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Abstract

This Thesis deals with the latest and advance tgoanfor web searching i.e.

iImage search using Natural language processingtigeadvice, statistical ranking

with social tagging and website recommendation wsdturity and purpose

information retrieval. The result of a search wikld many thousands of results
but what is important is how relevant those resalts to what was intended.
Natural language processing is partly used in $esfrch but not in image search,;
this report proposes a Search Engine superior yoo#tmer, which uses natural
language processing for images as well. This seangmne is based on machine
language, AIML with consideration of social taggimmd also adds various
features like security advice, spam checking anghgme of the intended site and
also it also deal with advertising problem on weab groposing efficient and

effective way of presentation of advertising.

Keywords: NLP, search engine, recommendation engine, AIML, website advisor,
social tagging, Web advertising.
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Chapter 1

Introduction

Information is base for all type of businesses.elmtet is the fastest and inexpensive
source of information today. Thousands of the peopdday are using internet
for accessing E-Books, Notes, News, Stocks, Entam@&nt and Education. This
information easily available by use of search eregin Search Engines, now a
day is getting popularity because of its unlimitb@nefits. A person, sitting
anywhere around the globe can find any E-Resourftem his home. Getting
proper information is a difficult task and it iss@ a big challenge to improve
web information quality, because we totally rely search engine’s result &
their ranking algorithms.

The most exciting part about the Internet andritsst visible component, the WWW, is that
there are 100’s of millions of pages available spreing information on a numerous topics. The
bad news about the Internet is that there are 1d8fOrsillions of pages available, most of them
titted according to the whim of their author, alha#i of them sitting on servers with cryptic

names. When you need information about a partiaubject, how do you know which pages to

read? If you're like most people, you visit an tnét search engine

1.1  Web Information Quality

In the fast growing science and superfast growihgniany efforts have already been done to
make the web accessible. All the work, from subiois®f bill to product purchase, is possible
on internet (E-Commerce) but the major issue, assake Quality of Information at a Web.
Internet contains lots of informatiand search engines aims to provide efficient path

this useful information. Information providers blyet search engine have different levels of
knowledge, different views of the world and diffetéentensions and mostly impersonalized [33].
Thus, provided information may be wrong, biasedpnsistent or outdated anchterests of a
user are specific, the most relevant link might lbetamong the top 10 shown by conventional



[34] search engine&efore information from the Web is used to accosipk specific task, its

guality should be assessed according to task-spediteria.

1.2  Search Engine

The purpose of a web search engine is to searctihdoinformation the user needs. The search
results are presented as a list of hits and candiepages, images, information in various file
formats like pdf, doc etdhe search engines of internet are nothing buectitin of special sites
on the Web those are designed to help people fefocimation stored on other servers. Although
there are differences in the way various searcinesgvork, but basically they all perform three

tasks:

« They search on the Internet based on importamigstri
« They keep an index of the words/strings they fartj location.
« They allow users to look for words or various petation & combinations of words

found in that particular index.

Yesteryear search engines held an index of a fev thBusand pages and documents, and
received maybe 1-2 thousand inquiries each day.edewy today a top search engine will index

100’s of millions of pages, and respond to 10’sndfions of queries each single day.

When people talk about Internet search enginest wfothem really mean World Wide Web
search engines. There were already search engirgade to help people find information on
the Net, before the Web became the most visiblegidahe Internet. Programs like ‘gopher’ [35]
and ‘Archie’[36] kept indexes of files stored onnssas connected to the Internet, and
considerably reduced the amount of time requirefind programs and documents. In the late
1980s, getting serious value from the Internet rmdamowing how to use gopher, Archie,

Veronica [37]and the rest.



1.2.1 How Search Engine works [41]:
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Fig 1.1: Search Engine Working

Before a search engine can tell you where a fildomument resides, it must be found before it is
used. To find information on the 100’s of million$ Web pages that exist, a search engine
employs special software robots [43], called sgdés build lists of the words found on Web
sites. Web crawling [42] is the process of a splelding its lists. (There are few disadvantages
to calling part of the Internet the World Wide Wela large set of arachnid-centric names for
tools is one of them.) A search engine's spidenrge lta look at a lot of pages to gather

information in order to construct and maintain afuklist of words.

How any spider does starts its travel over the WER¥? usual starting points are lists of heavily

hit servers and very frequently used pages. Theespvill normally begin with a most known



site, indexing the words on its pages and followaagh and every link found within the site. The
spidering mechanism in this way swiftly begins tavel, spreading out across the most widely

used portions of the Web.

In January 1996 Google started as a researchcplmjd_arry Page and Sergey Brin, at that time
they were both PhD students at Stanford UniversityCalifornia. In their paper [38] they
described how the system was built, Sergey Brinlaadrence Page gave an example of how
quickly their search engine’s spiders can work.yThailt their initial system to use multiple
spiders, usually three at one time. Each spideldceeep about 300 connections to Web pages
open at a particular instance of time. At its peakformance, using four spiders, their system
could crawl over 100 PPS( pages per second), gimggeround 600 KB of data each second.

Maintaining everything running fast meant develgpansystem to feed necessary information to
the spiders [44]. The initial phase of Google systead a server for providing URLs to the

spiders. Rather than depending on an Internet ceerpiovider for the domain name server
(DNS), that translates a server's name into aneaddin order to keep delay minimum, Google
had its own DNS.

When the Google spider looked at an HTML pageyaks for things:

« The words within the page

« Where the words were found

Strings/Words occurring in the title, subtitles, tngags and other positions of relevant
importance were noted for special considerationndua subsequent search by the user. The
Google spider was built to index every significardrd on a page, leaving out the grammatical

articles "a," "an" and "the." Other spiders takeeotapproaches.

These different approaches usually attempt to niakespider operate faster, allow users to
search more efficiently, or both. For example, s@mielers will keep track of the words in the
title, sub-headings and links, along with the 108strfrequently used words on the page and

each word in the first 20 lines of text. Lycos adsto use this approach to spidering the Web.



Other systems, such as AltaVista [46], go in theepdirection, indexing every single word on a

page, including "a," "an," "the" and other "insigrant” words.

Meta Tags

Meta tags allow the owner of a page to assign kewydsvand concepts under which the page will
be indexed. This can be helpful, especially in sasevhich the words on the page might have
double or triple meanings -- the meta tags canegthé search engine in selecting which of the
several possible meanings for these words is doifeéere is, however, a risk in over-reliance on
meta tags, because a careless or unscrupulousopag® might add meta tags that fit very

popular topics but have nothing to do with the attontents of the page. To protect against
this, spiders will correlate meta tags with pagatent, rejecting the meta tags that don't match
the words on the page [45].

The above mentioned theory assumes that the owWreparticular page actually wants it to be
included in the results of a search engine's digtsziMany times, owner of the page doesn't want
it showing up on a major search engine, or doasgartt the activity of a spider accessing the
page. For example consider, a game that builds aetive pages each time sections of the page
are displayed or new links are followed. If a Wglider accesses one of these new pages, and
begins following all of the links for new pagesethame could mistake the activity for a high-
speed human player and move out of control. Todawoich situations, the robot exclusion
protocol was developed. This protocol, implemerntetthe meta-tag section at the beginning of a
Web page, tells a spider to leave the page alagithan index the words on the page nor try to
follow its links.

1.2.2 Building the index

Once the spiders have accomplished the task o€tgegrinformation on Web pages (and we
should note that this is a task that is never dgtwecomplished -- the constantly changing
nature of the Web means that the spiders are alarayding), the search engine must store the
information in a way that makes it fruitful. Thesee two key components involved in making

the gathered data accessible to users:



« The information stored with the data

« The method by which the information is indexed

In the simplest case, a search engine could jost $he word and the URL where it was found.
In reality, since there would be no way of tellwgether the word was used in an important or a
trivial way on the page, this would make for aniaagf limited use, whether the word was used
once or many times or whether the page contaimd lio other pages containing the word. If
say in another word, there would be no way of bogdhe ranking list that tries to present the

most useful pages at the top of the list of seesshilts.

To make for more useful results, most search esgit@e more than just the word and URL. An
engine might store the number of times that thedvempears on a page. The engine might assign
a weight to each entry, with increasing valuesgagsi to words as they appear near the top of
the document, in sub-headings, in links, in theami@tgs or in the title of the page. Each
commercial search engine has a different formula$signing weight to the words in its index.
This is one of the reasons that a search for theesaord on different search engines will

produce different lists, with the pages presentedifferent orders.

Regardless of the precise combination of additignates of information stored by a search
engine, the data will be encoded to save storageesg-or example, the original Google paper
describes using 2 bytes, of 8 bits each, to stoi@ration on weighting -- whether the word
was capitalized, its font size, position, and oth&rmation to help in ranking the hit [40]. Each
factor might take up 2 or 3 bits within the 2-bgmuping (8 bits = 1 byte). As a result, a great
deal of information can be stored in a very compach. After the information is compacted,

it's ready for indexing.

An index has a sole purpose: It allows informatiode found as quickly as possible in relevant
way for which user is searching for. There areeyaifew ways for an index to be built, but one
of the most effective ways is to build a hash tablehashing, a formula is applied to attach a
numerical value to each word. The formula is desigto evenly distribute the entries across a
predetermined number of divisions. This numerigsiribution is different from the distribution

of words across the alphabet, and that is the&eyhtash table's effectiveness.



In English, there are some letters that begin maonds, while others begin fewer. You'll find,
for example, that the "M" section of the dictionasymuch thicker than the "X" section. This
inequity means that finding a word beginning withvexy "popular" letter could take much
longer than finding a word that begins with a Ipepular one. Hashing evens out the difference,
and reduces the average time it takes to find #ny.dbalso separates the index from the actual
entry. The hash table contains the hashed numbeg alith a pointer to the actual data, which
can be sorted in whichever way allows it to be eslomost efficiently. The combination of
efficient indexing and effective storage makesasgible to get results quickly, even when the

user creates a complicated search.
1.2.3 Building search

Searching through an index involves a user buildirguery [39] and submitting it through the
search engine. The query can be quite simple, glesiwvord at minimum. Building a more
complex query requires the use of Boolean operat@s allow you to refine and extend the

terms of the search.
1.3 Spam & Spam Filter

What is spam?

A spam is junk electronic mail or junk newsgrouptiays. Some people give generic definition
of spam as any unsolicited Email. However, if aotety related person gets your e-mail address
and sends you a message, this could hardly bedcglam, even though it's unsolicited. True
spam is generally e-mail advertising for some pobdent to a mailing list or newsgroup or lots

of advertise posted on website.

In surplus of wasting people's time with unwantechal, spam also eats up a lot of network
bandwidth. Consequently, there are numerous orgaois, as well as professionals, who have
taken it upon themselves to fight spam with a wgred techniques. But because the Internet is
public, there is really little that can be doneptevent spam, just as it is impossible to prevent
junk mail. However, some online services have farnpelicies to prevent spammers from

spamming their subscribers.



Spam filter

A spam filter is a set of instruction (program arde) that is used to detect unwanted and
unsolicited email and prevent those messages framaking to a user's inbox. Like other types
of filtering programs, a spam filter also looks fmertain criteria on which it bases judgments.
For example, the simplest and earliest versioke (e one available with Microsoft's Hotmail)
can be set to watch for particular words in thgexttdine of messages and to restrict these from
the user's inbox. This method is not especiallgative, too often omitting perfectly legitimate
messages (these are called false positives) amidgleactual spam crawl through. More
sophisticated algorithms or programs, such as Bayedters or other heuristic filters [10],

attempt to identify spam through suspicious worttgoas or word frequency.
1.4  Natural Language Processing

Natural language processing (NLP) is a field of pater science and linguistics concerned with
the interactions between computers and human @atlanguages [47]. In theory, natural
language processing is a very attractive methodhwhan—computer interaction. Natural
language understanding is sometimes referred &m ad-complete problem because it seems to
require extensive knowledge about the outside wand the ability to manipulate it. NLP has
significant overlap with the field of computatioradguistics, and is often considered a sub-field

of artificial intelligence.
1.5 Social Networking Service

A social networking service is an online servickatfprm, or site that focuses on building and
reflecting of social networks [49] or social retats among people, e.g., who share interests
and/or activities. A social network service essalyticonsists of a representation of each user
(often a profile), his/her social links, and a e#yi of additional services. Most social network
services are web based and provide means for tséreract over the internet, such as e-mail
and instant messaging. Online community servicesametimes considered as a social network

service, though in a broader sense, social netaenkice usually means an individual-centered



service whereas online community services are goempered. Social networking sites allow
users to share ideas, activities, events, andestewithin their individual networks.

1.5.1 Social Tagging

Social tagging or Social bookmarking is a methadlfdernet users to organize, store, manage
and search for bookmarks of resources availablenenb its users. Unlike file sharing, the
resources themselves aren't shared, merely booknj&fK that reference them about their
location.

Descriptions may be added to these bookmarks ifotine of metadata, so users may understand
the content of the resource without first needmgdwnload it for themselves. Such descriptions
may be free text comments, votes in favor of ornrejats quality, or tags that collectively or
collaboratively become a folksonomy. Folksonomglso called social tagging, "the process by
which many users add metadata in the form of kegi&/tw shared content”.

With the advancement in Internet and wethnologies
the world we live in has become a small place buthe other hand with increasing users the
web database is becoming huge. It is hence anneslyedifficult task to extract information that
is useful and secure. To facilitate the searchseful data the web search engines are based on
complex algorithmically defined programs and of rsethuman input.

It is therefore very important that these seargorthms are so defined that not only do they
produce timely results but most important the rsspfoduced should be accurate. The need of
the hour is a search engine [1, 2] which not onlycl just does not find specific words on the
internet but actually understands the need of #er.uThat is the Requirement today is not
spotting certain words and matching them with patt@atching algorithms but to understand
the connection between those words- Natural Largugeprch. Moreover several algorithms
come, artificial intelligence doing well but yetig not equivalent to the human perspective so
page ranking should be according to the userspmigtdepend on machine. Facebook, Twitter,
Orkut like social networking websites provide besty to give rank to the page depends on

impact of page on humans.



10

Natural language processing is now being usedefdrgearch (in websites like ask.com) but the
a major problem lies with image search, our searine provides a method that utilizes AIML
i.e. To say a Q&A service for image search. AlMLrtficial Intelligence Markup Language) is
an XML complaint markup language. It is an easyetorn language and has been known to be

used for Intelligent tutoring Systems (ITS) [3].

One more problem persist, spam crawled by seamginenthan the site which contain spam data
may come into top 10 result, so need of spam frawlmg there. Our system also deals with that

problem so spam full site does not indexed by earch engine.

Not only does our search engine provide the funelity of a natural language search for
images, spam free crawling but it also adds a #gcigature to the web results displayed. It
provides the users with information regarding ha@euse a website is. And it also deals with
problem of advertising on web by providing a betietry to present advertise of user interest

without information degradation.

The organization of this report is as follows: Cleadl presents Related Work and Research
Objectives. Evolutionary Algorithms and Technigwesnes in Chapter Il Description of the
system and its implementation are dealt with in @@@&alV, Results in Chapter V and finally

Conclusions and Future work are presented in Ch&fpte
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Chapter 2

Related Work and Research Objectives

A search engine generally refers to a system tocckehe web for any required information.
Natural language based search engine is a newofygpearch engine wherein the objective is to
retrieve the information in the form a short precemswer to the question asked[6]; a natural
language based search engine like ask jeevesfypisally capable of answering any type of
factual queries such as “What is the second highesintain in the world?” This type of system
is generally used to answer the queries in the foirtext from all kinds of textual documents

that exist and not videos, images, audio etc.

Biggest web application of this century is societworking [48], Facebook, Orkut like websites
just change the life of people, these not impatt treir lives[8] also effect on other web service
like online gaming, e-commerce, tagging. By usesotial tagging people can map the
authenticity and popularity of any service, prodactmost imported information. Delicious[9]

type of web service have great impact on web serbitt audience poll also not effected like
statistical method of searching, so need of contiwneof all these type of service in proper

ratio.

Spam filter, we seen in email & emalil related aggtion[10], but it never seen in search engine.
Naivian bayss spam filter used in email client @ndaork according to spam word which is
mostly used in email, like British lottery systebank account number. But it rarely seen on

time of crawling of web-page that search engineklspam in page content.

All the above search tools add complexity to tHermation retrieval activities but none of them

talk about security of the search results.

Some search engine like Google also show warniay it only for highly suspicious results

and websites showing strange behavior, but natvery site.
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Google e (o) i

Web
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w.example com! - 1k

Fig 2.1: Google advice

The results shown when we search for “free softivanegoogle are as shown below (fig 2.2).

Web meces Veens Maps Yl Shoporg Gmai o

GO JSIC freescvare Sy 0
eahafy
Ao AZ0000N0 res 0D s ) Adisnesdseah
4] Eventing F\\eHmpcw Doirlozd Fres Software
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W Vies v higocan- Search fr FreeSoftware
= ham
s Comlfe FREE Sofware- incaws & D08 feeuare &
Sy Fmvrarv hezngol A buous 52 cton of complelyfee Ui & COS sofvare - estd, et o fee microsolt sohicre
el nealete.
e 23 eehreesofware con') Carz - il Free IE Dowloac
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Doesearchtools VG Art-us P Ecton 201 - A Sckve - Games ancgaar-Free P—

dowloadcnlcony - Cche

&

Weloome —Free Software Fauncation — working ogetter forfes...

Fig 2.2: Google search for “free software”

According to anti-virus companies many sites thatdisplayed as search results are unsecure.
The difference lies in their risk factors. Someteon can be classified as average risk, some high
risk and still others can be very dangerous. Alyeexisting search engines are not capable of
understanding the difference between these terichdhars cannot provide the user with security
information about each website which the user deserTo use such features usually add-ons
are provided which have to be separately instatlad,is not only a tedious task but also makes

the search engine platform dependent.

Semantic technology also comes into field of searaines[14], several engines are coming into
pictures using web 3.0(fig 2.3) . Ontology baseatpicts provides service in several information

system, knowledge management gadgets[15, 51], afesbols.
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4 Web

List of social networking websites - Wikipedia_ the free ...
This is a list of major active social networking websites and excludes dating websites (see List of online dating websites). For defunct social networking websites

http:{fen.wikipedia.org/wiki/List_of social_networking_websites

Social networking senice - Wikipedia_ the free encyclopedia

Several websites are beginning to tap into the power of the social networking model for philanthropy. Such models provide a means for connecting otherwise
fragmented .

http:/fen.wikipedia.org/wiki/Social_netwark_senice

Social Networking Websites Review 2011 - TopTenREVIEWS

We rank the best social networking websites services with side-by-side comparisons. Read in-depth senvice reviews and social networking websites services
articles.

http://social-networking-websites-review toptenreviews_com/

Open Source CMS for Social Networking Website
Social networking websites are the greatest place for online commercial activities. People join these websites to get free traffic to their business website. Some ..
http:/fforums.digitalpoint. com/showthread php?t=2197 145&goto=newpost&r=cde

The 15 Top Social Networking Sites
The following list is a very subjective view of the most important social networking websites. These aren't necessarily ...
http:ffwww. selfgrowth. com/socialnetworkingwebsites html

The Top Social Networking Sites
Alist of the top social networking websites including top social networking sites of general interest, niche social networks, and top international sites.
http:/fwebtrends_about com/odfsocialnetworking/a/social_network_htm

Top 15 Mest Popular Social Networking Websites

Heara ara tha 15 Mnst Panular Social Networkina Wehsites ranked bv a combinatinn of constantly undated traffic statistics

Fig 2.3 : Hakia a semantic search engine

Advertisement on web always tricky things, websiants to earn money and only ads is the
medium and user want the information, so make loaldetween both is so difficult. Advertise
should be according to users so lots of work dametf it can be interactive [12], or it can be
come from local proxy[13].

Moreover the existing search engines do not prothdeuser any advice regarding what type of

website is the user attempting to open.

Inspired from all the above mentioned difficulti®e present an easy to use and a fast accessible
search engine which can provide a richer fastersaudre way to search from the current web

scenario.
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Chapter 3

Evolutionary Algorithms and Techniques

3.1 Naive Bayss Theorem

Naive Bayesian Classifier: A statistical classifeecalled Naive Bayesian classifier[16, 17]. This

classifier is based on the Bayes’ Theorem and #@esdmum posteriori hypothesis.

Bayesian is used to predict class membership piiitiedy such as the probability that a given

sample belongs to a particular class. Bayesiassifier is based on Bayes’ theorem. Naive
Bayesian classifiers assume that the effect ottaibate value on a given class is independent of
the values of the other attributes. This assumpsatelled class conditional independence.lt is
made to simplify the computation involved and,hirstsense, is considered "naive”.

Bayes’ Theorem [18]

Let X = {x1, x2, . .., xn} be a sample, whose qmments represent values made on a set of n
attributes. In Bayesian terms, X is consideredderce”. Let H be some hypothesis, such as that
the data X belongs to a specific class C. For ifleggon problems, our goal is to determine
P(H|X), the probability that the hypothesis H hotfiigen the "evidence”, (i.e. the observed data
sample X). In other words, we are looking for thelqability that sample X belongs to class C,
given that we know the attribute description of X.

P(H|X) is the a posteriori probability of H conditied on X.
According to Bayes’ theorem, the probability tiagt want to compute P(H|X) can be expressed
in terms of probabilities P(H), P(X|H), and P(X) as

P(HIX) = P(X]H) P(H) / P(X),

The naive Bayesian classifier works as follows:
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1. Let T be a training set of samples, each widirtblass labels. There are k classes, C1,C2, . ..
,Ck. Each sample is represented by an n-dimensi@tabr, X = {x1, x2, . . ., xn}, depicting n
measured values of the n attributes, A1,A2, An, respectively.
2. Given a sample X, the classifier will predicatiX belongs to the class having the highest a
posteriori probability, conditioned on X. That isiX predicted to belong to the class Ci if and
only if

P(CiIX)>P(Cj|X)forl _j_m,j6=i. ge(1)

Thus we find the class that maximizes P(Ci|X). €lass Ci for which P(Ci|X) is maximized is

called the maximum posteriori hypothesis. By Bayksbrem

P(Ci|X) = P(X|Ci) P(Ci) / P(X) . qE(2)

3. As P(X) is the same for all classes, only PQ8CTi) need be maximized. If the class a priori
probabilities, P(Ci), are not known, then it is coonly assumed that the classes are equally
likely, that is, P(C1) = P(C2) = . .. = P(Ck), ameg would therefore maximize P(X|Ci).
Otherwise we maximize P(X|Ci)P(Ci). Note that thess a priori probabilities may be estimated
by P(Ci) = freq(Ci, T)/|T|.
4. Given data sets with many attributes, it woull domputationally expensive to compute
P(X|Ci). In order to reduce computation in evalugtP(X|Ci) P(Ci), the naive assumption of
class conditional independence is made. This presutinat the values of the attributes are
conditionally independent of one another, given d¢lass label of the sample. Mathematically
this means that

P(X|i)=]T"1P (xk|Ci) Eq. (3)

be estimated from the training set. Recall thaehdt refers to the value of attribute Ak for
sample X.

(a) If Ak is categorical, then P(xk|Ci) is the nusnlof samples of class Ci in T having the value
xk for attribute Ak, divided by freq(Ci, T), the mber of sample of class Ciin T.

(b) If Ak is continuous-valued, then we typicallgsaime that the values have a Gaussian

distribution with a mean and standard deviatidd defined by
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g(x, uo) =1 N2no exp — (x — n)2/8 2 Eq. (4)

so that
p(xk |Ci) = g(xk , uCieCi) E&) (

We need to computeCi and _Ci , which are the mean and standard dewiaif values of
attribute Ak for training samples of class Ci.

5. In order to predict the class label of X, P(XRECi) is evaluated for each class Ci. The
classifier predicts that the class label of X isifCand only if it is the class that maximizes
P(X|Ci)P(Ci).

The Naive Bayes theorem has the following charatites as advantages:
Advantages:

It can handle discrete and quantitative data
Robust

During probability estimate calculations
Efficient regarding space and fast working.
Insensitive to irrelevant features

Quadratic decision boundary

N o o~ DN RE

By ignoring the instance it can handles missingiesl
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3.2 Document object module (DOM)

The Document Object Model (DOM) [19] is an applicatprogramming interface (API) for
valid HTML and well-formed XML documents. Basically is used to define the logical
structure of the documents and is used to accdssuwament and document manipulation. In the
DOM specification, the term "document” is usedha broad sense - increasingly, XML is being
used as a way of representing discrete informatiah may be stored in diverse systems, and
much of this would traditionally be seen as datheathan as documents. So XML represents

this data as documents, and the DOM may be usenage this data.

With the Document Object Model, programmers candbdocuments, navigate their structure,
and add, modify, or delete elements and contenytbAmg data entity in an HTML or XML

document can be accessed, changed, deleted, at asiig the Document Object Model, but it
included some exceptions like the DOM interfacesth® XML internal and external subsets

have not yet been specified.

As a W3C specification, one important objective tfee Document Object Model is to provide a
standard programming interface that can be usea wide variety of environments and
applications. The DOM is designed to be used witlh programming language. In order to
provide a precise, language-independent speciicati the DOM interfaces, we have chosen to
define the specifications in Object Management @GrdL.

What the Document Object Model is

The DOM is a programming API for documents. It &séd on an object structure that closely
resembles the structure of the documents it mo#elsinstance, consider this table, taken from

an HTML document:

<TABLE>
<TBODY>

<TR>
<TD>DTU</TD>
<TD>IT</TD>
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</TR>

<TR>
<TD>MTECH</TD>
<TD>IS</TD>
</TR>

</TBODY>
</TABLE>

A graphical representation of the DOM of the exatpble is:

=TABLE=

=TBODY =
=TR= =TR=

=TD= =TD= =TD= =TD=

¥ ¥
oTU ClT )( MTECH ) ( 15 )

Fig 3.1: Graphical representation of the DOM of ¢ixample table

In the DOM, documents have a logical structure wrdontains information in the tree forms.

Each document contains zero or one doctype nodesyaot element node, and zero or more
comments or processing instructions; the root ef¢reerves as the root of the element tree for
the document. However, the DOM does not specify doguments must be implemented as a
tree or a grove, nor does it specify how the refetihips among objects be implemented. The
DOM is a logical model that may be implemented imy aconvenient manner. In this

specification, we use the term structure model éscdbe the tree-like representation of a

document. We also use the term "tree" when refgrnanthe arrangement of those information
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items which can be reached by using "tree-walkimgthods; (this does not include attributes).
One important property of DOM structure models tsucural isomorphism: if any two
Document Object Model implementations are used rzate a representation of the same
document, they will create the same structure madedccordance with the XML Information
Set.

3.3 AIML

The XML dialect called AIML [20] was developed byidRard Wallace and a worldwide free
software community between the years of 1995 ar@2@G formed the basis for what was
initially a highly extended Eliza called "A.L.I.C.E("Artificial Linguistic Internet Computer
Entity"), which won the annual Loebner Prize Conhfies Most Human Computer three times,
and was also the ChatterbGxallenge Champion in 2004.

Because the A.L.I.C.E. AIML set was released uritderGNU GPL, and because most AIML
interpreters are offered under a free or open solicense, many "Alicebot clones" have been
created based upon the original implementatiorhefgrogram and its AIML knowledge base.
Free AIML sets in several languages have been dpgdl and made available by the user
community. There are AIML interpreters availableJava, Ruby, Python, C++, C#, Pascal, and

other languages. A semi-formal specificaton a W3C XML Schema for AlMare available.
Elements of AIML

AIML contains several elements. The most importaihthese are described in further detalil
below.

Categories

Categories in AIML are the fundamental unit of kies\ge. A category consists of at least two

further elements: the pattern and template elemel&i® is a simple category:

<category> <pattern>WHAT IS YOUR NAME</pattern>
<template>My name is John.</template>

</category>
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When this category is loaded, an AIML bot will respl to the input "What is your name" with

the response "My name is John."

Patterns

A pattern is a string of characters intended tocimanhe or more user inputs. A literal pattern like
WHAT IS YOUR NAME

will match only one input, ignoring case: "whatysur name". But patterns may also contain

wildcards, which match one or more words. A pattie
WHAT IS YOUR *

will match an infinite number of inputs, includifigshat is your name", "what is your shoe size",
"what is your purpose in life", etc.

The AIML pattern syntax is a very simple patterndaage, substantially less complex than
regular expressions and as such not even of lewetli® Chomsky hierarchy. To compensate for
the simple pattern matching capabilities, AIML ieeters can provide preprocessing functions

to expand abbreviations, remove misspellings, etc.
Template

A template specifies the response to a matcheérpatf template may be as simple as some
literal text, like

My name is John.
A template may use variables, such as the example
My name is <bot name="name"/>.
which will substitute the bot's name into the seoég or

You told me you are <get name="user-age"/> yelts o
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which will substitute the user's age (if known)irhe sentence.

Template elements include basic text formattingdational response (if-then/else), and random

responses.

Templates may also redirect to other patterns,guamelement called srai. This can be used to
implement synonymy, as in this example (where CDA$AIsed to avoid the need for XML
escaping):

<category>

<pattern>WHAT IS YOUR NAME</pattern>

<template><!/[CDATA[My name is <bot name="namel}></template>
</category>
<category>

<pattern>WHAT ARE YOU CALLED</pattern>

<template>

<srai>what is your name</srai>
</template>

</category>

The first category simply answers an input "whayasir name" with a statement of the bot's
name. The second category, however, says thatniha i'what are you called" should be
redirected to the category that matches the ingh#t is your name"--in other words, it is saying

that the two phrases are equivalent.

Templates can contain other types of content, wmky be processed by whatever user
interface the bot is talking through. So, for exémm template may use HTML tags for
formatting, which can be ignored by clients that'tdsupport HTML.
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3.4 HTTP Methods Extraction

Common methods for HTTP/1.1 [21] is defined below
GET

The GET method means retrieves whatever informdtiothe form of an entity) is identified by
the Request-URI. If the Request-URI refers to agmbducing process, it is the produced data
which shall be returned as the entity in the respand not the source text of the process, unless

that text happens to be the output of the process.

The semantics of the GET method change to a "donditGET" if the request message includes
an If-Modified-Since, If-Unmodified-Since, If-Mat¢hf-None-Match, or If-Range header field.
A conditional GET method requests that the entéytdfansferred only under the circumstances
described by the conditional header field(s). Toeditional GET method is intended to reduce
unnecessary network usage by allowing cached esitito be refreshed without requiring

multiple requests or transferring data already hgithe client.
POST

The POST method is used to request that the osgimer accept the entity enclosed in the
request as a new subordinate of the resource fidehliy the Request-URI in the Request-Line.

POST is designed to allow a uniform method to calerfollowing functions:

- Annotation of existing resources;

- Posting a message to a bulletin board, gesup, mailing list,
or similar group of articles;

- Providing a block of data, such as theltefuisubmitting a
form, to a data-handling process;

- Extending a database through an appencbper

The actual function performed by the POST methodeigrmined by the server and is usually
dependent on the Request-URI. The posted ent#tybsrdinate to that URI in the same way that
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a file is subordinate to a directory containingaithews article is subordinate to a newsgroup to

which it is posted, or a record is subordinate tlatbase.

The action performed by the POST method might aestilt in a resource that can be identified
by a URI. In this case, either 200 (OK) or 204 (Blontent) is the appropriate response status,

depending on whether or not the response includesntty that describes the result.

Data transfer to a webpage using these methods extichction of web data using
HTTPWebRequest and HTTPWebResponse and parsirtataavith the help of return tags.

3.5 Google Gears Geo Location

The Geolocation API provides service (web applargtito obtain a user's geographical position.

The Geolocation API enables a web application to:

« Obtain the user's current position, using the gettaPosition method
« Watch the user's position as it changes over tisiag the watchPosition method
« Quickly and cheaply obtain the user's last knowsitmm, using the lastPosition property

The Geolocation API provides the best estimatéefuser's position using a number of sources
(called location providers). These providers maybboard (GPS for example) or server-based
(a network location provider). The getCurrentPositand watchPosition methods support an
optional parameter of type PositionOptions whids ou specify which location providers to
use. Geolocation APl network protocol helps the rGases to communicate with network
location providers

On the basis of above information, the procedureghviBoogle uses to give information about
the location can be described below.Now, Googleestthe Mac address and the SSID together

with the absolute location in a geo database thieépt updated when possible.

When you connect to Google Latitude using yourdppiGoogle can determine your accurate
location using the Wi-Fi towers only because it tiesinformation already in its database, which
came from other queries of you or from other pess@about the precise location of the Wi-Fi
towers. The above procedure can be shown in th@aolg figure where the blue person sends
GPS and the information about the GSM and Wi-Fieimy Google compute the info about the
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Wi-Fi towers. The location of the green person barknown by querying Google with Wi-Fi

towers only.
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Fig 4.1: Proposed System

4.1 Spam checking on crawling time

Means of spam content on webpage: Usually spam veébeds for Electronic junk mail or junk

newsgroup postings or an unsolicited e-mail. Buterms for a webpage, a webpage full with

scraped content, lots of ads, and several linksther pages and very less useful information is

called spam webpage.

Our Method:

To categorize a spam and non — spam data, first gdtieve [23,24] from webpages and

following algorithm and approximations are used :

1. First, sorting will be done on the basis of langug&gpam or non spam), then on words

and lastly on count.

2. If a word is not there, take in account to brin@dt close as possible to P(word|class)

using Laplacian.

3. Following table will be used for analysis
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To filter a message, the antispam-table.txt [28 fs used which consist of words which
differentiate that whether the message is spamotr In addition to words, there are three
numbers. The first one act as an identifier whichgsigned by the anti-spam engine. The second
number gives the information about the number et a word has appeared in a non-spam
message. Third number determines the number ofstilm&t a word has appeared in a spam

message.

= antispam-table; - WordPad

File Edit Wiew Insert Format Help

el &@ M @ @B« B

specialiszing, 10264,391, 4022

identjfier Ocoured in SPAM

graciously @m@

Ccoured in MO Spam

bringing, 616976,2772, 11554
whps, 1633464, 425,523
tantra,2511106,96, 52

Fig 4.2: Anti-spam table for Statistical Filteringd a new phrase list for Phrase Filtering.

Statistical Filtering is done using the anti-spaflé and Phrase Filtering through a new phrase
list.

CSV file has been used to generate the databasel Esxmputation is also included which can
be used as a reference. The method as describma: bel

1. Eliminate any type of special characters so th# mords can be used for the fair and
probable computation. It is good to go with lowase letters or to convert each word in

lower case
String content = TextBox1.Text;

content = inputContent.Replace("\t\n,.;:?!&", "1);
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2. Detach each word and find the equivalent from #algase. The value determines the no
of times the word appeared in the spam or no-spassage. If the word has not occurred
even a single time then use or just make it equal t

3. Final probability is calculated by multiplying eachord occurrences to the total
probability:

4. Show the results in a table: Comparison of theltesuth each other can be used to
determine the highest probability which could be biasis of deciding spam or non-spam
messages.

5. After determining a message to be a spam, updatediues in the database for each
word. Same procedure can be applied for non-spam Hlthe value is not there in the
database, just stick it in for future referenceasSlfication could be better with more
references.

4.2 Image search using NLP

The system here is a natural language search enfline based on Natural Language
Programming and AIML. Moreover it not only uses iNat Language Processing for text[7,25]
but should also returns images and video resul&teck to the query, i.e. It applies Natural

Language Processing to images.
The use of natural language processing is dong UdidL.

There are approximately 20 additional tags oftemrfd in AIML files, and it's

possible to create your own "custom predicates".
Example of pattern is as follows:

<category>
<pattern> who is jai in sholay movie? <pattern>
<template>
<think><set name="topic">Me</set></think>
Amitabh Bachan
</template>

</category>
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But this is syntax dependent, difference come betvwieries like “Who is president of India?”
And “who is the president of India?” So our intelligent systeemoves helping verbs and
articles from the query so that the question wikagys remain “who president of India? “So in

both the cases the answer will remain the same.

4.3 Social tagging ranking with statistical ranking

Social bookmarking is a method for Internet user®rganize, store, manage and search for
bookmarks of resources online. Unlike file sharitige resources themselves aren't shared,
merely bookmarks that reference them.

With regard to creating a high-quality search eagim social bookmarking system has several
advantages over traditional automated resourcetitmcand classification software, such as
search engine spiders. All tag-based classificatibinternet resources (such as web sites) is
done by human beings, who understand the contetiteofesource, as opposed to software,
which algorithmically attempts to determine the miag of a resource. Also, people can find
and bookmark web pages that have not yet beenedotic indexed by web spiders [26].
Additionally, a social bookmarking system can rankesource based on how many times it has
been bookmarked by users, which may be a more lusefic for end-users than systems that
rank resources based on the number of externas lpdinting to it (although both types of

ranking are vulnerable to fraud, and both needrieahcountermeasures to try to deal with this).
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Fig 4.3: Social tagging

We used facebook API to get number of social tagarticular webpage and merge it with
traditional statistical ranking of Google with agbhold value. Actually impact of social tagging

individually not works very well.

Browser App Facebook
|:| Get App's Front Page M D
Redirect :

GetCount (URL) L
GetCountURL()
Return Error/Count XML file b
Object Browser|
DomParser

L1 paviL Fil H
Result ™ lle)

Fig 4.4: Sequential Diagram — use facebook API
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For example facebook results for website www.dae.ed

Facebook Like, Share, & Comment Count

. _
Comments I Crmmei

0 10 20 an A0 50 &0 70 80
Fig 4.5: Facebook counts bar graph

Facebook Like, Share, & Comment Count

73—

B Likes

Comments

Shares
B

—3

Fig 4.6 Facebook counts pie chart

4.4 Security Adviser

This search engine finds the security information éach site from antivirus sites such as

Mcaffé and AVG and informs the user about the sgcof the site he wishes to visit.

We have used McAfee site advisor utility[27], itturrent scenario to use this facility you have
to install this utility to your system, so for aawrer website the URL has to be sent to the
McAfee website, and in return the status of that_ URreceived (fig 4.7) and is saved. This is
then displayed with the search results.
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Clent [ App ‘ SI!ESEEIJ“Q{DE{
: Request(URL) L : ﬂ.ti'.&ﬂ

HitpWWebRe quest{LURL)

.

HipWebResponse

FarseData ()

Response (status) IRegEx class

" ]
B ]
® ]

Fig 4.7: Sequence Dig fetch security status di/Rh

To fetch the result from Mcafee web-extraction sligraries of .Net used. It done in two steps:

» First extract data, and performed GET & POST metlsubmission of data using
HTTPWebRequest and HTTPWebResponse [28].
» Second Parsing data of regular expressions thrBegfEx class [29].

* Save status into form of annotations.

<Annotations>

<Annotation about="www.dce.ac.in/*">
<Label src="green_label.png"/>
<Comment>Secure Site</Comment>

</Annotation>
<Annotation about="www.songs.pk/*">
<Label src="red_label.png"/>
<Comment>Unsecure Site</Comment>

</Annotation>

</Annotations>

The site ratings are based on tests conducted ljemsite advisor. Symbols used to lead the

user to web safety:
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'~$f;' - Secure site

5 . Minor risk
@- High risk

. - Very high risk

4.5 Purpose Adviser

Another basic functionality this system proposeBugpose Advice. By purpose advice we mean
that this search engine will inform the user abibet purpose of the site or say domain specific
knowledge[30].

For e.qg. If a user query is “Social Networking Site

It will return the intended websites along withithmirpose i.e.
Linkedin.com For Business Purposes

Orkut.com For Social Purposes

Facebook.com  For Social Purposes

This functionality provided by semantic web teclomy using ontology. Ontology represents
class hierarchy for entities, their attributes dhéir relations at runtime without ambiguities.

Ontologies provide dynamic and rich semantic infation.

The logic is to extend the class hierarchy by agas:
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Social Networking
Raf: 3ubClass0f

Rgf-3ubClass0f
r
Ror IsRurmose Bl humese
Business Social

Fig 4.8: Ontology presentation

Depending on the used ontology, a SE node is e@l®ource or a SinglePort. The advantage is
that the ambiguity of the father-child relationskipes not lead to a conflict and a single (clean)

class hierarchy is maintained.

4.6 Advertise with cable operator

The weirdest problem with web information qualiyadvertising. Website wants to earn money
and that comes from advertise, so emphasize orrtesd/eather content. With growth of web
services web advertising also grow rapidly, buteiver compete with local cable advertise which
directly touch with people.

So we make website advertise with local cable dperdd, which scroll at bottom of webpage

like bottom of television using RSS feed which samombined use by cable channel.
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“Online Lab Test System™

Platform - ASP. DHTML, IIS 5.1 Application Server, MS Access

Brief Overview: - It is an application with a web-based interface and accessed via the Web Browser, providing the facility to stdents for simmltancously giving the test in a testing
environment and it provides faculties the facility to obtain scores without manually checking.

TECHNICAL SKILLS
- Subjects of Interest Operating System. Data Structure. Computer Networks
- Operating Systems - UNIX, Limx, DOS. Windows
- Programming Languages :  C, C++.C#NET. Java
- Databases : My SQL. MSSql
Others : HTML, XML, Javascript, Servlets, JSP. ASP
ACHIEVEMENTS

Vice-President of Abacus Club (2008-09), the student organization of IET
DAVV: Organized several technical events.

Secured II position in the Essay Writing Contest at Division(Bhopal) level.

Awarded I prize at S.V.M., Basoda (2002) in District level Essay Writing.

- Secured VII position in the G.K. Quiz at District level (2000+ pasticipants). Scrolli ng a ds usin g RSS
EXTRACURRICULAR ACTIVITIES

Treasurer of Student Union of Delhi Technological University.

- Working on DTU Times Portal: Highly configurable portal with college news, event news & others information.
Volunteer in student tech-fest Kaleidoscope-07

Certificates in Debate, Essay Writing and General Awareness Exam.

- DTU Admissions 2011 | DCE Library

2011| DCE Library

Fig 4.9: Scrolling advertise using rss feed

Using RSS (Really Simple Syndication) provides theility of updation of dynamic content

rather static content and this same content sendli@ software which display on television. To

know the location and latitude of user on website wse Google gears APl and same use for

cable software so nearest cable operators advediiplays on website. Google gears API totally

free and it can easily embed [32] with your appl@a To access the location of user google

provides geolocation APIs [31]. We override geCurrentPosition method of this API to access

current location of the user.
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Geolocation class

Methods

wvoid getCurrentPosition(sucecessCallback, [errorCallback], [options])

Return value: This method has no return value.
Parameters: successCallback (Position position)
errorCallback (PositionExror error) - optional, pass null if you do not want to make use of the callback.

options - optional, specifies the options to use for this request, see PositionCptions.
Description: Provides a previously cached position if available or attempts to obtain 2 new position.

If PositionOptions.maximumlge is zero, the cached position is not used and a new position fix is always sought. The method will
throw an exception if no location providers are used.

If PositionOprions.maximumige is non-zero, Gears will call the success callback if the cached position is more recent than
PositionCptions.maximumige. If not, Gears will attempt to obtain a new position fix. The success callback is called exactly once
as soon as a position fix is obtained, or the error callback is called on failure. If the cached position is not sufficiently recent and no
location providers are used, the error callback is called.

Whenever Gears attempts to obtain a new position fix, this is subject to PositionCptions.timeout. The error callback is called on
timeout.

The signature of the success callback is:
function successCallback(Position position)

The signature of the error callback is:
function errorCallback(PositionError error)

Fig 4.10: Geolocation class defined by Google geatlor API

Actually by using this APl web-service got the naofi@ll access point and their location and a
combined database of access point and their |locatith nearest cable operator also manage by

this service, so after got the all sufficient da¢arest cable’s advertise published on the web.

Application Geolocation
APl

: Request () :

Reply/ Error

GetCurrentPosition() Get() and
SearchDB()

PR

1. 88D
2. Lattitude
3. Longitude
4 Address
(XML Format)

Fig 4.11:Sequence Dig to get user location by gedtr APIs



Information
551D Signal Strength Mac Address
JCB &2 00-0C-42-39-FC48
Location Info
Lattitude  28.7522189 Longitude  77.1148334

Location Detail

Country -Indiz

Country Code- In

Region - Delhi

County - New Delhi
Street - Western yamuna

canal link road

Towers Information

Mac address - 00-DC-42-38-FC-48
access token - 21K1X7sXF15IYBYE
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Fig 4.12: Calculate user location by geolocatorsAPI
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Chapter 5

Results

An image search for the query “who is jai in thevieasholay?” On Google & Yahoo we get the

result shown below (fig 5.1 ,5.2).

GD{ ng{f who 8 jai in sholay mevie? Soarch
At T8 THE rowate 1040 pucid +- Wt P

1 Everptg

. Vighsis
B e
Sopprg

= Wovii

Hiny dlis
Lvge
Widuist
=n
Lieger fhan
Esaciiy
Ay bppm
Faca
iy
Chpax
Linw dearmng

Al WEERL

Fig 5.1: Google’s result

elcame, vishal_bhargava_i.. | SignOut | Help Make Yahoo! your homepage | Mai

Web Images News Jobs  Answers More »

iAHOO,’® | who is jai in the movie sholay? Search I Qptions

INDIA

@ safesearch: ON Show only: [ Wallpaper [] Black&White  More Filters

{1 0f 1 for who is jai In the movie sholay?

sholay03 jpg
475214 | 23k
cinebeats blogsome com

who is jai in the movie sholay? Search |

Fig 5.2: Yahoo's result
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The result by our search engine when presentedthdtisame query is more accurate. The result

is as shown below: (fig 5.3).

AakashVa

Web Images

Search for : o isjaiin sholay movie? | Soar:m:

Searching 17577 wards

Fig 5.3: Our search engine’s result

On the basis of Google, Yahoo and our resultgnteanclude that our search engine return

more accurate result in term of query.

Also our search engine provides advice for all thsults in terms of security as well as

recommendation as shown below (Fig 5.4).

Eile  Edit Miew History  Bookmarks Tools Help
g—- c &Y [ L | httpi/flocalhost 54821/ WebSite1/askashvani agpsearchfor=dtu

£ Most Visited @ Getting Started =, Latest Headlines

AakashVan
Web Images
Search for : du Search!
searching 984 warss
Results fors diu (2} fess than 1 millisecond
Delhi Technal Univer: India : (4 Education site 0

b gl Unbogs i ia 1 (4 Education site (]
Db Technological Universty Inda Deli Technoiogical Uiniversty Formerly Debi Colegs of Enginesring ..
itpy(dosac.inf acadprograms’ - 16548bytes - 1/13/2010 12:30:18 AM
sity India £ (3 x :
L Ed
jcal Univarsty India Dali Tachnclogical Uniwesty: Formarty Dah Colege of Enginesrng - uestionsioe ]
15517 bytes - 1/15/2000 £2:30014 &F

Hatchas: 3

L

Search for : du Searchl

Fig 5.4: Security and Recommendation advice
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We perform our research on 50 users and checkdhehrbehavior according to their preference
on security advice, so with security advice follogiiresult found on web visit according to their

security status in compare of previous Visits.

Table 1: Websites visit status with and withoutusiyg advice

Secure URLs visited 100%

Minor risk URLs visited| 78.75%

High risk URLs visited | 32.25%

Very high risk URLs| 12%

visited

Google and Yahoo also providing advertise servitghe web. Even google’s adsense service
open to all, it can be use by anyone, just put san content provided by google on your
website and earn according to pay per click ruleogke just provide little bit share to adsense
user what it got from their client. This is bessiness for search engines so on crawling time of
website they don’t take their advertise in thegcaunt so a website with little information and
lots of advertise also come into top ranking byseheearch engines, but our search engine also

check advertise as content then generate the fugparticular website.
sl Forml s | S| — S—
O 5595620 73022074 Load TestData I

Spam]|

Soogle adsense |ﬂl
Create a website for free |Tl
100 % Free. Unlim. space & bandwidth. Sign up. create a free site now =5t msge
Best "a'eb Hosting 2011 - GreenGesks | |
[

Best web hosting for your website. Secret coupon code S30. Click hers! Test msg3

[ Test Box Tesa |

[ ToFied |

| FromFiled |

Fig 5.5: Checking Google adsense
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When we merge social tagging with statically ragkiresults for search query “DCE Delhi”

Table 2: Comparison of results for query “DCE Delhi

Google’s Result Yahoo's Result Our Search Engine’s
Result
www.dce.edu/ www.dce.edu www.dce.edu
http://maps.google.com/maps/place?dce  www.dce.ac.in www.dce.ac.in

www.admissions.dce.edu/

www.dce.edu/web/Sections/Admissions/undergra dcedelhi.batchmates.com/

www.dce.edu/web/.../BTech_Admission_P ateprogramme.php rutsum.com/dce-becomes-dtu
icy_2010-11.php dce.ac.in/departments en.wikipedia.org/wiki/Delhi_Technolog
www.dce.edu/web/Sections/.../undergradu. www.dceonline.net cal_University

programme.php delhiassembly.nic.in/index.asp news.education4india.com/4573/dce-
dce.ac.in/ globalshiksha.com/college/Delhi-College-of- cee-delhi-college-of-engineering/
dce.ac.in/aboutdce/history.php Engineering-DCE-/ www.indiaedu.com/top-
dcedelhi.batchmates.com/ dce-edu.com educational.../top.../dce-delhi.html

en.wikipedia.org/wiki/Delhi_Technological_ www.admissionnews.com/collegedetails.aspx?co www.collegekhabar.com/news511.htm|

University

=11276 ttp://www.jobsamiksha.com/index.php

www.successcds.net/.../Delhi-College-of-  delhi.justdial.com/book-dce_Delhi.html ption=c....

Engineering-DCE.html

o

On the basis of results for the query we can semglgoprovides mostly results from same

domain (dce.edu) while it provides the feature toug of all results (fig 5.6), yahoo provides

statistical result but our search facilitate resdibm several domain mostly suggest by users

(like collegekhabar).

Google

*3 Everything

® Images

B Vvideos

= News
Shopping

¥ ! More

dee delhi Search |

Search
About 5,750,000 resutts (0.10 seconds) | Search |

Advanced search
DCE “\. - 3 visits - 1/14/10

31 May 2011 ... Delhi Technological University (Formerly Delhi College of Engineeringlis one of

the best technological universities in India.

www.dce.edu/ - Cached - Similar

Admissions Faculty
Results Academics
Departments Academic Calendar

Job Oppurtunities

More results from dee.edu »

Fig 5.6: grouping of results from same domain
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Chapter 6

Conclusion and Future Work

Search engines with increasingly complex functiiesl and behavior are being developed. This
report presents an easy to use, flexible and sesmareh engine.

Our search results satisfy the security criteriavel$ as our requisite NLP and Q-A features:

(D)1t displays the credibility of Web sites asagonended by security companies and antivirus
firms.

(2) It represents the most voted information aldé in terms of social tagging and

(3) Image search result remains absolutely reketeatine query (NLP).

(4) Site recommendation put great impact on infdroma

(5) Impacted way to represent advertise on welphgsosed.

Thus our search engine provides not only the biasitures of matching the query will results
that any standard search engine provides but atsodes additional features like security, site

advisor and query search in images, video and atdio

However our system is not able to differentiateMaein queries like “Who is James Bond?” And
“Who was James Bond?” Merging of social tagginghvatatistical searching algorithm also
depend on user behavior so need of personalizegiarch behavior is there

Thus it is more than a search engine but a recordatiem engine.

Future work:

1. Merging of social ranking with statistical rankiagso depends on user specification
so the need of personalized search engine felt.
2. To develop proper ontology for purpose advice.
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. Sites which reports are not given by Mcafee, thamking not determined. It can be
secure or unsecure so can't predict.
. With image search NLP it can be apply on otherghivideo, books search.

5. Advertise websites are always detected as spaissitgeparate classification for this

type of site needed.
. Advertise can also be interactive that means oraddmdvertise.
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