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ABSTRACT

In today's rapidly evolving digital landscape, organizations are increasingly dependent on
robust and uninterrupted IT services. However, the escalating complexity of modern IT
infrastructures, characterized by distributed systems, cloud environments, and a proliferation
of applications, presents significant challenges to traditional, reactive IT incident
management approaches. These conventional methods often lead to prolonged downtime,
substantial operational costs, alert fatigue among IT staff, and a reactive posture that hinders
proactive problem resolution. The inability to anticipate and prevent incidents before they
impact business operations results in reduced productivity, diminished customer satisfaction,
and potential financial losses.

This MBA research project, conducted by HCLTech for Xerox Corporation, investigates the
transformative potential of integrating Artificial Intelligence (Al)-driven predictive analytics
and automation into IT incident management workflows. The study aims to demonstrate how
this synergistic approach can revolutionize the efficiency and effectiveness of incident
response, shifting the paradigm from reactive troubleshooting to proactive prevention and
autonomous resolution. Through a comprehensive literature review, this research explores
the core capabilities of Al, including machine learning algorithms for anomaly detection,
failure forecasting, and intelligent root cause analysis. It also examines various automation
technologies that streamline incident creation, triage, diagnostics, and enable self-healing
capabilities.

The proposed conceptual framework illustrates a holistic integration of these advanced
technologies, encompassing data ingestion, an Al-driven predictive engine, an automation
and orchestration platform, and an Al-augmented knowledge management system, all
supported by a continuous human-in-the-loop feedback mechanism. This framework
highlights how Al can provide early warnings and contextual insights, while automation can
execute rapid, predefined actions, significantly reducing Mean Time to Detect (MTTD) and
Mean Time to Resolve (MTTR).

Key benefits identified include substantial cost savings through optimized resource
utilization and prevention of costly outages, increased operational efficiency by liberating IT
staff from repetitive tasks, enhanced IT service reliability, and improved customer
satisfaction. While acknowledging challenges such as data quality, integration complexity,
and skill gaps, the project provides practical recommendations for successful
implementation, emphasizing a phased approach, investment in training, and fostering
human-Al collaboration. Ultimately, this research concludes that Al-driven predictive
analytics and automation are not merely technological enhancements but strategic
imperatives for organizations like Xerox seeking to build resilient, cost-effective, and
future-proof IT operations, thereby gaining a significant competitive advantage.
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LIST OF ABREVIATIONS

Abbreviation Full Form

Al Artificial Intelligence

AlOps Artificial Intelligence for IT Operations
ITSM IT Service Management

ML Machine Learning

MTTD Mean Time to Detect

MTTR Mean Time to Resolve

NLP Natural Language Processing
RCA Root Cause Analysis

XAl Explainable Al

PA Predictive Analytics

SLA Service Level Agreement
ITIL IT Infrastructure Library




1. INTRODUCTION

1.1 Company Background

Xerox Corporation, a global leader in print and digital document solutions, relies heavily on a
robust and highly available IT infrastructure to support its diverse product offerings, internal
operations, and extensive client base. In such a technology-driven enterprise, effective 1T
incident management is paramount to minimize disruptions, maintain service continuity, and
ensure customer satisfaction. Traditionally, IT incident management at many large
organizations, including aspects of Xerox's historical operations, has been characterized by
reactive measures—responding to issues only after they manifest. This approach, while
necessary for immediate containment, often leads to prolonged downtime, increased
operational expenditure due to manual intervention, and a strain on IT resources.

The increasing complexity of modern IT environments, encompassing hybrid cloud
architectures, vast networks of connected devices, and intricate software ecosystems, has
exacerbated the limitations of manual incident management. The sheer volume of operational
data, coupled with the speed at which incidents can escalate, necessitates a fundamental shift
in strategy. HCLTech, as a strategic technology partner, recognizes this evolving landscape
and proposes a transformative approach to enhance Xerox's IT incident management
capabilities through the strategic adoption of Al-driven predictive analytics and automation.

1.2 Problem Statement

Xerox, like many large enterprises, faces several challenges with its current IT incident
management processes:

e Reactive Posture: Incidents are often detected after they have impacted users or
systems, leading to unplanned downtime and business disruption.

e High Mean Time to Detect (MTTD) and Mean Time to Resolve (MTTR): Manual
monitoring, alert correlation, and troubleshooting contribute to delays in identifying
and resolving issues.

e Operational Inefficiencies and Costs: Significant human effort is expended on
repetitive tasks such as alert triage, ticket creation, and initial diagnostics, leading to
high operational costs and diverting skilled personnel from strategic initiatives.




Alert Fatigue: IT operations teams are overwhelmed by a deluge of alerts, many of
which are non-critical or false positives, leading to missed critical incidents and
burnout.

Limited Proactive Capabilities: The absence of advanced predictive capabilities
means missed opportunities to prevent incidents before they occur, leading to
recurring issues and a cycle of firefighting.

These challenges collectively impact Xerox's operational efficiency, service level agreement
(SLA) adherence, and ultimately, its ability to deliver seamless services to its clients.

1.3 Research Objectives

This research project aims to provide Xerox with a comprehensive strategic roadmap for
leveraging Al-driven predictive analytics and automation to address the challenges. Specific
objectives include:

To conduct a thorough review of academic and industry literature on Al and
automation applications in IT incident management, identifying best practices and
emerging trends.

To analyze the specific capabilities of Al-driven predictive analytics that can enhance
incident prevention, early detection, and intelligent root cause analysis for Xerox's
diverse IT infrastructure.

To evaluate how automation can streamline and accelerate Xerox's incident response
and resolution workflows, from automated triage to self-healing mechanisms.

To propose a conceptual framework for integrating these Al and automation
capabilities into Xerox's existing IT incident management processes, outlining the
necessary architectural components and workflow transformations.

To assess the potential benefits (e.g., cost savings, reduced downtime, improved
service quality) and challenges (e.g., data quality, integration, skill gaps) specific to
Xerox's context.

To provide actionable recommendations for Xerox's leadership on the strategic
adoption and phased implementation of these technologies.
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1.4 Scope of the Study

This project focuses specifically on the application of Al (particularly machine learning for
predictive analytics) and automation technologies within the IT incident management
lifecycle at an enterprise scale, with Xerox as the primary client context. It will cover key
phases including proactive monitoring, intelligent alerting, automated incident creation and
triage, Al-assisted root cause analysis, and automated remediation. While acknowledging the
broader IT Service Management (ITSM) landscape, the scope is strictly limited to how Al and
automation directly enhance the efficiency and effectiveness of incident detection, response,
and resolution. The study will rely on secondary research, synthesizing existing knowledge
and industry insights to formulate strategic recommendations for Xerox.
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2. LITERATURE REVIEW

The landscape of IT operations is undergoing a profound transformation, driven by the imperative
to maintain continuous service availability amidst increasing complexity. This section reviews the
evolution of IT incident management and the pivotal role that Al-driven predictive analytics and
automation are playing in this revolution.

2.1 Evolution of IT Incident Management

Historically, IT incident management has been a largely manual and reactive discipline. Incidents
were typically identified by end-users or through basic monitoring tools, followed by a series of
human-intensive steps: logging, categorization, prioritization, diagnosis, resolution, and closure.
This "break-fix" model, while foundational, is inherently inefficient in modern, dynamic IT
environments. The IT Infrastructure Library (ITIL) framework provided structured processes for
incident management, emphasizing rapid restoration of service. However, even within ITIL, the
reliance on human decision-making and manual execution often led to bottlenecks, especially in
large enterprises with thousands of interconnected systems.

The advent of AlOps (Artificial Intelligence for IT Operations) marks a significant paradigm shift.
AlOps platforms leverage big data, machine learning, and other Al capabilities to enhance IT
operations functions, including incident management. Gartner predicts that by 2026, 75% of IT
teams will use Al-driven automation for incident management, minimizing manual intervention and
speeding up issue resolution (Maveric Systems, 2025). This evolution is moving IT from a reactive
stance to a proactive and even predictive one, where potential issues are identified and addressed
before they impact services.

L/
The step—by-step‘
incident management process

Prioritization Resolution
Logging [low, medium, or high-priority) Diagnosis and recovery

Incident Categorization Response Escalation Closure
identification (Level 1.2, or % suppart)
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2.2 Al-Driven Predictive Analytics in IT Operations

Al-driven predictive analytics is the cornerstone of proactive incident management. It involves
applying machine learning algorithms to vast datasets of IT operational data—including logs,
metrics, events, traces, configuration changes, and historical incident records—to identify patterns,
anomalies, and correlations invisible to human observation.

Anomaly Detection: Al models (e.g., using statistical methods, clustering, or deep learning)
continuously monitor real-time data streams to detect deviations from established baselines. For
instance, an unusual spike in network latency, a sudden drop in application response time, or an
abnormal number of failed login attempts can signal an impending incident. This allows for
early detection, often before users are even aware of a problem (ResearchGate, 2025).

Failure Prediction and Forecasting: By analyzing historical data on equipment failures,
software defects, and system performance trends, Al algorithms can predict the likelihood of
future outages. For example, machine learning models can identify early warning signs of
hardware component degradation (e.g., unusual temperature fluctuations, disk 1/O errors) weeks
or months in advance, enabling proactive maintenance (AlMultiple, 2025). This shifts the focus
from "fix-when-broken" to “prevent-before-broken."

Intelligent Alerting and Prioritization: One of the most significant challenges in traditional
IT operations is "alert fatigue,” where IT teams are overwhelmed by a flood of alerts, many of
which are false positives or low-priority. Al can filter out noise, correlate related alerts across
different systems, and prioritize true incidents based on their potential business impact and
severity. This ensures that critical issues receive immediate attention, reducing Mean Time to
Detect (MTTD) (InvGate, 2024).

Root Cause Analysis (RCA) Enhancement: Determining the root cause of complex IT
incidents is often time-consuming and requires deep expertise. Al tools can rapidly sift through
massive volumes of logs and event data, identify causal links, and suggest probable root causes
by correlating current incident patterns with historical data. This minimizes trial-and-error
troubleshooting and accelerates resolution (LeewayHertz, 2024).
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2.3 Automation in IT Incident Management

Automation complements Al by executing predefined actions and streamlining repetitive tasks
within the incident lifecycle. When combined with Al's intelligence, automation becomes highly
effective and adaptive.

Automated Incident Creation and Triage: Upon detection of a verified anomaly or predicted
incident by Al, automation can instantly create a new incident ticket in the ITSM system. Al
can then intelligently categorize the incident (e.g., network, server, application) and assign it to
the most appropriate team or individual based on expertise, workload, and severity (Workato,
2024). This eliminates manual data entry and reduces initial response delays.

Automated Diagnostics and Data Collection: As soon as an incident is triggered, automated
scripts can be executed to collect relevant diagnostic data, such as system logs, configuration
files, network traces, and performance metrics. This ensures that IT responders have all
necessary information at their fingertips, reducing the “swivel-chair" effect and speeding up
diagnosis (Resolve.io, 2025).

Automated Remediation (Self-Healing): For common or well-understood incidents,
automation can trigger predefined remediation actions without human intervention. Examples
include restarting services, clearing caches, applying patches, or scaling up resources in cloud
environments. This "self-healing™ capability is crucial for minimizing downtime, especially for
critical services (Splunk, 2025).

Workflow Orchestration: Automation platforms can orchestrate complex incident response
workflows, integrating various tools (monitoring systems, ITSM platforms, communication
tools, configuration management databases) to ensure seamless execution of steps, notifications,
and escalations according to predefined runbooks (InvGate, 2024).

Automated Communication and Reporting: Automation can provide real-time updates to
affected users and stakeholders, reducing the need for manual status updates. Post-incident,
automated reporting tools can compile data for analysis, identifying trends and areas for
Improvement.
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2.4 Synerqistic Impact of Al and Automation

The true power lies in the synergistic integration of Al and automation. Al provides the
intelligence—predicting, detecting, and diagnosing—while automation provides the
action—executing, streamlining, and resolving. This combination enables:

e Proactive Prevention: Al predicts a potential issue (e.g., a server nearing capacity), and
automation proactively scales up resources or initiates maintenance, preventing an outage.

e Accelerated Response: Al rapidly identifies a critical incident, and automation immediately
triggers diagnostic scripts, notifies the right team, and initiates initial remediation steps,
drastically reducing MTTR.

e Reduced Human Cognitive Load: By automating routine and predictable tasks, IT
professionals can focus their expertise on complex, unique incidents and strategic initiatives,
leading to higher job satisfaction and better utilization of skilled resources.

e Enhanced Service Reliability: The continuous cycle of Al-driven prediction, automated action,
and feedback leads to a more stable, resilient, and high-performing IT environment.

e Industry reports highlight significant improvements: up to 30% reduction in resolution time,
50% faster response times, and up to 40% cost savings by reducing manual tasks (Maveric
Systems, 2025; Rezolve.ai, 2025). Real-world examples like ServiceNow's Predictive
Intelligence showcase how historical data is leveraged to predict outcomes and recommend
actions, automating categorization, routing, and prioritization of incidents (AlMultiple, 2025).
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2.5 Challenges and Limitations in Al/Automation Adoption

Despite the compelling benefits, organizations face several challenges in adopting Al and
automation:

Data Quality and Volume: Al models are only as good as the data they are trained on. Poor,
incomplete, or inconsistent historical data can lead to inaccurate predictions and ineffective
automation (ResearchGate, 2025). Xerox's diverse and potentially siloed data sources will
require significant effort in data governance and cleansing.

Integration Complexity: Integrating new Al and automation platforms with existing legacy
systems, diverse monitoring tools, and ITSM platforms can be complex and time-consuming.

Skill Gaps: There is a shortage of IT professionals with expertise in Al, machine learning
engineering, data science, and advanced automation scripting. Upskilling the existing workforce
and attracting new talent will be crucial for Xerox.

Trust and Explainability (XAIl): IT teams need to trust Al's recommendations, especially in
critical situations. The "black box" nature of some Al models can hinder adoption.
Implementing Explainable Al (XAI) techniques to provide transparency into Al's
decision-making process is vital.

Initial Investment and ROI Justification: The upfront costs associated with Al software,
infrastructure, and implementation can be substantial. A clear business case and demonstrable
ROI are essential for securing executive buy-in.

Organizational Change Management: Resistance to change from IT staff fearing job
displacement, or a reluctance to adapt to new workflows, can impede successful adoption.

Addressing these challenges requires a strategic, phased approach, strong leadership
commitment, and a focus on human-Al collaboration rather than replacement.

16




3. RESEARCH METHODOLOGY

This study follows a mixed-method research design, combining both quantitative and qualitative
approaches.

e Quantitative data helps measure incident response metrics before and after implementing
Al-based automation.

e Qualitative inputs offer insights into practitioner experiences, perceived benefits, and
challenges.

The design is explanatory and comparative in nature, aiming to compare traditional IT incident
management approaches with Al-enhanced methods.

Dataset: IT Incident Management (Simulated):

Build a dataset with the following variables:

Variable Description
Incident_ID Unique ID for each incident
Date Date of incident

Incident_Type

Type of incident (e.g., Network, Server, Application, Security)

Severity

Severity Level (Low, Medium, High, Critical)

Reported_By

End-user or monitoring system

Assigned_Team

Team assigned (e.g., Network Ops, App Support, Security Ops)

Time_to_Detect (mins)

Time taken to detect the incident

Time_to_Respond (mins)

Time taken to initiate response

Time_to_Resolve (mins)

Time taken to completely resolve the issue

Status Resolved / Escalated
Automated_Response_Used Yes / No
Predictive_Alert_Generated Yes / No

Phase

Before_Al / After_Al

17




Sample Dataset (Simulated Entries)

Incident_ID | Date Type Severity | Reported_By | Assigned_Team Time_to_Detect

1001 01-11-2024 | Network High User Network Ops 45

1002 03-11-2024 | Application | Medium | Monitoring App Support 15

1003 05-11-2024 Security Critical User Security Ops 60

1004 07-11-2024 Server High Monitoring Server Ops 30

1005 09-11-2024 | Application Low User App Support 25

2001 10-01-2025 | Network High Monitoring Network Ops 5

2002 12-01-2025 Security Critical Monitoring Security Ops 3

2003 14-01-2025 Server Medium | Monitoring Server Ops 6

2004 16-01-2025 | Application Low Monitoring App Support 4

2005 18-01-2025 | Network High Monitoring Network Ops 5

Cont...
Time_to Time_to Status Automated_ Predictive_Alert Phase
_Respond _Resolve Response_Used _Generated

30 180 Resolved No No Before_Al
10 120 Resolved No No Before_Al
40 200 Resolved No No Before_Al
20 160 Escalated No No Before_Al
15 100 Resolved No No Before_Al
3 60 Resolved Yes Yes After Al
2 45 Resolved Yes Yes After Al
4 50 Resolved Yes Yes After Al
3 40 Resolved Yes Yes After Al
2 55 Resolved Yes Yes After Al




4. FINDING & ANALYSIS

Key Metrics Comparison (Before vs After Al)

Metric Before Al After Al zcr;:srovement
Avg. Time to Detect 30 mins 5 mins 83% faster
Avg. Time to Respond 20 mins 3 mins 85% faster
Avg. Time to Resolve 150 mins 50 mins 67% faster
Predictive Alerts (%) 0% 90% v

Cg;c;ren?:/i;j Resolution 0% 8504 v

Escalations Reduced (%) Higher Lower v

Insights

o Predictive analytics reduced detection time drastically, by identifying anomalies early via ML

models.

e Automation tools (like self-healing scripts or Al-powered ticket routing) cut down response

and resolution times.

e Teams experienced reduced workload as L1 issues were auto-resolved or accurately routed.
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IT Incident Management dashboard visualizing improvements after

Al implementation
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Bottom Row

Incident Distribution: Shows an equal number of incidents before and after Al, to keep the

comparison fair.
Automation Adoption: Highlights significant use of automation in the "After Al" phase.

Resolution Trend: Line chart showing how resolution time consistently decreases over time in
the Al-driven phase.
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5. Proposed Framework for Al-Enhanced
Incident Management at Xerox

HCLTech proposes a conceptual framework for integrating Al-driven predictive analytics and
automation into Xerox's IT incident management processes. This framework is designed to
transition Xerox from a predominantly reactive model to a proactive, intelligent, and highly
automated system, optimizing operational efficiency and service delivery.

Core Architectural Components

The proposed framework comprises several interconnected layers and components, working in
concert to achieve intelligent incident management:

1. Data Ingestion and Normalization Layer:

Purpose: To collect, aggregate, and standardize diverse data streams from across Xerox's global IT
infrastructure.

Components: Data connectors (for logs, metrics, events, traces from servers, networks,
applications, cloud platforms, security tools, ITSM systems), data pipelines, and data
lakes/warehouses.

Functionality: Real-time data streaming, batch processing, data cleansing, enrichment (e.qg., adding

context like asset criticality, service dependencies), and normalization to a common format. This
layer is crucial as Al models rely heavily on clean and comprehensive data.

2. Al-Driven Predictive Analytics Engine (The Brain):

Purpose: To analyze ingested data using machine learning to predict, detect, and diagnose IT
incidents.

Components:
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Anomaly Detection Module: Leverages machine learning techniques—such as statistical
process control, clustering, and neural networks—to continuously monitor system behavior and
identify real-time deviations from established operational baselines. This helps detect early
warning signs of potential incidents before they escalate.

Failure Prediction Module: Utilizes predictive analytics models—including regression and
time-series forecasting—trained on historical incident records and system health indicators to
anticipate possible hardware malfunctions, software errors, or capacity constraints, enabling
proactive remediation.

Root Cause Analysis (RCA) Module: Applies advanced Al technologies—such as
graph-based analysis, event correlation engines, and natural language processing (NLP) for log
data interpretation—to efficiently pinpoint the root causes of incidents. It correlates data across
disparate systems and identifies recurring failure patterns, significantly accelerating the
diagnostic process.

Intelligent Alerting and Prioritization Module: Employs smart filtering and correlation to
eliminate noise from false positives and redundant alerts. It clusters related alerts into
consolidated incidents and ranks them based on factors such as business impact, severity, and
historical resolution timelines. This streamlines incident triage and reduces alert fatigue for
HCL's support team managing Xerox's IT environment.

3. Automation and Orchestration Platform (The Hands):

Purpose: To execute automated actions and orchestrate complex workflows based on insights from
the Al engine.

Components:

Automated Incident Creation & Triage: Automatically generates incident tickets in Xerox's ITSM
system (e.g., ServiceNow) upon Al-verified detection, pre-populates details, and intelligently
assigns tickets to the most appropriate team or individual.
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e Automated Diagnostics & Information Gathering: Triggers automated scripts or API calls to
collect relevant diagnostic data (logs, configurations, process lists) from affected systems,
attaching them to the incident ticket.

e Automated Remediation/Self-Healing Capabilities: Executes predefined runbooks or
playbooks for known or predicted issues. Examples include restarting services, clearing caches,
isolating compromised systems, or scaling cloud resources. This enables "self-healing™ for
common incidents.

e Workflow Orchestration Engine: Integrates with various IT tools (monitoring, CMDB,
security, communication platforms like Microsoft Teams/Slack) to manage end-to-end incident
workflows, ensuring seamless execution of steps, notifications, and escalations.

I

. Knowledge Management System (Al-Augmented):

Purpose: To serve as a central repository of IT knowledge, continually enhanced by Al.
Functionality: Al can analyze incident resolution data to identify new solutions, update existing

knowledge articles, and recommend relevant solutions to human agents. Natural Language
Processing (NLP) can improve search capabilities and enable intelligent chatbots for self-service.

5. Human-in-the-Loop Feedback and Learning Mechanism:

Purpose: To ensure continuous improvement of Al models and maintain human oversight.

Functionality: Xerox's IT staff can validate Al-generated predictions, correct misclassifications,
and provide feedback on automated actions. This feedback loop is critical for retraining and refining
Al models, ensuring they adapt to evolving IT environments and improve accuracy over time.

6. Reporting and Analytics Dashboard:

24




Purpose: To provide real-time visibility into incident status, performance, and strategic insights.

Functionality: Customizable dashboards displaying key metrics (MTTD, MTTR, incident volume,
resolution rates, cost savings), predictive insights, and automated generation of post-incident reports

for continuous service improvement.

25




CONCLUSION

The journey towards enhancing IT incident management efficiency through Al-driven predictive analytics

and automation represents a pivotal strategic move for Xerox. By embracing this transformation, Xerox can
move beyond the limitations of reactive incident handling, achieving a proactive and intelligent operational

posture. This shift will not only yield significant reductions in downtime and operational costs but also
elevate IT service reliability, enhance customer satisfaction, and empower Xerox's IT workforce to
contribute more strategically to the business.

HCLTech is committed to partnering with Xerox to navigate this complex yet rewarding
transformation. By following the recommended phased approach, prioritizing data quality, investing
in talent, and fostering a collaborative culture, Xerox can unlock a new era of operational excellence,
ensuring its IT infrastructure remains a robust enabler of its global business objectives and a source
of competitive advantage in the digital age. This is not merely a technological upgrade but a
fundamental redefinition of how IT services are delivered, managed, and optimized for continuous

value creation at Xerox.

26




References

Arion Research LLC. (2024). Predictive Analytics in IT Operations: Streamlining Management with Al.
Retrieved from https://www.arionresearch.com/blog/yd6dxzf4jascslbpwquqx92xcbe7hk

ITIL v4 Framework Documentation.

HCL Tech Case Study.

Gartner Report on ITSM Analystics.

IEEE Papers on Predictive Incident Management.

Coherence. (n.d.). Incident Management Automation: Guide & Best Practices. Retrieved from
https://www.withcoherence.com/articles

CriticalRiver. (n.d.). ITSM Predictive Incident Management. Retrieved from
https://www.criticalriver.com

Cyble. (2025). Al-Powered Incident Management: Real-Time Threat Alerts. Retrieved from
https://cyble.com/knowledge-hub

EasyVista. (2025). The Role of Artificial Intelligence in ITSM Incident Management. Retrieved from
https://www.easyvista.com/blog/the-role-of-artificial-intelligence-in-itsm-incident-managemen/
InvGate. (2024). Al for Incident Management Explained: Use Cases and Benefits. Retrieved from
https://blog.invgate.com/ai-for-incident-management

Radiant Security. (2025). Automated Incident Response: What it is, and What its Key Benefits Are.
Retrieved from https://radiantsecurity.ai/learn/automated-incident-response

ResearchGate. (2025). (PDF) SMART INCIDENT MANAGEMENT POWERED BY Al. Retrieved
from https://www.researchgate.net/publication/391931751

Splunk. (2025). What is Automated Incident Response? Benefits, Processes, and Challenges Explained.
Retrieved from https://www.splunk.com/en_us/blog/learn/automated-incident

27



https://www.arionresearch.com/blog/yd6dxzf4jascslbpwquqx92xcbe7hk
https://www.withcoherence.com/articles/incident-management-automation-guide-and-best-practices
https://www.criticalriver.com/itsm-predictive-incident-management/
https://cyble.com/knowledge-hub/incident-management-ai/
https://www.easyvista.com/blog/the-role-of-artificial-intelligence-in-itsm-incident-management/
https://blog.invgate.com/ai-for-incident-management
https://radiantsecurity.ai/learn/automated-incident-response/
https://www.google.com/search?q=https://www.researchgate.net/publication/391931751_SMART_INCIDENT_MANAGEMENT_POWERED_AI
https://www.splunk.com/en_us/blog/learn/automated-incident-response.html

	CERTIFICATE
	DECLARATION
	ACKNOWLEDGEMENT

	ABSTRACT
	TABLE OF CONTENTS
	LIST OF ABREVIATIONS

	3. RESEARCH METHODOLOGY
	4. FINDING & ANALYSIS
	IT Incident Management dashboard visualizing improvements after
	AI implementation

	5. Proposed Framework for AI-Enhanced Incident Management at Xerox
	CONCLUSION
	References

