recommendations of an Al voice

agent. [3][17][18] [1][6][11] [2][3][28]
2.1.6 Anthropomorphism and Uncanny Valley Effect

Anthropomorphism is defined as giving anthropomorphic characteristics to Al systems. The
development of Al voice assistants with human-like voices and communication patterns enhance
customer interaction engagement and emotions. Conversely, extreme anthropomorphism can cause
humans feel uneasy and "uncanny," known as uncanny valley effect, and research suggest that
appropriate anthropomorphism enhances trust and emotional intimacy between consumers and the
system; while a high level of human likability will raise human fear and unease toward an Al
(410127 [7I[BICL3] (71091 [11[61(11] [8][14][15] [26][45]

2.1.7 Behavioral Reasoning Theory (BRT) and Engagement Dynamics
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BRT accounts for both positive and negative reasoning behind Al adoption among consumers. Trust,
fulness, ease of use and convenience will have positive effects, while privacy concerns, fear of
data security and privacy will create resistance in customers to adopt the technology. Such factors
contribute to understand the differing engagement behavior exhibited by customers toward Al

[41[11][12] [22](29][31]
2.1.8 S-O-R model and the Impact on the Customer Journey

?he stimulus-organism-response (S-O-R) model posits that certain stimuli of an Al voice assistant
affects the organism (customer's emotions and mind) then triggers responses (behavior). The stimulus
are the quality of the communication (voice, language) of Al the personalization ability of the system,
and the relevance of product recommendation; the organism could be described as a stimulus such as
customers' trust in the Al, customers' excitement and satisfaction from interactions. Finally, the
response would be reflected by customer's willingness to make a purchase and their future behavior
and loyalty toward an Al voice assistant. The model can demonstrate the impact of Al voice agent on

customer journey across stages. [4][11][12] [3][17][18] [1][6][11] [2][3][28]
2.2 Psychological Mechanisms and Consumer Perceptions of Al Voice Agents

Psychological mechanisms such as trust, emotional bonding, anthropomorphism and social presence
have a great impact on the nature of human-computer interactions. With its anthropomorphic design,
Al voice agents can enhance the interaction engagement and emotions, making it seem more natural
and human like. Nevertheless, too high level of resemblance can trigger an "uncanny valley" effect.
Trust formation is the critical psychological factors in determining customer's Al voice agents'
adoption, the competence, the friendliness and the transparency of the Al voice assistant may boost
the users' confidences. Voice-related features like tonal patterns, interactional behaviors and

emotional expressions can further enhance it. [4][11][12] [7][8][13] [7][9] [1][6][11]

Compared with chatbot, Al voice assistant is capable of creating a stronger social presence and deeper
emotional engagement with users. Convenience, emotional investment, usefulness, perceived ease of
use, and confirmation of expectations were recognized as important psychological drivers that
strongly influence customer purchase intentions and satisfaction from interaction with AL [3][17][18]

[1][6][11]
2.3 The Impact on the Customer Journey and Purchasing Decision Processes

Al voice assistants have significantly influenced customer buying behaviors throughout various
phases of the customer journey. During the awareness and consideration stages, Al assistants
streamline the search process and deliver personalized recommendations which stimulate consumer'

interests in the product or service. At the evaluation and decision-making stages, voice shopping
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agents are proved to boost consumers' willingness to buy by expediting the process and providing
accurate information to meet consumer demands. Several studies have also demonstrated that Al
enabled shopping can improve customers' purchasing volume and intention by utilizing the efficiency
and personalization throughout the purchase journey. At the post-purchase stage, Al agents facilitate
the continuous engagement and loyalty of customers with services like follow-up communication,
problem solving, and individualized recommendations. Human-like Al agents also foster the
emotional bond between customers and their brand. Al could also contribute positively and negatively
to customer purchase decision process. While the function of Al is providing easy shopping
experience with fast response and useful recommendation to the customers, it might create an
apprehension and fear on the manipulated consumer due to excessive personalization and persuasion.
Emotional factors such as reduced cognitive load, arousal, anthropomorphism, and trust are found to
be significant drivers to explain customer responses toward Al voice agent's recommendations.2.4.
Trust, Privacy, and Ethical Considerations in Al Voice Interactions [4][11][12] [7][8][13] [3][17][18]
[22][29][31] [22](29] [1][6](11] [B][14](15] [2][3][28]

The increasing use of Al voice assistants raises important concerns regarding trust, privacy,

transparency, and ethical implementation. [4][11][12] [22][29][31] [22][29] [1][6][11]
2.4 Trust, Privacy, and Ethical Considerations in Al Voice Interactions

Trust, privacy, and ethics are among the most important concerns related to Al voice assistants in
customer interactions. As Al systems become more involved in customer communication and
purchase decision-making, customers are becoming increasingly concerned about how these systems
operate, collect data, and influence behavior. Trust plays a critical role in determining whether
customers are willing to rely on Al voice agents for shopping, recommendations, and customer service

activities. [4][11][12] [3][17][18] [22][29][31] [1][6][11] [2][3][28] [26][45]

2.4.1 Theoretical Foundations of Trust Development

Trust development in Al voice interactions is influenced by both emotional and cognitive factors.
According to theoretical models such as the Heuristic-Systematic Model (HSM), customers develop
trust based on perceived competence, usefulness, transparency, and emotional comfort during
interactions. When it comes to trusting Al systems, accuracy is critical. If a system provides correct
information, reliable recommendations, and works as expected time after time, customers are likely

to believe it. [4][ 111[12] [2][3][28] [26][45]

Social presence, which also impacts trust development, comes from how the system interacts with
the customer. Having anthropomorphic features and communicating in a human-like manner helps
make Al seem trustworthy and engaging. Customers often respond positively and perceive Al with

warm, competent and conversational tones as more reliable. [4][11][12] [8][14][15] [26][45]
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Customer's experiences with Al over time are also important to trust building. Customer experience,
particularly the satisfaction or dissatisfaction gained from an interaction, has been identified as an
element that will encourage or discourage usage. Customers become more likely to trust a system that
has been responsive to their needs, and continued use will build that trust further. Conversely, poor
recommendations, failed communication or unreliable functionality will erode customer trust and
lower acceptance. It's important, therefore, for businesses to maintain consistent quality, transparency,

and reliability to sustain customer trust over the long term. [4][11][12] [2][3][28]

2.4.2 Privacy Concerns and Data Security Challenges

A major barrier of the acceptance and usage of Al voice assistants concerns privacy. When people
interact with an Al system, the system has to collect, store and process data such as voice recordings,
history of purchases, and other personal information and behaviors. Many customers are skeptical
about the collection, use and storage of this data and about whether conversations can be recorded.

[(B1017](18] [22](29][31] [1][6][11] [26][45]

In particular, % lack of transparency in the collection, use and storage of personal data reduces
customer trust in the Al technology and the unwillingness to use the system if the data are used

inappropriately or stolen. [22][29][31] [1][6][11]

In order to win customers' trust and adoption, it is vital that businesses have a secure data protection
system, a way to store the data safely, and transparency on the ways it is collected and used.

[41001][12] [22][29](31]

2.4.3 Ethical Implications and Fairness Consideration

The ethical implications include manipulative suggestions, lack of transparency and unfair treatment
of the customers. Customers increasingly expect that an Al system offers them fair recommendations,
rather than employing manipulative selling tactics to gain revenue for the business. [22][29]

[1](6][11] [2][3][28] [26][45]

Also, the possibility of unfair treatment because of the data collection patterns and the risk of
manipulation and unfair recommendations can deter customers. For example, customers might not
feel comfortable with the idea that the Al is overly persuasive or has a manipulative communication

style, especially without a transparent explanation on how it works. [22][29] [2][3][28] [26][45]

Transparency and accountability in the design and use of the system are therefore important.
Businesses should ensure that Al systems provide fair treatment to the customers, avoid manipulative
suggestions and can explain their recommendations and interactions. [4][11][12] [22][29] [2][3][28]
[26](45]
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2.5 Empirical Evidence and Performance Metrics of Al Voice Agents in Sales

Empirical research demonstrates clear advantages for using Al voice agents to improve business
performance, operational efficiency, and customer satisfaction. Research reveals a substantial
improvement in the conversion rate, customer engagement and performance for Al voice systems in

various industries. [33][34][35] [1][6][11] [6][13][17] [18][36]

Al voice systems can obtain a higher conversion rate during sales than normal methods due to
following factors: Quick response time of the Al system can reduce the waiting time and increases
the user interaction. Al voice systems provide recommendations and suggestions to the user according
to their interests and behaviour. The voice systems can give a quick conversational speed that will
enable businesses to interact with customer quickly. The Al systems are improving with time due to

ongoing optimization [33][34][35].

The systems can increase the customer satisfaction as well in many aspects: natural conversational
system which allow user to communicate more naturally with the system. Instant problem resolution
can make the customer more satisfied. Systems provide constant support 24/7 which allow customer
to interact with the system anytime. It significantly reduces the cost as many of the customer service

processes can be automated [18][36][26][45].

There are a set of important performance measures which can measure the efficiency of the Al voice
agents, these measures are: conversion rate is a rate of users successfully converting to sale.
Connection rate measures that rate how the Al voice agent connects with the user. Voice quality
ensures that the voice can sound natural and it will give a better user experience. Personalization
measure shows how well the system performs by tailoring their interaction towards customer's needs.
There is also a set of performance measure: first-call resolution rate, average handling time, customer
satisfaction, and cost reduction [1][6][11].Specific industry studies for the finance, health care,
hospitality, retail and e-commerce sectors indicate that Al voice systems boost operational efficiency,

customer interaction and revenue.
2.6 Future Research and Implementation Challenges

Though %eﬁts of Al voice agents are numerous, there are still some gaps and implementation
challenges within the research. Studies currently lack a combined perspective that bridges the research
topics across various disciplines of marketing, psychology, and information systems into unified

theoretical frameworks. [1][6][11]

Additional studies also need to be conducted on: Long-term customer behaviors, Cultural variations
of the adoption of AL, Overtime relationships between human and Al trust, Emotional feedback
toward Al, and Cross-cultural validity of findings.
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Some of the remaining issues that research will face include the technical challenges of delays in
response, factual accuracy, limited emotional intelligence of Al systems, as well as issues with
multimodal integration. Ethics, regulation, privacy, transparency, algorithmic bias, and data security
continue to pose a global threat and an implementation challenge. Researchers further argue that
improved evaluation systems, anthropomorphic design and a more human-centered model of
communication will be required. It is expected that further development will include a convergence
with other future technologies like augmented reality, blockchain, predictive analytics, and integrated
systems for omni-channel customer experience. Overall, a balance between technical proficiency,
user trust, emotional comfort, and ethical responsibility is deemed important by most

researchers.[4][11][12] [22][29][31] [22][29] [26][45]
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RESEARCH METHODOLOGY

Research methodology is an indispensable ect of any research study, as it elaborates on the
processes and methodologies employed in data collection, analysis, and interpretation. Such
techniques help ensure a systematic, reliable, and objective study. This research study, "The Impact
of Al Voice Agents on Customer Perception and Purchase Decisions," focuses on the evaluation of
Al voice agents' effects on customer behavior, trust in Al, purchase concerns, and sales outcomes in

various sales funnels stages. [4][11][12] [3][17][18] [33][34][35] [1][6][11]

Furthermore, it intendsg examine the influence of Al voice agents on customer interaction, purchase
decisions and to support business communication. Given the increasing use of artificial intelligence-
based communication system in sales and customer services, this study aims to offer a research and
operational understanding on how customers response to Al voice agent-based communication.

[1][6](11]

The study process has addressed research design, process of collecting data, sampling method,
instruments used for collecting data, analytical instruments, and statistical methods used for

interpretation of the collected data.
g Research Design

The present research is descriptive and analytical. g descriptive research design was adopted to
identify the customer perceptions, opinions, and behaviors that are affected by Al voice agents. The
analytical technique helped to determine relationships between multiple factors, including trust in the
Al, the quality of the communication, purchase consideration, and customer comfort while making

the purchase decision. [4][11][12] [3][17][18] [1][6][11]

The research seeks to highlight the patterns, the attitudes and the behaviors of the customers regarding
interactions with Al-powered sales channels. It also helps in measuring the effectivity of Al voice
agents at different stages of the sales funnel such as in the awareness, the consideration and final

purchase stages. [3][17][18] [1][6][11]

Both quantitative and interpretive analysis have been utilized. Quantitative measures assist in
numerically representing the customer responses. Interpretative methods are used to establish the

business implications and patterns of the customer behaviors.

3.2 Sources of Data Collection
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Both primary and secondary data collection methods were incorporated to ensure an equitable and

extensive understanding of the subject matter.

3.2.1 mmag Data Collection

Primary data refers to the original information that is obtained directly from the respondent for a
research study purpose. In this case, the data has been gathered using a structured questionnaire

survey. The survey was developed considering the objectives and limitations of the research study.

The dataset collected for the study included multiple important attributes about customer perception
and experience with Al voice agents. Attributes included customer familiarities with the Al voice
agent (indicating how experienced they are), customer human likeness in their perception of
communication (indicating if the customer finds Al natural in its response and interaction with
customers), and customer perceived comprehension of Al (indicating the extent to which they feel
the Al understood their statements and answers), customer naturalness in their flow of Al conversation
(indicating if their interaction feels smooth), and customer belief of the given information from the
Al (indicating how trustworthy they believe the given answer and recommendation is), customer
purchase intention and comfort with purchasing via Al voice agent, and comparison of customer

experience with Al voice agents compared to the experience with human agents.

The study also investigaéawd customer annoyance with Al calls, and perceived impact of Al
purchase. Majority of the questions were based on a Likert Scale to quantify the response on a scale
that is based on customer's perception and opinion. Online distribution of the questionnaire was
conducted via various online channels such as Google Forms. Students, working professionals, and
individuals with previous experience of Al voice or automated services were the subjects of this

survey.

Online distribution was deemed more cost-effective and faster. This enabled quick retrieval of a large
number of survey responses, which were used to generate both statistical information and analytical

insights.

%.2 Secondary Data Collection

Secondary data, from various sources of useful and helpful information, were collected to enhance
the researchers' understanding of Al voice technology and customer behavior. Examples of such
sources include research papers, academic journals, industry reports, business articles, online
databases, and numerous others of published studies and reports regarding Al voice systems and
customer purchasing behavior. The usage of secondary data aided in accumulating existing
knowledge, findings and expert opinions from various researchers and organizations who study this

area of research.
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The usage of secondary research mainly contributed to the development of an understanding based
on pre-established theoretical frameworks and findings from other sources already available, while
supporting the literature review by assisting the identification of significant trends, concepts, and
correlations between Al voice agents and customer behavior and providing valuable background
information on the matter. In this context, by using these different sources, the research was able to
compare and present different viewpoints in relation to how Al communication technology is used

and accepted by customers within present-day business contexts.

A significant number of theories were drawn from the literature review to explain customers'
perceptions and decision-making toward the use of Al voice agents: the Technology Acceptance
Model (TAM) explained how customers will accept and use a certain technology [7]; the Heuristic-
Systematic Model (HSM) explored the way how human process information and makes decision [4];
the Behavioural Reasoning Theory (BRT) helped explain the reasons of customer behavior and
decision-making; the Elaboration Likelihood Model (ELM) explained how persuasion can influence
customers' attitude towards something [8]; the CASA Paradigm investigated people's social reaction
to computers and humanlike agents [13]; and finally, the Persuasion Knowledge Model (PKM)

explained how customer understand the persuader's persuasion strategies and knowledge [1].
3.3 Sampling Method and Sample Size

The sample was selected by Convenience sampling method, as the accessible population can be easily
approached and sampled. The survey questionnaire was largely circulated using social media
websites, personal networks and the internet. The sample had a total size of 94. The members of the
sample had various ages and came from different working sectors, and professions (students and
working people) thus enabling varied opinions to be collected. However, this method may introduce
sampling bias, as the sample over-represents younger, digitally-literate individuals (students) and y

not be generalizable to older or less tech-savvy populations.
3.4 Data Preparation and Cleaning

The responses were taken from the questionnaires which were completed by the respondents, these
questionnaires were scanned, for inconsistencies and gaps, they were cleaned up and restructured in

Microsoft Excel. The clean data was then imported into Python.

The clean data was uploaded to the Python Google Colab notebook using relevant python modules,
so that analysis could be performed, data could be visualized, all variable names was transformed into

a better format for statistical analysis.
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3.5 Tools and Software Used

A variety of Python programming language tools and modules were utilized in conducting statistical
analyses for this study, largely on the Google Colab environment. The Python programming language
was chosen as the preferred language for its efficient capacity to conduct data analysis, statistical
computation, visualization and machine learning operations. Google Colab was chosen for the fact
that it provides a convenient, quick, and efficient method of running python code, manipulating data,
and carrying out sophisticated statistical operations without requiring extensive local hardware or

resources.

Critical python modules were involved in the research process as follows; pandas was used for data
collection, compilation, cleaning, and manipulation enabling more convenient and efficient handling
of extensive data sets, NumPy was utilized for numerical computation and calculation; for example
using array and matrix operations, matplotlib and seaborn was used to visualize the data with graphs,
charts and plots so as to enhance its understanding of patterns. SciPy was used to carry out scientific
and statistical computations; statistics tests and regression analyses were done with statsmodels, while

machine learning and predictive analytical operations was done using scikit-learn.

Factor Analyzer was beneficial when doing factor analysis as it helped detect patterns that existed
within the variables in the dataset, also pingouin was employed to carry out advanced statistical
analysis and tests.The above-mentioned Python modules were utilized to handle and organize data,
for visualization, for testing various hypotheses, for determining relationships between variables
using correlations and regression analyses, for identifying inherent patterns using factor analysis, and

for analyzing different stages of the sales funnel.
3.6 Statistical Techniques Used

Various statistical methods and analyses were employed in the current research study to examine

customer feedback. The methods used include:

1. Descriptive Analysis: Used to present basic descriptions and demographic characteristics of the
respondents. Various charts and graphs were employed to exhibit the responses and patterns shown

by the customers.

2. Reliability Testing: Cronbach's Alpha test was used to analyze the internal consistency and
reliability of the questionnaire. A high Cronbach's alpha score would indicates that the scale used to

collect data is statistically reliable.
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3. grrelation analysis: Pearson correlation was utilized to explore the relationships between various
customer behaviors with each other: Trust and consideration toward purchases, naturalness and
influence, smooth flow and trust, Al understanding of products and purchase behavior. Correlation
coefficients are computed that indicated how strongly two variables are related to each other and

direction of the relationship (positive or negative). [4][11][12] [3][17][18]

4. Hypothesis Testing: various hypothesis are tested based on the information that has been collected,
to conclude whether Al voice agents have a significant effect on the perceptions and purchasing

decisions. Pearson Correlation analysis was primarily used for hypothesis testing. [1][6][11]

(116]
5. Regression Analysis: Multiple Linear Regression was used in this research to study the effect that
different variables has on customer purchase consideration and purchase comfort. This shows how
independent variables predict behavior of customers toward purchasing decision, if it was confirmed

from hypotheses that correlation exists between different variables. [3][17][18]

6. Bootstrapping analysis: The purpose of the bootstrapping technique is to provide an empirical
measure of variability for each coefficient of the regression and to verify the robustness of the model
estimates across multiple samples. It generates more stable and reliable estimates of the coefficients

than a standard one-time calculation would otherwise do.

7. Factor Analysis: Factor analysis was used to simplify complex relationships between numerous
survey variables by reducing them to a few underlying latent factors. This analysis enabled the
grouping together of similar variables to provide insight into the common underlying issues impacting

customer experience with Al voice agents. [1][6][11]

8. Group Comparison analysis: T-test and Chi-square analysis were conducted between groups of
respondents to find significant associations among the variables and also among different customers

to see how their opinions vary depending on their age group and career background.

9. Sales Funnel analysis: Analyzing sales funnel helps to assess and compare the effectiveness of the
Al voice agents at various stages of the sales journey, namely: awareness, consideration and final
purchase. Average scores for each of the sales funnel stages were calculated, to determine the role
and contribution of the Al voice agents throughout these stages.3.7 Limitations of the Study
(3I17](18] [1][6]11]

3.7 Limitation

While this study sheds light on important insights into Al voice agents and customers behavior, there

are few limitations that should be mentioned: [1][6][11]

® The size of the sample consists of 94 respondents only.

* Mostly convenience sampling was used.
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e Response based on customer opinion and personal judgment.
e Conducted within a shorter duration of time.

o Customers behavior is likely to differ depending on the industry and country of location.

Notwithstanding these limitations, the study has made an insightful contribution in understanding

the efficacy of Al voice agents in today's business sales and communication settings. [ 1][6][11]
3.8 Conclusion to Research Methodology

This research methodology applied helps in analyzing the g'fects of Al voice agents on customer
perception and purchase intentions. This uses both primary and secondary research and utilizes
advanced statistical tools like python, to give both the practical and theoretical aspects of customers
behavior toward Al voice technology. Application of multiple statistical methods like correlation
analysis, regression analysis, hypothesis testing, bootstrapping, factor analysis and sales funnel
analysis, the findings are reliable and accurate. Hence this methodology helped to obtain accurate

data required in achieving research objectives. [3][17][18] [1][6][11]
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4.1 Data Collection (Sources and Approach)

Eﬂa collection is an important part of every research study because the quality of research findings
depends on the quality of data collected. In thisgudy titled “Impact of Al Voice Agents on Customer
Perception and Purchase Decisions™, both primary and secondary data collection methods were used
to understand how Al voice agents influence customer behavior, engagement, trust, and purchase

decisions. [4][11][12] [3][17][18] [1][6][11]

The investigation aimed at understanding how customers use Al voice agents at each level of the sales
funnel including awareness, consideration, purchase decision and after sales service. The study aimed
at customer satisfaction, personalization, communication quality and privacy. [3][17][18]
[22][29](31] [1][6](11] [18][36] [26][45]

4.1.1 Primary Data Collection

Primary data was gathered directly from the respondents through an interview based questionnaire
survey. The questionnaire was formulated in a clear, understandable and simple language so that the

respondents from varied backgrounds could understand it without any difficulty.

This questionnaire was composed of both closed-ended and opinion-based questions. These questions
are aimed to gain insights on the customers perception, experience, and attitudes toward Al voice
agents. Customer awareness towards Al voice agents, frequency of customer interaction with Al, level
of trust towards Al recommendations and customer satisfaction toward the communication with Al
are part of the questions. This questionnaire also examined the impact of Al on customer purchasing

decisions and customer opinion toward Al agents versus human representatives were explored.

Moreover, quality of personalization and recommendation from Al systems and customer concerns
over security and privacy issues are also part of the question. The questionnaire also raised general
customer perception towards Al systems on the rise in sale and customer service environments with
different form of questions which includes closed-ended questions and opinion-based questions so

that both quantity data and opinion-based data from customers were gained.

The questionnaire was administered on the Google forms because it is cost-effective and time-saving
while efficiently collecting large number of answers from customers. The question was disseminated
through social media, online communities and networks to recruit a wide range of respondents
including students, working professionals, online shoppers and general internet users who have been
using Al based customer service or voice assistants before. All participants answered this survey

voluntarily and were asked to report answers that were truthful and objective. [1][6][11]
26




Once all the survey data was collected and confirmed, both duplicate responses and missing answers
were excluded so that reliability of the data set is maintained. Final data set was organized
systematically and made available for statistical analyses. The primary research was used to
understand the true experience of customers, trust of customers, customer comfortability, and

influence of Al voice agents in customer buying behavior. [4][I1][12][3][17][18][1][6][11]

4.1.2 Secondary Data Collection

To enhance and build knowledge about Al voice technology and its implementation in the business
and sales context, secondary data were gathered from multiple reliable and pre-existing sources.
Research papers, academic journals, industry reports, published articles, conference papers, books,
online databases, and business case studies were among the secondary sources. Use of secondary data
allowed gathering of pre-existing knowledge, professional views, empirical evidence, and theoretical

ideas related to Al voice agents and consumer behavior.

By studying the secondary research it enabled a better understanding of both theoretical and practical
implementations of Al voice technology within business contexts. It enabled to understand the way
companies utilize Al voice systems in customer services, sales communication, and marketing tasks.
The selected literature also gave insights to the potential of the technology and its advantages and

disadvantages in improving customer experience and business efficiency.

A number of essential theories were explored and analyzed in order to support the research and
understand consumer attitudes toward Al systems. The Technology Acceptance Model (TAM)
explored the ways by which new technology would be accepted by consumers based on the principles
é#]:erceived usefulness and perceived ease of use. Also study of The Uses and Gratifications Theory
(UGT) help to identify why customers interact with Al systems and what kind of satisfaction and
value they derive from it. Behavioral Reasoning Theory (BRT) helped explain behavior based on
reasons and argumentation, while Heuristic-Systematic Model (HSM) analyzed information

processing during interaction with Al systems.

% Stimulus-Organism-Response (S-O-R) Model was employed to examine how external stimuli,
such as human-like interactions with Al systems, affect human emotions and subsequent behavior. In
addition, the Anthropomorphism Theory explored the human tendencies to relate the concept of a
conscious agent to non-living objects and creatures; to think of an inanimate thing or entity as being
like a human. All these theories were useful for examining customer trust, perceived usefulness,

emotionality and behavioral responses toward the usage of Al voice agents. [4][11][12][26][45]
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Through analysis of secondary data many advantages and disadvantages were recognized when
working with Al voice agents. Some advantages of Al systems identified were the opportunity of
engaging customers better, providingpersonalizedrecommendations and enhancing business
operational efficiency. At the same time the limitations researchers found, included privacy, ethical
issues, lack of emotions and no ability to understand humans and complex conversations.

[22][290(31][22][29] (1 ][6][ 11 ][6][13][17]
4.1.2 Research Approach

In order to broaden and increase our knowledge and understanding of Al voice technology and the
implications of Al voice technology in the context of business and sales activities, secondary data
was collected. This secondary data was gathered from a variety of trusted and already existing
resources, such as research papers, academic journals, industry reports, articles published in
magazines and on the web, conference papers, books, databases, and business case studies. In essence,
by using secondary data sources, we were able to gather existing knowledge, expert opinion, factual

findings and theoretical ideas pertaining to Al voice agents and customer behavior.

Our examination of secondary research revealed the nature of the theoretical and practical application
of Al voice technology in business organizations, in particular identifying ways in which businesses
apply Al voice agents in customer support, sales communication and marketing activities. Literature
reviewed offered critical insights into the pros, cons and future potential applications of Al voice
technology within business organizations, to facilitate improvement of both customer experience and
operational performance, and provided a grasp of industry trends, customer expectations and

challenges related to Al communication systems.

Various important theories were reviewed and explored which aided our understanding of the topic.

¢ Technology Acceptance Model (TAM) which indicates that customers accept and adopt new
technology based on usefulness and ease of use, and The Uses and Gratifications Theory (UGT),
which provided an explanation on the underlying reasons of customer engagement with Al agents and
the resulting value, satisfaction and benefit they acquire was used to establish why customers interact
with Al agents and what type of value and satisfaction is attained. The Behavioral Reasoning Theory
(BRT), which explained customer behavior through a decision-making process, and the Heuristic-
Systematic Model (HSM) which explained how individuals process information in the face of Al
systems, were also investigated and explored to aid the study and enhance our understanding of

customer attitudes and behaviors in relation to new technology.
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Finally, %e Stimulus-Organism-Response (S-O-R) Model and Anthropomorphism Theory, the latter
pertaining to the assigning of human traits, emotions and personality to non-living or technical objects
such as Al voice agents, were analyzed so as to better comprehend the response of the customer based
on stimuli, their emotion toward an Al agent, and the final reaction toward the human like nature of
Al voice technology and consequently, customer behavior. These theories allowed for analysis of
customer trust, perceived utility, affective connection, communication experience, and customer

behavior toward using Al voice agents. [4][11][12][26][45]

As part of our analysis of secondary data, various pros and cons relating to Al voice agents were
identified. Pros such as improved customer interaction and communication, increased
personalization, high customer service responsiveness and better operational efficiency for
businesses, among others, were reported in the literature. The reduced operating cost and constant
availability of customer service to businesses also proved beneficial, as did support to businesses
during low availability. However, some critical limitations to Al voice technology that were
recognized include privacy issues, ethical considerations, poor emotional intelligence and difficulty
in  understanding and  interpreting complex human  emotions and  speech.

[22]29](31][2Z])[29][1][6][ 11][6][13][17]
4.1.3 Data Analysis Method

Once all the responses were collected, they were organized and cleaned meticulously, and the data
analysis was carried out in an organized manner for the validity and reliability of the data,
concentrating primarily on various crucial areas related to Al voice agents and customers. These were
customer trust towards Al system, Al impact on customer purchase intention, customer engagement,

communication efficiency, customer satisfaction level while interacting with Al voice agents.

Furthermore, the comparison between Al voice agents and human representatives was studied to
determine customer perceptions and preferences about both the types of communication;
effectiveness of Al voice agents through the entire sales funnel; interaction of customers, conversion
of lead, purchase facilitation; also,ﬁcal concerns related to Al systems, concerns about data privacy,
and responsible usage of the Al systems, were taken into consideration. The analysis of combined
data, both primary and secondary, was done to derive conclusive and strong arguments concerning
Al voice agent effectiveness in business and sales sectors today; by integrating customer responses
with existing academic researches and industry trends, a comprehensive understanding of the
advantages, challenges, and impact of Al voice agents on customer engagement, communication and

shopping behavior in the contemporary context has been obtained. [1][6][11]
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The entire data collection process not only contributes to a practical understanding of the research
topic but also aids in a theoretical comprehension of the subject under investigation. Primary data
aids in comprehending actual customer reactions, attitudes, emotions, trust, and behavioral intentions
towards Al voice systems, while secondary data provides a sound academic foundation of Al
technologies, theoretical perspectives, industry experience and previous findings regarding Al
technology and customer interaction. Combining these research methodologies helped to obtain and
strengthen the reliability, thoroughness and accuracy of the findings, aiding the researcher in better
achievement of the research objectives by providing a broad understanding of the effect of Al voice

agents on customer communication, engagement, satisfaction and shopping behaviors.
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4.2 Data analysis

In this chapter, the data that has been collected to the research project named ﬁ! Effect of Al Voice
Agents on the Perception and Purchase Behavior of Customers in Sales Interactions' are described
and analyzed. The %ﬁ]ective of this chapter is to understand the perceptions, trust, satisfaction,
communication experience and purchase behavior of customers on the Al voice agents utilized in the

process of sales.

Eﬂa for the study was collected through the means of a questionnaire which was circulated amongst
the respondents belonging to varying demographics. A structured questionnaire containing various
questions on the customer's perception of the technology, their communication with the system,
convenience, personalization, trust, satisfaction and their purchase intentions with Al voice agents,

was used for data collection. The collected answers were compiled and analyzed systematically.

Various methods and techniques of statistics were employed in the process of data analysis.
1

Descriptive statistical techniques like frequency, percentages, mean, and standard deviations were

used to understand the responses of the customers on the variables and the pattern of the data as a

whole. Various graphs and charts like pie charts, bar charts and histograms were also used.

Advanced techniques of statistics were used to test the relationship between various variables. A
reliability analysis was conducted on the questions asked to the customers using Cronbach's alpha
test. Correlation analysis was used @aﬂalyze the relationship between customer trust, effectiveness
of communication, customer satisfaction, and purchase intentions.%gression analysis was employed
in order to analyze the effect of Al voice agents on the purchase behavior and decisions of the

customers.

Various customer preferences between!Ee use of Al voice agents and human in the sales funnel were
also examined. This analysis of the variables involved would also aim to ascertain at what stage of
the sales funnel, the customers were more comfortable using the Al voice agents and human

interaction still takes precedence over Al.

The chapter has been divided into various parts for clarity and a better understanding of the research.
The different sections are: demographic analysis, descriptive analysis, %ability testing, correlation
analysis, regression analysis, and hypothesis testing. The explanations and interpretations of all the

statistical outputs are done to have a clear idea of the findings.
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4.2.1 Data Preparation and Library Import

We start by loading the necessary Python libraries and then uploading the survey data into the
Google Colab environment. The libraries are utilized to manipulate, visualize and perform statistical

analyses that determine the role of Al voice agents on customer attitudes and purchase decisions.

n factor_analyz

pingouin import cronbach_alpha

After importing the necessary libraries the survey data was imported to python to perform analysis.
The data was in excel file format which was then read with Pandas library. By looking into the data
we understood the structure of the data along with the variable taken in to study and if the responses
are read properly in order to analyze it.

from google.colab import files
uploaded = files.upload()

Occupation: received_ai_call identified_ai ai_human_like ai_understanding smooth_conversation trust_ai_information data_privacy_concern purchase_consideration

Student Yes 5 5 4 3 5 3

4 3 5 3

5 4 5 4

Student fes Not sure

The dataset preview showcased the initial records in the accumulated survey responses. It contained
variables from demographic data and from the aspects of customer attitude, belief in, communication
ease, purchase intention, and actual purchase towards Al voice agents. Visualizing the dataset at this

point helped to ensure data was imported and was appropriate to the next stage.
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EZ Data Cleaning and Preprocessing

The data file was first cleaned up and processed using Microsoft Excel then imported to Python.
These cleaning and processing step include delete missing values and response, correction of data
type, and modification of column names. This step makes sure the file is well structured and ready to

use for statistical analysis.

Once the data file was imported in Python, it was first check that all variables are entered correctly to
make sure all responses are entered in a correct structure of variable. The file was checked for any
inconsistency and well formatted before conducting graphical and statistical analysis. The dataset is

relatively clean and little work is needed for preprocessing data in Python.

4.2.3 Dataset Preview

<class 'pandas.core.frame.DataFrame’>

RangeIndex: 94 entries, @ to 93

Data lumns (total 17 columns):

#  Column Non-Null Count Dtype

g non-null object
Occupation: 94 non-null object
received_ai_call 94 non-null object
identified ai 94 non-null object
ai_human_like 94 non-null int6a
ai_understanding 94 non-null intea
smooth_conversation 94 non-null int64

ii i non-null int64
non-null int64
non-null int64

prefer_human_agent 94 non-null int64
ai_calls_irritating 94 non-null int64
irritation_reason 94 non-null object
no_purchase_re non-null ([
ai_product_understanding 94 non-null int64
ai_purchase_influence 94 non-null intea
comfort_final | 2 non-null int6a

dtypes: int64(11), object(6)

memory usage: 12.6+ KB

After importing into python, the data structure of the dataset was investigated using df.info(). It
appears there are 94 survey answers and 17 variables relating to customer perception, trust,
communication experience, privacy concerns, purchase factors, and interaction experience. The

variables measured are those about customer experience with an Al voice agent.

Categorical variables, such as age, occupation, reception status of call, and reasons for irritation have
been stored as 'object’ data types. This is appropriate as the values for these variables represent
categorical information gathered from a survey response. Variables relating to customer opinions and
attitudes, however, have been stored as 'int' data type, which reflects the numerical data collected via

rating scales.
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The data summary indicates there are 94 non-null values for all the variables, which indicates the
dataset is almost entirely complete. An exception is 'no purchase reason’, which indicates fewer than
94 respondents. However, this simply reflects how questions that are conditionally asked in survey

responses would be observed.

The structure of the data provides evidence the data have been properly imported into python. From

here the dataset is ready for further statistical analysis and modeling techniques.

4.2.4 Demographic Analysis of Respondents

This is @mlyze the demographic backgrounds of the respondents selected @this study in order to
describe the population within the study sample. Also to investigate which of the demographics is
already aware of and accustomed to interacting with an Al voice agent. Analysis was done on both

age and occupation, to analyze the distributions of the subjects that were involved.

Age Distribution of Respondents

The age distribution analysis was performed to identify the different age groups participating in the

study and to understand which age category had greater exposure to Al-based sales interactions.

2125 26-30
Age

Above is the age wise classification of the respondents included in the study. It can be clearly seen
from the above bar graph that majority of the respondents were of the age group 21-25 and 26-30

years. Less than the above amount of respondents were of more than 31 years of age.

It indicates that major chunk %e respondents who participated in the survey were younger in age.
Since older age groups have least acquaintance and familiarity to digital technologies and Al based
communication system, the opinion of respondents of the younger age groups were taken in
consideration in order to assess consumer attitudes towards Al voice agents in sales. [1][6][11]. The
results suggest that the response are representing those digitally inclined individuals and this segment

is the one most likely to engage with Al-based customer communication systems.
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@:cupation Distribution of Respondents

Figure 4.4: Occupation Distribution of Respondents

Student Working professional
Occupation

The above diagram shows the occupational distribution of respondents involved in the study. Students
comprised of the larger majority of the respondents and were mostly complemented by working
professionals. The presence of the higher percentage of students signifies that the sample is primarily
a younger and digitally-oriented population who would have more access to online systems and Al
communications tools. Simultaneously, data from working professionals would provide further
practical data in terms of how consumers interact with Al voice agents during practical buying and

service transactions.

4.2.5 Reliabilig%alysis

Reliability analysis was performed on the questionnaire used in the research order to assess the
internal consistency of the survey. Cronbach's Alpha test was conducted in order to check whether
the items related to customer's perception, trust, communication quality, purchase considerations and
interaction with Al were measuring the same things in a reliable way. The reliability analysis is a part

of the statistical analysis, which measures if the received responses are reliable to be further analyzed.

Figure 4.5: Python Code forﬂability Analysis Using Cronbach’s Alpha

likert_cols = [

cronbach_alpha(df[likert_ )

(np.floatea(e.8533925978044183), array([0.805, 0.894]))
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The Cronbach's Alpha from the reliability analysis yielded a value of 0.853. Cronbach's Alpha score
that is higher than 0.70 are accepted in statistic research, while a score of higher than 0.80 shows a

good internal consistency within variables.

The finding revealed a strong internal reliability and relation between the questions of the study.
Therefore, the responses collected from the participants were internally consistent and appropriate for
advanced statistical analyses, including orrelation analysis, regression analysis, factor analysis, and
hypothesis testing. The reliable results demonstrate that the questions of Al communication, customer
trust, purchase influence, and interaction quality are effective at assessing customer perception of AL

voice agent in sales encounter and thus were appropriate for further analysis.

4.2.6 Correlation Analysis

The correlation analysis was performed on the related variables about the Al voice agent and purchase
behaviors in order to understand the direction and strength among them. Trust, smoothness of
conversation, Al understanding and the variable regarding influencing purchase behaviors are

analyzed whether they correlate positively or negatively by using the Pearson correlation analysis.

corr = df[likert cols].corr()

plt.figure(figsize=(12,8))

sns.heatmap(corr, annot= , cmap="
plt.show()

Figure 4.7: Python Code for Correlation Analysis
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Figure 4.8: Correlation Heatmap of Variables

The correlation heatmap summarizes the intercorrelations between all ﬂﬁ major variables that are
88

part of the study. The numbers in the heatmap are between -1 and +1 and positive indicates a positive

correlation between variables and negative indicates a negative correlation. The larger the positive

number the strong is the correlation between two variables.

As is evident from the table Erc was a strong positive correlation between aihumanlike and
smoothconversation with a correlation of 0.84. Thus customers who re able to rate the Al voice
agent as more human-like had a smoother interaction. There was a strong positive correlation between
aiunderstanding and aiproductunderstanding (0.83), which means that the customers felt that better

Al understanding of concepts made for good understanding of the products by the customers.

ﬁerc was a strong positive correlation between aihumanlike and aipurchaseinfluence (0.79), ﬁrc
was also a strong positive correlation between smoothconversation and aipurchase_influence (0.75),
implying that human-like communication by an Al voice agent will make customers have higher

purchase influence.

A moderate positive correlation was found between trustaiinformation and purchase_consideration
(0.49), indicating that a trust in Al voice agent provided information does have influence on purchase

consideration in the sale process.
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From the heatmap one can also observe that the variable comfortfinalpurchase had relatively poor
correlations with some of the variables that were part of the Al context. This indicates that though Al
voice agent may play an influence role in awareness, communication, consideration etc the customers
did not feel inclined to rely fully on the Al agent in the final purchase consideration stage. The variable

ai_calls_irritating had also had relatively poor to moderate correlations with the other variables.

In short, the correlation analysis suggests a positive correlation between communication quality

related variables of the Al voice agent and customer purchase behavior. However, it looks like AL
voice agent will be effective only during earlier stage of the customer interaction but perhaps for final

purchase a human interaction will be required.

Variables Compared Correlation Interpretation

Value
Al Human-like & Smooth Conversation | 0.84 Strong Positive Relationship
Al Understanding & Al Product | 0.83 Strong Positive Relationship
Understanding
Al Human-like & Al Purchase Influence | 0.79 Strong Positive Relationship
Smooth Conversation & Al Purchase | 0.75 Strong Positive Relationship
Influence
Trust Al Information & Purchase | 0.49 Moderate Positive Relationship
Consideration
Purchase Consideration & Comfort | 0.39 Moderate Positive Relationship
Final Purchase
Al Calls Irritating &  Purchase | 0.04 Very Weak Relationship
Consideration

The table above summarizes the major relationships identified through correlation analysis. The
findings highlight that communication quality, trust, and Al understanding are important factors

influencing customer perception and purchase consideration related to Al voice agents.

4.2.7 Hypothesis Testing

This section of tests used hypothesis testing to evaluate if relationships between variables that are
concerned with Al voice agents and customer purchase were significant. Correlation analysis was

done through using a Pearson's correlation to test the proposed hypotheses and determine the
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significance between particular variables. The findings provide insight into whether the levels of
communication, trust, the understanding by the Al, and purchase affect customer opinion and

purchasing significantly.
4.2.7.1 Hypothesis 1
Statement of Hypothesis

HO: There is no significant association between Al voice agents and customer purchase decisions.
: There is a significant positive association between Al voice agents and customer purchase

decisions.
Statistical Test Used
Pearson Correlation Test

Figure 4.9: Hypothesis 1 Output

PearsonRResult(statistic=np.float64(0.5393532416514264), pvalue=np.float64(2.430844885448

Interpretation

Correlation analysis provided the result of correlation value as 0.539 with alue less than 0.05,
representing the moderate positive and significant correlation between customers' trust towards Al
information and purchase consideration. Hence, null hypothesis is rejected and alternative hypothesis
is accepted. This finding indicates a significant positive association between trust toward Al-

generated information and customer purchase consideration.
4.2.7.2 Hypothesis 2
Statement of Hypothesis

HO: There is no significant association between human-like Al communication and customer purchase
behavior.
: There is a significant positive association between human-like AI communication and customer

purchase behavior.
Statistical Test Used
Pearson Correlation Test

Figure 4.10: Hypothesis 2 Output
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pearsonRResult (statistic=np.float6a(e 832167), pvalue=np.floatea( §6141940644714e-21) )

Interpretation

128
The correlation value calculated was 0.789 with a highly significant p-value of less than 0.05. This
76
shows that human-like AT communication and Al purchase influence are positively correlated. So the
null hypothesis is rejected and the alternative hypothesis is accepted. These results imply that if the

Al communication feels human-like, a stronger positive association is observed.
4.2.7.3 Hypothesis 3
Statement of Hypothesis

HO: Smooth Al conversation is not significantly associated with customer trust.

H1: Smooth Al conversation has a significant positive association with customer trust.
Statistical Test Used
Pearson Correlation Test

Figure 4.11: Hypothesis 3 Output

esult(statistic=np.float64(0.08081851407347915), pvalue=np.float64(e.4412373

Interpretation

Correlation analysis resulted in a correlation of 0.081 with a p-value of >0.05. There appears to be a
very weak relationship that is not statistically significant between smooth conversation and customer
trust. So, we retain the null hypothesis and reject the alternative. These results suggest that smooth

conversation on its own is not significantly associated with customer trust.
4.2.7.4 Hypothesis 4

Statement of Hypothesis
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HO: AI product understanding is not significantly associated with purchase consideration.

H1: Al product understanding has a significant positive association with purchase consideration.
Statistical Test Used
Pearson Correlation Test

Figure 4.12: Hypothesis 4 Output

PearsonRResult(statistic=np.float64(0.20839747315746895), pvalue=np.float64(8.84s

Interpretation

84
The calculated correlation was 0.208 with E/alue less than 0.05. There is a negative but weak
significant positive relationship between Al product understanding and product purchase
consideration. We reject null hypothesis and accept alternate hypothesis. Al product understanding

shows a weak positive association with purchase consideration.
4.2.7.5 Hypothesis 5
Statement of Hypothesis

HO: Al purchase influence is not significantly associated with customer comfort for final purchase.
H1: Al purchase influence has a significant positive association with customer comfort for final

purchase.
Statistical Test Used
Pearson Correlation Test

Figure 4.13: Hypothesis 5 Output

pearsonr(
af
df

PearsonRResult(statistic=np.float6a(-0.007382201201388647), pvalue=np 64(0.9440110169237789) )

Interpretation
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An analysis resulted in a p-value of over 0.05 and a correlation of -0.007. This implies that the amount
that the purchase is influenced by Al has no statistically significant affect on how comfortable the
customer is with making a final purchase decision. This means that we fail to reject@e null hypothesis
and do not support the alternative hypothesis. The findings suggest that Al purchase influence does

not show a significant association with customer comfort during the final purchase decision.
4.2.7.6 Hypothesis 6
Statement of Hypothesis

HO: AI sales call irritation is not significantly associated with purchase consideration..

H1: Al sales call irritation has a significant negative association with purchase consideration.
Statistical Test Used
Pearson Correlation Test

Figure 4.14: Hypothesis 6 Output

PearsonRResult(statistic=np.float64(0.050230867114185236), pvalue=np.float64(8.63253670343913))

Interpretation

97
The correlation analysis showed agrrelation of 0.050 with a p-value of >0.05. This indicates that AL
call irritation had a very weak and non-significant relationship with purchase consideration, hence,

null hypothesis was accepted while alternative was rejected..
4.2.7.7 Hypothesis 7
Statement of Hypothesis

HO: Al wunderstanding capability is not significantly associated with customer trust.

H1: Al understanding capability has a significant positive association with customer trust.
Statistical Test Used
Pearson Correlation Test

Figure 4.15: Hypothesis 7 Output
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pearsonr(
df
df

)

PearsonRResult(statistic=np.float64(0.03220007185381213), pvalue=np.float64(0.759295591453319))

Interpretation

For the above analysis, the calculated result was a correlation of 0.032 and alue greater than 0.05.
This proves that there is no or a very insignificant and very weak correlation between Al
understanding capability and customer trust. Therefore %l hypothesis is accepted and alternate
hypothesis is rejected. It can be concluded that Al understanding capability alone does not show a

significant association with customer trust.
4.2.7.8 Hypothesis 8
Statement of Hypothesis

EO: There is no significant association between preference for human agents and customer comfort
during final purchase decisions.
1: There is a significant association between preference for human agents and customer comfort

during final purchase decisions.
Statistical Test Used
Pearson Correlation Test

Figure 4.16: Hypothesis 8 Output

pearsonr(
df
df

onRResult (statistic=np.float64(e.12694984996540454), pvalue=np.float64(e.22527689138093726))

Interpretation

The correlation analysis has a correlation %ue of 0.127 and a p-value of>0.05, this shows that
preference of human agent and customer comfort during making final purchase decision is weak and
not significant. Therefore, null hypothesis is accepted and alternative hypothesis is rejected. This
shows that some customer still prefer interaction with human but the he relationship was not found
to be statistically significant in this study.
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preference for human agents and customer comfort

during final purchase decisions

Hypothesis Correlation | P- Result
Value (r) Value

H1: Trust in Al has a significant positive association | 0.539 <0.05 | Accepted

with purchase consideration

H2: Human-like Al communication % a|0.789 <0.05 | Accepted

significant positive association with customer

purchase behavior

H3: Smooth Al conversation has a significant | 0.081 >0.05 | Rejected

positive association with customer trust

H4: Al product understanding has a significant | 0.208 <0.05 | Accepted

positive association with purchase consideration

HS: Al purchase influence has a significant positive | -0.007 >0.05 | Rejected

association with customer comfort for final

purchase

H6: Al sales call irritation has a significant negative | 0.050 >0.05 | Rejected

association with purchase consideration

H7: Al understanding capability has a significant | 0.032 >0.05 | Rejected

positive association with customer trust

H8: There is a significant association between | 0.127 >0.05 | Rejected

From the results of the hypotheses testing, it can be noted that the trust of Al information, human-like
communication and the understanding of Al product have a positive effect on the customers buying
behavior. In contrast, the results also reflect that the Al system is still unable to overcome certain

shortcomings in the purchase phase and customers need human help in terms of their comfort and

trust for the final purchase stage.

4.6 Regression Analysis

As derived from the hypothesis test results, it could be identified that Al information trustworthiness,
human-likeness of the communication and the customers' understanding of Al product significantly

influence the buying behavior. As the outcome from the hypotheses test results, on the other hand, the
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Al system still failed to deal with the problems in purchase phase and customers still requires human

assistance in the aspect of comfortability and trust to the purchase process.

4.2.8 Regression Model: Factors Affecting Purchase Consideration

Objective of the Model

The purpose of the regression analysis was to determine the effect of communication quality, AL
comprehension, trust, and product knowledge on customer purchase consideration during the Al-

assisted sales process.

Figure 4.17: Python Code for Regression Analysis

sm.add_constant(X)
model sm.OLS(Y, X).fit()

print(model.summary())

Figure 4.18: Regression Output for Purchase Consideration

P>|t]

0.004

formation
ai_product_understanding
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Interpretation

As we look at the regression analysis, the entire model shows significance at an R-squared of 0.362.
This signifies 36.2% of customer purchase consideration variation can be accounted by these five Al-
related independent variables within this regression. For the significance, the value below 0.05
confirms the regression model has the integrity to undergo analysis. As for the impact of each
individual independent variables, ‘trust_ai_information’ presented a strong positive association to
purchase consideration with the efﬁcient value of 0.461 and significant p-value (below 0.05).
Customers who trust the Al voice agents’ information will significantly increase the intention in
purchasing products through them. The variable ‘smooth conversation’ has positive significant
impact on purchase consideration. Customers are willing to seriously contemplate in purchasing when
interacting with an Al voice agent in smooth conversations. ‘ai_product_understanding’ also exerts a
significant positive impact on customer’s consideration for purchasing. Customer respond well and
take Al voice agents in high regard when these agents effectively understand and articulate the
information about the products. Conversely, ‘ai_human_like” presented a statistically significant but
negative coefficient in the regression analysis, which may mean customers found their interaction
with a human-like Al to be more uncomfortable and thus less acceptable during sales process. Finally,
‘ai_understanding’ did not show a significant effect on customer’s purchase consideration (p>0.05),
as perhaps other factors such as the trusting relationship between the customer and the Al voice agents
or smooth communication play more significant role in purchase consideration rather than the
understanding capability itself. All in all, customer trust, Al voice agent conversation quality, and the
understanding capabilities are key factors to a successful customer consideration stage in Al-enabled
sales process. This suggests that the Al voice agents may play better during customer consideration

phase rather than the concluding stage of a customer decision-making process.

Table 4.3: Summary of Regression Analysis Results

Variable Coefficient Value | P- Interpretation
Value
Al Human-like Communication | -0.300 0.037 Significant Negative Impact
Al Understanding -0.204 0.150 Not Significant
Smooth Conversation 0.275 0.041 Significant Positive Impact
Trust in Al Information 0.461 0.000 | Strong Significant Positive Impact
Al Product Understanding 0.308 0.028 Significant Positive Impact
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ﬂe results of the regression analysis demonstrate that two key variables influence customers'
purchase consideration during Al sales conversation, which are trust and the quality of the
communication. In addition, this analysis is consistent with the previous argument that Al voice

agents could contribute to sales at the earlier stages of the funnel.

4.2.9 Bootstrapped Regression Analysis

In addition, to obtain a more reliable and robust regression results, bootstrapped regression analysis
was undertaken. Bootstrapping is one kind of complex and sophisticated resampling procedure for
evaluating regression coefficients; through many time random sampling from a dataset, it reduces the
sampling variability and estimates a more robust regression result. In this study, there were 5,000
bootstrapped samples obtained from random re-sampling with replacement in the study to check the

regression coefficient of customer purchase consideration and variables on Al factors.

Figure 4.19: Python Code for Bootstrapped Regression Analysis

numpy
panda
sta

b df = pd.DataFrame ficients)
print(boot_df.mean(})

print(

print(boot_df.quantile([0.025, ©.975
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Figure 4.20: Bootstrapped Regression Output and Confidence Intervals

const 0.844202
trust_ai_information 0.441129
smooth_conversation 0.241180
ai_product_understanding 0.225608
ai_human_like -0.365333
dtype: floate64

95% Confidence Intervals:
const trust_ai_information smooth_conversation

9.025 0.466606 0.269079 -0.103142
9.975 1.289332 0.614083 0.548949

ai_product_understanding ai_ human_like
9.025 -0.028230 -0.708699
0.975 0.454816 09.105057

Interpretation

ﬂe results of the bootstrapped regression analysis were consistent in terms of the coefficient values
for the factors that affect customer purchase consideration. The customer trust_ai_information
variable showed the largest coefficient in the set of selected variables. The trusting Al information is
the most consistent driver for customer purchase consideration. The smooth_conversation variable
has a positive coefficient as well, which suggests that the smoothness of conversation has positive
impact on customer’s purchase consideration. And ai_product_understanding also has positive
coefficient which suggests that clear explanation for the product understanding also has positive effect
on customer's purchase consideration. However, the ai_human_like has a negative coefficient which
implies that overly human-like conversational style is not always appreciated by users. The 95%
confidence intervals were used to demonstrate the reliability of the regression results through
bootstrapping. The coefficients of each variable remain fairly stable, showing the statistical
consistency of the regression results. The bootstrap regression results support original regression

results as well.

Table 4.4: Bootstrapped Regression Coefficients

Variable Bootstrapped Coefficient | Interpretation

Trust in Al Information 0441 Strong Positive Impact
Smooth Conversation 0.241 Positive Impact

Al Product Understanding 0.226 Positive Impact

Al Human-like Communication | -0.365 Negative Impact
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Constant 0.844 Baseline Effect
Table 4.5: 95% Confidence Intervals of Bootstrapped Regression
Variable @Ner Limit (2.5%) | Upper Limit (97.5%)
Trust in Al Information 0.269 0.614
Smooth Conversation -0.103 0.549
Al Product Understanding -0.028 0.455
Al Human-like Communication | -0.709 0.105
Constant 0.467 1.289

The bootstrapped results also add statistical backing to the regressions and bolster the credibility of

the analysis performed.

4.2.10 Factor Analysis

In order to discover the dominant underlying dimensions that effect customer perception toward Al
voice agent, factor analysis was conducted. This statistical method is applied to determine the group
of related variables and common behavioral characteristics that the dataset exhibit. Using of Varimax

rotation method can effectively improve the factors and interpretation.

Figure 4.21: Python Code for Scree Plot and Qctor Analysis

fa = FactorAnalyzer(rotation

fa.fit(df[likert_cols])
values()
ange(1, len(ev)+1), ev)
nge(1, len(ev)+1), ev)

)

plt.g )
plt.show()

Figure 4.22: Scree Plot for Factor Analysis

This scree plot is used to discover number of significant factors present in the data set. In the scree
plot one can see that the eigenvalue dropped considerably after the first few factors. It is found that
the total amount of variance present in the data set has been explained by a few important factors.

Hence three significant factors are chosen to further interpret the results.
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Figure 4.23: Python Code for Factor Loading Matrix

fa = F ly: 3, rotation=
fa.fit(df[likert c

2] | 2

©0.898683 -0.064060 ©.154843

-9.025962 -0.026454

e 78 ©.099914

_ai_information 0 Z 0.653744 ©.115407
purchase_consideration 123480 ©.812743 -0.067484

prefer_human_agent 9.655892 -123252 ©.090284
ai_calls_irritating 9.194317 ©.120708 ©.971359
ai_product_understanding ©.8793580 ©.1385 0.0855553
ai_purchase_influence 9.855505 0.096486 ©.114249
comfort_final_purchase -0.018959 0.506551 ©.049394

Interpretation

The factor loading matrix indicates the correlation between variables and the extracted factors. The

larger loading value signifies that the variables are strongly related to the factor.

The first factor displays high loadings for the variables ai_human_like, ai_understanding,
smooth_conversation, ai_product_understanding, ai_purchase influence. This factor largely
encompasses the general communication quality and the functional capabilities of Al voice agents.
The results seem to show that customers relate smooth communication, Al understanding, and human-

like interaction heavily to the success of Al selling conversations.

The second factor shows high loading for wvariables like trust ai information,
purchase consideration, and comfort final purchase. This factor is conceptualized as a dimension of
customer trust and confidence in the Al interactions that affects purchase decision making. The
variables are highly clustered as these attributes of Al communication strongly influence customer

purchase considerations.

The third factor represents the separate behavioral dimension for Al calls, it presents an exceptionally
high loading forai_call_sirritating. Customer irritation towards Al calls operates as a behavior distinct

from all other positive Al communication factors.

The variable prefer_human_agent exhibits moderate loading scores on each factor, revealing that

customer preference for human agents correlates partially with both communication quality and trust
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based dimensions. Overall, the factor analysis identified three major dimensions influencing customer

perception toward Al voice agents:

1. Al Communication and Functional Effectiveness
2. Customer Trust and Purchase Confidence

3. lIrritation and Resistance Toward Al Calls

From these results we can see that customer attitude toward Al voice agents are dominated by
communication quality, trust, and emotional state during the calling. Additionally, these factor
analysis results further confirm the results of the previous regression and correlation by demonstrating
a close relationship between trust-related and communication-related variables and customer

purchase behavior.

4.2.11 Group Comparison Analysis

Analysis of comparing groups was implemented in order to identify whether the varying respondent
groups have statistically significant different attitude toward the recognition and consideration of
purchase for Al voice agents. Methods of Independent Sample T-Test and Chi-Square analysis were
utilized in analyzing different respondent groups' behavior toward Al voice agent among occupation

classification and customer identification behavior toward Al voice agents respectively.
Independent Sample T-Test
Objective of the Test

A group comparison analysis was conducted in order to test whether respondent groups had
statistically different levels of awareness and buying consideration for Al voice agents. A customer
analysis for comparing occupational groups and the customer recognition behaviors for Al voice
agents was applied by employing statistical tools, which include Independent Sample T-Test and Chi-

Square.

Figure 4.25: Python Code for Independent Sample T-Test

students = df[df

professionals = df[df

ttest ind(students, professionals)

Figure 4.26: T-Test Output

sult(statistic=np.float6a( 746), pvalue=np.float6a( 3), df=np.float64(s

Interpretation
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In Independent Sample T-Test, p-value calculated was 0.973 %ich is greater than the alpha level of
0.05. Hence, there is no statistically significant difference in purchase consideration of Al voice

agents for students and working professional groups.

It reflects that both students and working professional have presented very similar attitudes toward
sales interactions based on Al technology. The reason could be that none of the groups have showed

significant differences in attitudes toward Al voice agents because it does not rely on occupation.

In the conclusion, the Al voice agents produce same amount of purchase consideration between these

jobs included in the survey.

4.2.12 Chi-Square Analysis

Objective of the Test

The purpose of the Chi-Square analysis was to investigate if there is a difference in purchase
consideration of the customer while dealing with sales calls when they are aware of the Al voice

agent.

Figure 4.27: Python Code for Chi-Square Analysis

table = pd.crosstab(

df
df

chi2_contingency(table)

Figure 4.28: Chi-Square Test Output

expected freq=array([[ 7.22580645, 9.83225806, 2.25806452,

4731188
655914, 6.

Interpretation

The p-value for Chi-Square was 0.0047 which is less than 0.05 (significance level). Therefore, ?ere

is a significant relationship between Al voice agent identification and purchase consideration.

These results suggest that customers' responses change after they have realized that they are
interacting with an Al voice agent. When customers identify the Al participation, customers'
perception towards the interaction may alter, hence leading to different levels of purchase

consideration.
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This finding implies the significance of customers' recognition and perception in AI mediated selling
conversation. The result implies that transparency and customers' level of convenience dealing with
the Al are indeed important in affecting the customer's purchase consideration within a selling

conversation.

Table 4.8: Summary of Chi-Square Analysis

Variables Compared Test Used P- Result

Value
Identified Al & Purchase | Chi-Square 0.0047 | Significant Association
Consideration Test Found

Occupation does not show a statistical difference for purchase consideration for Al voice agents in
group comparison analysis, but customer perception to identify Al does have a significant impact on

customer behavior.

4.2.12 Sales Funnel Analysis

We analyzed the sales funnel to understand the efficiency of Al voice agents in different customer
decision phases. The purpose of this study was to know if the Al voice agents have the same effect in

awareness, consideration and purchasing stage in the sales funnel.

In the analysis, variables that reflect communication quality, Al understanding, customer trust,
influencing ability on purchase decision and customer final buying ease were grouped into different

stages of customer purchase journey. We calculate the average value of each variable at each stage.

Figure 4.29: Python Code for Sales Funnel Stage Score Calculation
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funnel_scores = {

.mean( ) .mean

.mean .mean( ),

-mean -mean

Figure 4.30: Sales Funnel Stage Scores

{'Awareness_Interest': np.float64(3.6021505376344085),
‘Consideration’: np.float64(2.779569892473118),
‘Final Purchase’: np.float64(1.8172043010752688)}

Figure 4.31: Python Code for Sales Funnel Visualization

plt. figur
plt.bar(stages,

plt.title(

Figure 4.32: Al Effectiveness Across Sales Funnel Stages
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Al Effectiveness Across Sales Funnel Stages

Average Effectiveness Score

Awareness_Interest Consideration final_Purchase
Sales Funnel Stages

Interpretation

Al voice agent effectiveness analysis throughout sales funnels indicates a varying performance in
different stages of the decision making process. A higher effectiveness score was reported in
Awareness and Interest stages with a mean score of 3.60. This illustrates Al voice agent as performing
better in grabbing the customers attention and interest along with delivering elementary product

information communication.

The performance in Consideration stage was recorded at a moderately effective score of 2.78. It
implies Al agents are fairly successful in assisting the customers in product evaluation and purchase
consideration where factors like trust in Al information, knowledge of the product, and purchase

intent played positive contribution. But still at a lower stage than awareness stage.

Lowest performance was obtained at the Final Purchase stage with effectiveness score of 1.81,
customer do not wish to completely rely on the Al voice agents for the final purchase stage, though
Al agents can perform well and stimulate the interest and consideration they are less accepted in final
stage. This depicts an insight, organizations may be relying more on Al for information and

engagement but need a human for the final purchase decision.

The decreasing effectiveness across the stages shows an important business insight from the research;
Al voice agents is performing better in earlier to middle stages of the sales funnels where information
and engagement are the crucial components but is less successful as and when the final purchase stage

approaches where customers gain more confidence and prefer to deal with human.

Henceforth, we can conclude that Al voice agent may serve as the tools of engagement, product
information, purchase consideration, but at the final stage organizations may still depend on human

support.
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Table 4.9: Al Effectiveness Across Sales Funnel Stages

Sales Funnel Stage Average Effectiveness Score | Interpretation

Awareness & Interest | 3.60 High Effectiveness
Consideration 278 Moderate Effectiveness
Final Purchase 1.81 Low Effectiveness

The findings from the sales funnel analysis strongly support the overall research objective by
identifying the stages where Al voice agents are most and least effective during customer sales

interactions. [1][6][11]

4.2.13 Regression Analysis for Final Purchase Comfort

Objective of the Model

The regression model intended to investigate whether trust in Al info, human agent preference, and
Al purchase influence has an impact on customers' comfort level during final purchase. The purpose
of investigating this is to study if the customers are completely comfortable with trusting Al voice

agents while making the final purchase or they still would prefer human agents to help them.

Figure 4.19: Python Code for Regression Analysis of Final Purchase Comfort

X = dff

Y = df[
X = sm.add_constant(X)
model = sm.OLS(Y, X).fit()

print(model.summary())

Figure 4.20: Regression Output for Final Purchase Comfort
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variable:

Prob (F
Log-Like
AIC:

8.397

ai_purchase_influence
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Prob(Omnibus): @ Jarque-Bera (JB):
Skes Prob(JB):

[1] standard Errors assume that the covariance matrix of the er tly specified.

Interpretation

The regression analysis indicated an %squaled value of 0.130 which shows that only around 13% of
the variance of customer comfort in final stage of purchase can be attributed to selected factors which
were added to regression model. Even though model explanatory power is moderate the model as
whole was significant, as p-value of the model is <0.05. Among the independent variables, the factors
of trustaiinformation has significant impact on customer comfort at final purchase decision with
positive relationship. This shows that, the trust of the customer in Al-given information plays
significant role in building the customer's comfort and confidence in buying process. Other factors
trust, preferhumanagent and aipurchaseinfluence were not statistically significant as their p-values
are >0.05, these factors show that the customer while trusting the voice agent and considering buying
influenced by Al voice agent will not necessarily feel completely comfortable in relying on Al agent
when making the purchase commitment in the end. This implies that even though customers may trust
the voice agent, still customers need certain level of assurance before making purchase decision for
major items. In the end, Al voice agents might be performing well in initial phases of sales process

and it appears the need of human agent at the last stage of purchase is still very significant.

Table 4.6: Summary of Regression Results for Final Purchase Comfort

Variable Coefficient Value | P-Value | Interpretation

Trust in Al Information 0.300 0.002 Significant Positive Impact
Preference for Human Agent | 0.132 0.183 Not Significant

Al Purchase Influence -0.104 0.282 Not Significant
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4.2.14 Human Dependency Gap Analysis

For the purpose of assessing further the dependence of customers to human support during their
decision-making for the final purchase a comparison between the customer purchase consideration
score and the final purchase comfort score was carried out. The calculation of a human dependency

gap was carried out by measuring the difference between the variables..

Figure 4.21: Python Code for Human Dependency Gap Analysis

df[

np.float64(0.22580645161290322)

comparison = df[

].mean()

plt.title(

plt.ylabel ("

plt.show()

Figure 4.22: Al Influence vs Final Purchase Comfort Graph
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Interpretation

The final human dependency gap score was 0.226. The bar chart comparison demonstrates that@
mean score of the consideration stage was greater than the mean score of the final purchase comfort
stage. This indicates that while Al voice agents may facilitate initial consideration and exploration of
products and services, customers are not as comfortable when purchasing final goods or services

without human assistance.

Essentially, Al systems are adept at creating awareness and gaining consideration from consumers
but still exhibit a level of uncertainty during the final purchase without human interaction. The
difference in the consideration stage versus final purchase comfort stage reveals the persistent need
for human intervention in highly confident purchases, as customers require the extra assurances,

emotional comfort and direct explanation needed to finalize the transaction.

The human dependency gap is aligned with the other findings in this study that indicate the success
of Al voice agents in raising awareness and driving consideration but also reveals the role of humans

at the final conversion stage of the sales funnel..

4.2.15 Quadratic Regression Analysis of Uncanny Valley effect

There is an unusual result from the above study's regression analysis, with aihumanlike having a
negative impact on the customer purchase consideration, which is contrary to the hypothesis that an
Al voice agents with the human-like quality will benefit customer purchasing. Based on previous
research, anthropomorphic Al enhances écustomer's level of trust, involvement and quality of
interactions, therefore the inconsistent findings need to be analyzed further. With that reason, a further
quadratic regression analysis was performed in Python by utilizing the Google Colab platform to

explore whether the relationship between Al human-likeness and customer purchase consideration

fits the Uncanny Valley trend that mentioned in the literature review section.

Based on the Uncanny Valley theory, with an increasing degree of anthropomorphism, the customer
will feel a high level of comfort, trustworthiness, emotional engagement, and involvement, whereas
with the high degree of human-like quality, the customer may experience a high level of creepiness
or uncertainty when interacting with an Al system which makes the feeling unpleasant. Consequently,
as the uncanny valley progresses, customers might have a negative perception toward the highly

human-like artificial intelligent voice agent.

In order to test the relationship, a quadratic term was introduced into the analysis of the variable

athumanlike by squaring the latter. The below equation was used to perform the regression analysis:

Purchase Consideration = 88) + P2 ( AT Hun
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With the regression on customer purchase consideration, the linear and quadratic coefficient of Al
human-likeness were positive ( = 0.6543) and negative ( = -0.1054), respectively. This means a
moderate level of human-likeness in Al voice agents could lead to an increase in customers' purchase
consideration, but as human-likeness increases above certain extent, the customers' purchase
consideration could decrease, which means the quadratic coefficient was in accordance with Uncanny
Valley theory. Although quadratic coefficient was not significant at the 5% level (p = 0.138), the
positive linear and negative quadratic coefficients showed that there was an incipient nonlinear

relationship between Al human-likeness and customer purchase consideration.

df[['a man_1ik
sm.add_constant(X)

2

df[ " pur

model = sm.OLS(y, X).fit()

print(model.summary())

May 2026
19:11:45

coef
1.2510
e
8.970
20.179 Durbin-Watson:
Bera (JB):

.008  Jarq
1.198  Prob(JB):
3.829 cond. No. 10!

This graphical representation of polynomial regression illustrated an inverted U-shaped association
(at a lower level of magnitude) between human-like Al and consideration of purchase. In this, the
graph suggests that while the consideration of purchase was at its peak at medium level of human-
likeness, it declined at higher level of anthropomorphism. This can support the theoretical premise

that consumers may feel discomfort psychologically when Al becomes extremely human-like.
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Al Human-Likeness

In summary, this study's results demonstrate that mild humanization is beneficial for both customer
engagement and purchase intention, but human mimicry may make customers feel uncomfortable,
weird, and suspicious. It indicates that businesses should create an anthropomorphic Al voice
system, but it should not make the voice sound too human like. The result offers limited empirical
support to the Uncanny Valley theory in the context of Al voice and purchase behavior and also

constitutes an important theoretical contribution of the present study.

61




4.3. Findings and Recommendations

ths chapter presents the major findings obtained from the statistical analysis conducted in ge study
titled “Impact of Al Voice Agents on Customer Perception and Purchase Decisions.” The findings are
based on demographic analysis, reliability testing, correlation analysis, hypothesis testing, regression
analysis, factor analysis, group comparison analysis, sales funnel analysis, and human dependency

analysis conducted using Python statistical tools.

The objective of this chapter is to summarize the important outcomes of the study and provide
practical recommendations for organizations using Al voice agents in sales and customer

communication processes.

4.3.1Key Findings of the Study

I-Findings from Demographics analysis:

Demographics analysis shows that most respondents fall within the 21-25 and 26-30 years age groups
which means younger users are more involved in Al-driven communication systems and online
selling environment. The reasons are they have higher levels of digital literacy, are used to operating
various Al-driven technologies on daily basis, and tend to be more open and receptive toward

interacting with automated voice assistants.

From occupational analysis shows that most respondents are students and the rest are professionals.
This may suggest that most of the data collected is from digitally inclined customers who constantly
use online-based platforms and are very likely to encounter automated systems and/or have a lot of

contact with automated voice agents.

Demographics indicates that currently the Al voice agents have better visibility and contact with

younger and digitally active customer groups.
2- Findings from Reliability Analysis:

Reliability analysis with Cronbach's Alpha is equal to 0.853, indicating high internal consistency
among the variables of the questionnaire. Since the score is above the minimum (.70 acceptable value

for reliability, the questionnaire is statistically reliable for data analysis.

The high Cronbach's Alpha score confirms that the variable related to communication quality of Al
voice agent, trust level of customer to the Al, purchase consideration of the customer toward the
product, influence of Al and customer comfort during purchasing decision is coherently measuring

the same construct (customer perceptions towards Al voice agent).

3- Findings from Correlation Analysis:
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Some main conclusions were observed from the relations between the Al-related variables and
customer purchase behavior. Human-like communication showed a high positive correlation with
smooth conversation, implying that customer wants to interact with Al which is more human-like and
comprehensible. Al understanding had a high positive relation with Al product understanding, which
can mean that customers rely on Al which knows about the products better and understand customer's

intention properly.

Furthermore, Al purchase influence had a high positive correlation with human-like communication.
It seems that Al voice agent can more easily persuade customer purchase decision when they talk in
more human-like style. In general, it can be implied that customers feel more satisfied during the
interaction with Al voice agent if the experience is smooth, human-like, and personal. The relationship
between the trust of the customer in Al information and purchase consideration is moderate positive

which indicates that the trust on Al plays an important part on the final decision for purchasing.

It was also found that the customer comfort on the final purchasing stage shows only weak relations
with many variables. This means that although Al voice agents can help to build the customer
attention and consideration toward the product, it might be still difficult for customer to be 100%

dependent on Al on final purchasing stage.
4- Findings from Hypothesis Testing:

Eight hypotheses were tested using Pearson Correlation analysis to see the influence of Al voice agent
toward customer behavior and purchase intention toward products. There were three hypotheses
accepted which indicate that customer trust toward Al information has positive relation to purchase
consideration, human-like communication and Al purchase behavior as well as Al product
understanding influence the customer purchase consideration. All three hypotheses were statistically

significant and accepted.

Some hypothesis are rejected as there were no statistical significance, these include that Smooth
conversation can not directly leads to customer trust, customer comfort level towards the final
purchase stage does not really affected by Al influence on their purchase decision, while Al
understanding capability has weaker influence on customer trust and human interaction remains

essential during the purchase of certain goods at final stage.
5- Findings from Regression analysis:

From the regression analysis of purchase consideration, trust in Al information was shown to have
the highest positive influence. Al smooth conversation and Al product understanding were also found
to have positive relations. The regression model accounted for 36.2% of the variance in customer

purchase consideration which clearly explains that the communication quality and customer trust
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were major variables affecting Al influenced purchase decision. It was also noticed that human-like
communication toward Al voice agent was found with a negative coefficient value in regression
analysis, which indicates that a high level of imitation on human voice agent does not necessarily

make customers feel comfortable.
6- Findings from Bootstrapped Regression analysis:

Bootstrapped regression analysis confirmed the robustness of previous results that the most dominant
relationship found between trust and customer purchase consideration remains to be a stable positive
relation. Smoother conversation and Al product understanding both continue to show a positive

relationship with customer purchase intention and purchase behavior.

The confidence intervals produced during the bootstrapping process are relatively stable for all

variables which indicated that the coefficients are indeed statistically reliable.
7- Findings from Factor analysis:

From the factor analysis, 3 factors have been extracted which influencing customer perception toward
Al voice agents. Factor 1 is Al Communication and Functional Effectiveness (Al human-like
communication, Al understanding, smooth conversation, Al product understanding, Al purchase
influence) that indicates that customer considers Al as more effective when communication quality
and functional effectiveness of Al are better. Factor 2 is Customer Trust and Purchase Confidence
(Trust in Al information, Purchase consideration, Comfort during final purchase) that shows that
customer trust directly correlates with their purchasing confidence. Factor 3 is Irritation and
Resistance toward Al Calls (This factor only includes negative element about annoyance of the sales

calls).

Factor analysis demonstrates that customer perception of Al voice agent relies heavily on their trust
level in Al, the communication quality they experience and also how they perceive about themselves

while communicating with an Al voice agent.
8- Findings from Group Comparison Analysis:

According to the ﬁepeﬂdem Sample T-Test conducted, there was no significant difference between
students and working professionals on purchase consideration towards Al voice agent. Thus,
occupational background can’t significantly contribute to the perception towards Al voice agent. On
the other hand, the Chi-Square test shows that there was a significant relationship between identifying
the Al and purchase consideration which indicated that customer behavior would change once the

customer knows that they were communicating with an Al agent.

9- Findings from Sales funnel analysis:
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The result of the sales funnel analysis found one of the most important result in the study. The Al
voice agent worked really well during the Awareness and Interest stage, whereas showed a moderate
success on Consideration stage and low effectiveness on the final purchase stage. Average
effectiveness score from the three stages were 3.60 for Awareness and Interest, 2.78 for Consideration
and 1.81 for the final purchase. From the result, Al voice agent was successful in drawing customer
attention and knowledge towards product, but is not yet able to provide sufficient support for the
customer during their decision making to purchase. Therefore Al voice agents are more effective for

early and mid sales funnel stages compared to the late purchase decision stage.
10- Findings from Final purchase regression and Human dependency analysis:

The final purchase regression shows that the trust level on the Al information?ﬂs a significant positive
impact toward the final purchase comfort, but the influence of Human Agents preference and Al
purchase influence shows no statistical significance toward the customer comfort level on the final
purchase. From the human dependency gap analysis, the customer purchase consideration scores

(0.265) is greater than the final purchase comfort scores (0.226) so it has a positive mean of (0.039.
4.4 Recommendations

Based on the findings of the study, the following recommendations are suggested for organizations

using Al voice agents in sales and customer communication systems. [1][6][11] [2][3][28]

4.4.1 Building Customer Trust.

The study has shown that trusting the Al's information is one of the highest impacting variables for
customer purchase consideration and comfort. It is important for organizations to prioritize reliability,
transparency, and accuracy of Al's generated information, ensuring that the information provided by
Al is correct, the recommendations it makes are clear, the conversation itself is clear and that
customers can rely on the Al agent for effective assistance. Building customer trust will result in
higher levels of customer engagement, customer satisfaction, and purchase consideration.
Organizations should routinely check, update and maintain Al systems to uphold consistency and

quality. [4][11][12][3][17](18][6][13][17]
4.42. Quality of communication from Al voice agents.

It has been found that smooth conversation and human-like interaction positively influence customers'
behavior and communication. Thus organizations must focus on conversational flow, quality of voice,
NLP capabilities and relevance to customers, by ensuring that Al systems communicate naturally,
clearly and effectively without sounding too robotic. These characteristics contribute to increased

levels of customer satisfaction, trust and will influence purchasing decisions. [8][14][15][26][45]
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4.5.3 Avoid Excessive human-like imitation.

It has been shown in the regression analysis that an Al that too excessively imitates human
characteristics may result in an undesirable influence on customers' perception and comfort level.
This is because customers do not find it comfortable to communicate with Al agents when it too
clearly attempts to impersonate humans. Therefore organizations must use a tone that is neither too
artificial, nor too human. Customers prefer honesty and authenticity rather than the idea that the Al

agent is fully human. [8][14][15]

4.5.4 Utilize Al voice agents in the early sales funnel.

The sales funnel analysis revealed that Al voice agents have a higher impact at the consideration and
awareness stage of the sales funnel. This can be utilized to implement Al for communication with
customers about products/ services, gathering customer information (leads), responding to FAQs, or
for marketing. Al agents can perform routine communicative tasks with greater efficiency, thus
alleviating the workload of sales employees, and extending the reach to the customer.

[1]6][11][26][45]

4.5.5 Human agents for final purchasing phase.

Customers are more likely to need a degree of reassurance from human agents during the final stage
of purchase. Therefore, a blend of Al and human interaction seems to be optimal in the sales funnel:
Al should handle initial interaction with the customer during the first stage of the sales funnel,

whereas human agents should handle the final stage. [3][17][18]

4.5.6 Reduced irritation from Al calls.

Although irritation was found to have a low statistical value in the study, negative communication
may still result in negative customer perceptions over the long run. Therefore, the most obvious
solution is to reduce unnecessary communication or interaction that would cause frustration (such as

redundant answers, interruptions, robotic tones or late answers). [26][45]

4.6.7 Personalized and contextualized Al communication.

Customers respond to information that is tailored to them; that shows the organization has considered
individual needs, wishes, product concerns and interests. In this way organizations should endeavor
to integrate systems that enable personalization and adapt communication and suggestions to the

customer. [26][45][3][17][18][18][36]

4.7.8 Transparency and Ethical Al Usage.

In order to maintain customer trust, they should be clearly informed they are talking to an AL, rather
than an human agent. Such transparency can improve comfort level and avoid any suspicion of
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manipulation. Also important is %otect the customer's personal data and ensure secure and ethical

Al usage, in order to foster an environment of trust. [22][29][26][45]
4.5ﬁnitation of the Study

There are a number of limits to every study and these limitations may impact upon the scope and
interpretations of a study as well as their generalizability. The present study entitled 'Impact of Al
Voice Agents on Customer Perception and Purchase Decision' also has a number of limitations that
must be taken into account in an understanding of the results and conclusions of the study. While the
present study offers a valuable perspective on the function of Al voice agents in today's business
communications and purchasing decisions, a number of practical and methodological limitations were

encountered during the research:

4.5.1 Small Sample Size

The study was conducted with the responses of only 94 people, and while the responses were useful
or the purposes of the study, a larger sample size would undoubtedly have led to more reliable and
generalizable results about the perceptions and purchasing habits of consumers toward Al voice
agents and provided increased statistical reliability. A larger sample would also have better

represented the varied categories of customers.

4.5.2 Convenient Sampling Method

The sample was drawn primarily using convenient sampling and since the questionnaire was
administered electronically through the use of online tools, social media, and through personal
contacts, it is possible that it did not accurately reflect the full range of consumers who might use Al
voice agents. As the survey was mostly filled out by students and a highly digital user base there may

have been a certain amount of sampling bias in this study.
4.5.3 Time Constraint

The study was limited in time, and there was not enough time to study the customer behavior over a
longer time frame or their changing perceptions to the technology over that time frame, customer
perceptions of Al systems could change, customer purchase behavior and customer loyalty also may

not be stable and can fluctuate with changes over time.

4.5.4 Response Bias

This study relied on a structured questionnaire and therefore respondents are subject to answering
according to their own personal opinions, assumptions, perceptions, and experiences, which can cause
response bias. Also respondents might have been limited in terms of how they had used Al voice

agents.
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4.5.5 Limited Geographic Reach

The present study was mostly conducted with a particular set of customers from one geographic area
and demographic. It is possible that perceptions might differ significantly from one region of the
world to another based on cultural beliefs, values, and standards. It may also differ based on region,

or economy of the country that is being evaluated.

4.5.6 Technology Rapid Change

Due to the speed that technology progresses and develops and new technologies such as improved
artificial intelligence and natural language processing systems, it is likely that consumer preferences
will be influenced in the future with further developments in technology, thus possibly rendering

results of this study null at some point.

4.5.7 Industry Differenced Not Addressed

The various applications of Al voice agents in the various industries such as banking, health care,
retail, telecommunications, hospitality and e-commerce may differ; hence there could be differing
opinions in relation to its use in each sector. However this was not something that was studied at

length within this research.

4.5.8 Psychological and Emotional Influences

Customer psychology such as customer emotions, customer trust levels, customer satisfaction and
customer purchase intent are often difficult to measure accurately using traditional survey methods
due to them being such subjective components of decision-making processes. This could have

contributed to bias in the collected data.

4.5.9 Lack of Investigation into Technical aspects of Al voice agents

This research study focused on the customer perception and purchase intention in relation to Al voice
agents and did not look into details of Al voice agent software such as the Al accuracy of the
technology, or system quality in terms of speech recognition capability or responsiveness, to mention

a few technical characteristics that could affect customer perception and purchase behavior.
4.5.10 Limited Study into long term usage

The current research study was designed to reflect present customer feelings and use of Al voice
agents, however, the nature of future customer behavior and loyalty toward Al voice agents could not

be accurately determined.
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Despite the limitations outlined, % findings of this research study demonstrate a valuable overview
into the functionality of Al voice agents and the impact that they are starting to have on consumer

behavior and interactions. It can assist the business world in better understanding Al and its impact.
5. CONCLUSION

This current gudy titled "Impact of AI voice agents on customer perception and purchase
consideration" was conducted with the aim of identifying the impact of Al voice communication
system on customer behavior, customer trust, customer purchase consideration and sales efficiency
at various stages of customer decision-making process and determining whether Al voice agent could

foster customer interaction and buying behavior. [4][11][12] [3][17][18] [1][6][11] [6][13][17]

With the widespread advancement of Artificial Intelligence in communication and customer service
processes of businesses across different sectors like banking, telecommunication, retail, e-commerce
and so on, Al voice agent is becoming increasingly pervasive in all sectors of business including
communication and customer support. Organizations across the various sectors of businesses are
continually incorporating Al-based communication technology, to maximize business efficiency,
enhance customer satisfaction, accelerate response time, automate business communications and
personalize customer ﬁe’ractions. Therefore, the purpose of the present research was to assess both

strengths and limitations of Al voice agents from the perspective of customers. [1][6][11]

This research adopted both secondary and primary research methods in collecting data for study.
Primary data was collected from questionnaire which was personally administered to respondents
across various demographics and professional backgrounds. The data was gathered and collated by
accessing academic journals, reports, articles, books and previous researches that dealt with Al
communication systems and customer behavior in form of secondary data. Finally, all collected data
were analyzed using different techniques of statistical analysis, including correlation, hypothesis
testing, regression analysis, bootstrapping, reliability testing, factor analysis, group analysis and sales

funnel analysis by using Python.

This study provided interesting finding related to customers perception toward Al voice agent.
Demography analysis showed that younger age groups and individuals who are more active in digital
media are more exposed to Al voice communications. The reliability analysis indicated that the used
questionnaire was statistically reliable and internally consistent for performing advanced statistical

analyses. [1][6][11]

Correlation analysis proved that quality of communication, human-like interaction, ability of Al to
understand, and customer trust are positively related to customers purchase consideration, i.e.,

customers gave positive feedback about smooth conversations, proper understanding of products, and
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natural interactions provided by Al systems. Customer trust in information generated by the Al system

was the key factor for customer purchase consideration. [4][11][12] [3][17][18] [8][14][15] [26][45]

The results of the hypothesis testing provided evidence for positive impact of customer trust, human-
like interaction and Al ability of understanding on customer purchase decision, and on the contrary it
also confirmed that at final purchase stage Al has limitations in influencing customer behavior when
it comes to customers confidence and emotional assurances. [4][11][12] [3][17][18] [8][14][15]
[26][45]

%e regression analysis revealed that there was a positive relationship between customer purchase
consideration and Al communication quality, Al ability of understanding and customer trust on Al
generated information. Al information trust was the strongest factor which affected customer
purchase behavior followed by smooth communication and Al product understanding. The overly
human-like communication was observed with negative relationship as per the regression model,
meaning that human-like conversation might make customers uncomfortable. [4][11][12] [3][17][18]

[B][14][15] [26](45]

Bootstrap regression test confirmed the stability of the result over time and sample. Factor analysis

showed three factors influencing customer perception of Al voice agent [1][6][11]

1. Communication and functional efficiency of AL
2. Customers trust and purchase confidence.

3. Irritation and resistance toward Al calls.

The finding on the Sales Funnel Analysis was very interesting and highlighted that Al voice agents
have a very high effectiveness at the awareness stage, a reasonable effectiveness at interest and
consideration stage and the least effectiveness at the purchase stage of the customers' buying journey
(B1071018] [1][e]11] [26][45].

Further the finding of human dependency gap analysis confirms that customers purchase
consideration was higher than customer purchase comfort, implying that while customers accept to
engage with Al systems but human reassurance at the final stage of purchasing is required for higher

level of comfort and emotional confidence. [3][17][18] [26][45]

Thus, it can be concluded that while Al voice agents contribute positively towards customer
interaction and sales efficiency they cannot wholly replace human communication throughout all

stages of the customers' buying decision-making process. [1][6][11] [6][13][17] [26][45]

Thus, integration of Al voice agents and human agents together will provide the best experience for

the customer and increase business efficiency through a hybrid communication process where Al
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deals with routine and factual issues and human agent handles complex emotional and decision

making issues. [1][6][11]

It can be further concluded that while implementing Al voice agents, organization must concentrate
on building customer trust, quality of Al communication, clarity and transparency in the

communication and also ethical use of Al technologies. [4][11][12] [22][29]

Finally, this research helps in both academic understanding and business applications, while
explaining the impact of Al voice agents on customer communication and providing effective
guidelines for implementation of Al-based communication technology. This research also provided a
good opportunity for future researches related to personalization and emotional capability of Al

system, and customer trust in the long run. [4][11][12] [1][6][11] [26][45]

It can be concluded that Al voice agents are very important in future but cannot wholly replace human
interaction while taking final purchasing decisions. The sales communication is an amalgamation of

Aland humans. [3][17][18] [1][6][11]
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ANNEXURE
1.Questionnaire
Title: Impact of Al Voice Agents on Customer Perception and Purchase Decision

Purpose:
This survey aims to understand how Al voice agents influence customer perception

and buying decisions. [3][17][18] [1][6][11]
Section 1: Basic Information
« Email Address
Section 2: Demographic Details
. ?gc:
o 15-20
o 21-25
o 26-30
o 31+
s Occupation:
o Student
o Working Professional
o Other

» Have youreceived a sales/marketing call that you believe was from an Al voice

agent?
@Y&s
o No
o Not Sure
» Were you able to identify that it was AI?
o Yes

s No




o Not Sure
Section 3: Experience with Al Voice Agent
(Rate on a scale of 1 to 5)
= The Al agent sounded natural and human-like
g Strongly Disagree 5 = Strongly Agree
» The Al was able to understand and respond to your queries properly
@Strongly Disagree 5 = Strongly Agree
o The conversation felt smooth (not robotic or scripted)
gStrongly Disagree 5 = Strongly Agree
» Al helped me understand the product better
E Strongly Disagree 5 = Strongly Agree
« Al influenced my decision to consider buying
g Strongly Disagree 5 = Strongly Agree
e [ feel comfortable making a final purchase through Al
g Strongly Disagree 5 = Strongly Agree
Section 4: Trust and Decision Making
/@e on a scale of 1 to 5)
g Strongly Disagree 5 = Strongly Agree
o [ trust the information provided by Al
1= Strongly Disagree 5 = Strongly Agree
» [ am concerned about my data being recorded by Al
$= Strongly Disagree 5 = Strongly Agree
« | would consider purchasing a product recommended by Al calls
@ Strongly Disagree 5 = Strongly Agree
« [ would prefer a human agent before making the final decision
1= Strongly Disagree 5 = Strongly Agree

Section 5: Negative Perception and Issues
2




(Rate on a scale of 1 to 5)

= I find Al sales calls irritating or intrusive

@ Strongly Disagree S = Strongly Agree

What bothered you the most?

» Repetitive/scripted responses

» Lack of human understanding

» Too many calls (spam)

o Trust issues

« Nothing
Section 6: Open-Ended Insight

»  What is the main reason you would NOT buy from an Al sales call?

2. Python Codes

. ﬁus://colab.research.google.com/’drive/litd.\HKIS3NXiKPQJO3zhm2Ylm5
Efh5e#scrollTo=31Xdy7aaV8F|

. Eggs://colab.research.google.com/d:rive.fl dijgEFr193gl6dp 3MoCe9fp2eMR

37kdk#scroll To=2b95qumPT92X

. s://colab.research.google.com/drive/l 3khmAsw INO2 [uQcV-
BPX0Y2ptkul38eb#scrollTo=ITWqbazajNn8




MRP

ORIGINALITY REPORT

11, o 7 Do

SIMILARITY INDEX INTERNET SOURCES PUBLICATIONS STUDENT PAPERS

PRIMARY SOURCES

dspace.dtu.ac.in:8080 /
Internet Source %
www.ijfmr.com /

Internet Source < %

Submitted to Delhi Technological University <

Student Paper

[22]

%

"Marketing and Smart Technologies", Springer <
Science and Business Media LLC, 2025

L~

%

Publication
ijircce.com '
Iiternet Source < %
n Submitted to Alliance University <
Student Paper %
www.mdpi.com 7
Internet Sourcep < %
E Submitted to Macquarie University <
Student Paper %%
repository.unar.ac.id /1
n Internet Source < %
i[srem.com v
IrJ1ternet Source < %
Submitted to Asia Pacific University College of < o
Technology and Innovation (UCTI) °
Student Paper
larjset.com
Internet Source <1 %




Alcantara Sanchez, Lisette Vanessa. "Antibody <'I

Response to SARS-CoV-2 Vaccine in
Transplant Recipients and Hemodialysis
Patients from the Dominican Republic.",
University of Rochester

Publication

%

Submitted to Cologne Business School (CBS) -
14 o . ) <l%

European University of Applied Sciences

Student Paper

WWW.ama.or 7
Internet Source g < %

oapub.or v
InterEet Sourceg < %
Rosa Llamas, Russell Belk. "The Routledge < o

Handbook of Digital Consumption”, °

Routledge, 2022

Publication

kmr.kasba.or.kr v
Internet Source < %

link.springer.com /
Internet Source < %

research.buaa.edu.cn v
Internet Source < %
Submitted to University of Gloucestershire <

Student Paper %

nectarinnovations.com v
Internet Source < %

van Niekerk, Karen. "Factors that Influence /1
23 <|%

the Adoption of mCommerce Applications for
Purchasing Athletic Fashion Apparel",
University of Johannesburg (South Africa),
2021

Publication




SStudbrtwgltted to Copenhagen Business School < %
uaen aper
Submitted to University of Huddersfield v
Student Paper y < %
eprajournals.com /
Internet Source < %
eprints.utar.edu.m v
IntFe)met Source y < %
ouci.dntb.gov.ua v
Internet Source g < %
ollsterpub.or v
Irr?temet SourBe g < %
www.intone.io ’
Internet Source < %
www.jetir.org <’
Internet Source %
Bieke Henkens, Carsten D. Schultz, Arne De <' o
Keyser, Dominik Mahr. "The sound of ’
progress: Al voice agents in service", Journal
of Service Management, 2025
Publication
Submitted to American Public University <1 %
System
Student Paper
Anatoli Bourmistrov, Levi Garseth-Nesbakk,
34 _ <l
Toomas Haldma, Jan Mouritsen, Roman
Vakulchuk. "Accounting and Auditing Small
and Medium-Sized Practices - Transformative
Capabilities in a Rapidly Changing Society",
Routledge, 2025
Publication
WWW.jescae.com
Internet SJOUFCE‘ <1 %




Jyoti Sharma, Shamily Jaggi. "Engaging voices: <1 o
Investigating the role of engagement in Al °
based voice assistant-driven purchase
behavior", AIP Publishing, 2025
Publication
Submitted to University of Glasgow

Student Paper y g <1 %

Submitted to University of Technology, <1 o
Sydney °
Student Paper
web.superagi.com

InternetSouPce g <1 %

Chalmers, Janet. "Educators' Perceptions of <1 o
Operational Competencies Required in Public °
Schools", Vaal University of Technology (South
Africa), 2024
Publication
Submitted to lllinois Institute of Technolo

Student Paper gy <1 %

Panagiotis Zaharias, Angeliki Poylymenakou. <1 o
"Developing a Usability Evaluation Method for °
e-Learning Applications: Beyond Functional
Usability", International Journal of Human-

Computer Interaction, 2009
Publication

Tadele, Kajelcha. "Effect of Training on <1 o
Employee Performance: The Case of Textile °
and Garment Industry Research and
Development Center.", Ethiopian Civil Service
University
Publication

Ting Jiang, Shixin Yang. "How Al voice affects <1 o

0

customer tolerance: the mediating role of



warmth perception and the moderating effect
of intelligence level", Kybernetes, 2025

Publication

jurnal.ucy.ac.id

Internet Source < %
ure.uj.ac.za v
IFr?ternet So{Jrce < %
Submitted to University of Bradford /
Student Paper < %
boosturbusiness.com v
Internet Source < %
bucket-ox15x1.s3.ap-southeast- < o
1.amazonaws.com 0
Internet Source
reenwichjournals.com v
%temet Source J < %
ideas.repec.or v
Internet Source g < %
Submitted to ESC Rennes v
Student Paper < %
Submitted to RAK Medical and Health <'
. . . %
Sciences University
Student Paper
iris.luiss.it
Internet Source <1 %
Agbotiname Lucky Imoize, Oleksandr <1 o
Kuznetsov, Oleksandr Lemeshko, Oleksandra 0
Yeremenko. "Advancements in Cybersecurity -
Next-Generation Systems and Applications",
CRC Press, 2025
Publication
tesi.luiss.it
Internet Source <1 %




Abdel-Karim Al-Tamimi, Richard Moore, Yasir <1 o
Javed, Stany Babu, Elizabeth Freeman. °
"chapter 6 Chatbots in Education", IGI Global,

2024
Publication

Sul?mltted to Georgia Institute of Technology <1 %
Main Campus
Student Paper
Submitted to University College London /

Student Paper < %
erepo.uef.fi v

m InternFe)t Source < %
jaipuriamba.edu.in /

Internet Source < %
www.classace.io /

Internet Source < %
WWW.coursehero.com 7

Internet Source < %
WWWw.quia.com 7

Internet S?urce < %
www.tru.ca 7

Internet Source < %

m Submitted to Brisbane Catholic Education <'
Student Paper %
Submitted to Nottingham Trent Universit v

Student Paper g y < %

m Submitted to University of West London <
Student Paper %
ir.mksu.ac.ke 7

E Internet Source < %
vbn.aau.dk

Internet Source <1 %




H
—_—

Submitted to Heriot-Watt University <1 o
0

Student Paper

M. Nithin, Sweety R. Jamgade. "chapter 29 <1 o
Study on Consumer Awareness and °
Acceptance of Al Technology in the Hospitality

and Tourism Service Industry"”, IGI Global,

2025

Publication

Submitted to University of Hertfordshire

Student Paper <l%
SStiEnzr;;Ft)ged to Westcliff University < %
chischobreom <1
el <1y
e udsedugn <o
I\r/j\:l/r\r/j\é\t/;Lruwfetatechinsights.com < %
s <1
=0 IS <Tw
PPeorebr <Tu«
bt <Tw
Ssile;(IjEnr';rF:Etefl’ed to ICL Education Group < %
SStiEnrtr;;Ft)Ered to Universiti Tenaga Nasional <' %




hdl.handle.net 7
Internet Source < %
m Submitted to Coventry University <

Student Paper 0%

Submitted to PSB Academy (ACP eSolutions) /
Student Paper y < %
Submitted to Southern New Hampshire < o

University - Continuing Education °

Student Paper

Submitted to University of Birmingham
m Student Paper y g <1 %
m Submitted to Vrije Universiteit Amsterdam <1

Student Paper %

www.zora.uzh.ch
Internet Source <1 %
dejan.ai <1

Internet Source %

mfuir.mfu.ac.th /
Internet Source < %

uantumorbitlabs.com v
ﬂtemet Source < %

repository.poliupg.ac.id 1
Inteﬁwet Sourcey p pg < %

www.frontiersin.or /
m Internet Source g < %

Submitted to City University Malaysia /
Student Paper < %
m Junping Qiu, Tingyong Zhang, Zhongyang Xu, < o

0

Yutian Fu, Qinze Mi, Songtao Li.
"Understanding users’ online health

information seeking switching intention: from




traditional health information platforms to
GAI", Online Information Review, 2025

Publication

Learning Facilitators - Creating Smart
Education Systems", CRC Press, 2025

Publication

Lee, Jessica. "Developing Responsivity as a <1 o
Machine Quality: Adapting to Goal Contexts in °
Human-Machine Collaborations.", Arizona
State University
Publication
% Shu-Chuan Chu, Juran Kim, Charles R. Taylor. <1 o
"Electronic Word of Mouth as a Promotional °
Technique - New Insights from Social Media",
Routledge, 2020
Publication
encyclopedia.arabpsychology.com /
IntemZt Sour?e p y gy < %
oeconomia.pl /
102 Internet Source p < %
scholarspace.manoa.hawaii.edu /
Internet Sourcep < %
www.landbase.com /
Internet Source < %
Y "Human Aspects of IT for the Aged <
, : . . %
Population", Springer Science and Business
Media LLC, 2025
Publication
¥, Deschamps, Marie Julie. "Icanfeel: A Digital Art <1 o
Activity to Support Distress Detection in Adult °
Oncological Patients."”, Lesley University
Publication
Yy Fadi Al-Turjman. "Artificial Intelligence <1 %




Joanna Paliszkiewicz, Marta Mendel, Charles J.
Priolo, Trang Nguyen. "Trust and Human
Resource Management - Navigating Human
Capital in the Age of Transformation",
Routledge, 2026

Publication

<1%

M. Venkataswamy Reddy. "Statistical Methods

in Psychiatry Research and SPSS", CRC Press,
2019

Publication

<1%

M. Vimalkumar, Sujeet Kumar Sharma, Jang
Bahadur Singh, Yogesh K. Dwivedi. "“Okay
Google, What About My Privacy?’: User's
Privacy Perceptions and Acceptance of Voice
Based Digital Assistants", Computers in
Human Behavior, 2021

Publication

<1%

—_

Ng, Sheryl Wei Ting. "Process and Outcomes
of Trust in Al-Driven Chatbots: A Systematic
Review and a Longitudinal Study", National
University of Singapore (Singapore), 2025

Publication

<1%

—_—
Nl
N)

Submitted to University of Warwick

Student Paper

—_—
M
)

corpusdigital.com

Internet Source

<l%

AN

—_

cyberpsychology.eu

Internet Source

<l%

—_—
=
U1

dirros.openscience.si

Internet Source

<l%

—_—
-
(@)

ejtas.com

Internet Source

<l %

—
~]

imgs.resea.ai

Internet Source




journal.50sea.com /
-Ilntemet Source < %
journal.sinov.id 1
119 JInternetSource < %
revistasinvestigacion.esic.edu 1
120 Internet Source g < %
www.juangilbert.com v
Internet SJource g < %
Y Anthony ). Onwuegbuzie, R. Burke Johnson. < y
"The Routledge Reviewer's Guide to Mixed °
Methods Analysis", Routledge, 2021
Publication
e Gyan ‘Prakash, Amandeep Ka'l'Jr. "Al and <1 %
Sustainable Transformations", CRC Press,
2025
Publication
Janagama, Sai Chander. "The Role Al Played in <1 o
Offering Virtual Assistance to Users.", 0
University of the Cumberlands
Publication
125 Jlmengz, Natalia Plnz.on.."Farmlng {md | <1 %
Ranching Through Wildfire Season: Fostering
Socioecological Resilience Through Action-
Research and Extension Education.",
University of California, Davis
Publication
¥ Lopes, Ana Rita Catarino. "How do Patients 1
. S <l%
React to the Use of Al in Dental Medicine?",
Universidade NOVA de Lisboa (Portugal), 2024
Publication
Y, Punita Duhan, Anurag Singh. "M-Commerce - <1 %

Experiencing the Phygital Retail", CRC Press,
2019

Publication




Sudarsan Jayasingh, Arunkumar Sivakumar, <1 o
Arputha Arockiaraj Vanathaiyan. "Artificial °
Intelligence Influencers’ Credibility Effect on
Consumer Engagement and Purchase
Intention", Journal of Theoretical and Applied
Electronic Commerce Research, 2025
Publication
Thangaprakash Sengodan, Sanjay Misra, M 1
. . . <l%
Murugappan. "Advances in Electrical and
Computer Technologies", CRC Press, 2025
Publication
B Tze Wei Liew, Cynthia Tze Ming Lim, <1 o
Mohammad Tariqul Islam Khan, Su-Mae Tan. °
"Banking on voice: Al attributes, technology
perceptions, and trust in banking voicebot
acceptance", Computers in Human Behavior
Reports, 2025
Publication
bu.edu.e ‘
13 Internet Sourceg < %
edepot.wur.nl /
132 Internet Source < %
healthmanagement.or v
Internet Source g g < %
ijsrst.com /]
IrJ1ternet Source < %
invergejournals.com v
Internet Sgou!ce < %
jksgm.org /
136 Internet Source < %
jmsrr.com /]
137 JInternetSource < %
listens.online '
138 Internet Source < %



—_—
El
O

muep.mau.se

Internet Source %
pure.au.dk
140 Internet Source %
pure.manchester.ac.uk
141 %
Internet Source
gmro.gmul.ac.uk
142 Internet Source %
repository.wit.ie
Internet Source %
scholarsbank.uoregon.edu
14 | 0%
nternet Source 0
Wl Upc.aws.openrepository.com %
Internet Source
www.allaboutai.com
Internet Source %
wy www.diva-portal.org o
Internet Source 0
www.iprjb.org
Internet Source %
www.marketgrowthreports.com
14998 %
nternet Source
www.medrxiv.org
Internet Source %
15 www.parasitestudy.com
Internet Source %
www.ssbfnet.com
Internet Source %
153 www.ssoar.info
Internet Source %




Park Thaichon, Sara Quach. "Artificial
Intelligence for Marketing Management",
Routledge, 2022

Publication

<1%

Shao, Angi. "Beyond Misinformation:
Understanding Al Hallucinations in Science
Communication.", The University of Wisconsin
- Madison

Publication

<1%

Westby, Samuel. "Focused and Panoramic
Perspectives on the Future of Work",
Northeastern University

Publication

<1%

Xiaoli Tang, Zihua Wang. "Anthropomorphic
Design of Virtual Streamers in Live Streaming;:
A Double-Edged Sword Effect on Consumers'
Acceptance Intention", Journal of Consumer
Behaviour, 2026

Publication

<1%

de Oliveira, Pedro Miguel Garcia. "From Mind
to Market - Understanding the Influence of
Intelligent Virtual Assistants on Advertising
Value and Acceptance From a
Neurophysiological Perspective.", ISCTE -
Instituto Universitario de Lisboa (Portugal)

Publication

<1%

Peiyu Zhou, Yuguang Xie, Changyong Liang.
"How to increase consumers’ continued use
intention of artificial intelligence voice
assistants? The role of anthropomorphic
features", Electronic Markets, 2023

Publication

<1%

Syed Md Faisal Ali Khan, Yasser Moustafa
Shehawy. "Perceived Al Consumer-Driven
Decision Integrity: Assessing Mediating Effect

<1%



of Cognitive Load and Response Bias",
Technologies, 2025

Publication

Exclude quotes Off Exclude matches Off
Exclude bibliography  Off



